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Abstract

This study extends the existing decision aid literature by examining the influence
of decision aid recommendations on users memories, decision processes, and judgments.
Existing research suggests that decision aids can be beneficial in avariety of settings.
Judgments or decisions, the outputs of the decision making process, are the focus of most
of the decision aid research. This study offers a more comprehensive investigation of the
impact of decision aids by examining both the outputs of the decision making process
and the inputs and processes that lead to judgment and decisiont making. An experiment
is conducted that examines the influence of decision aid recommendations on memory
patterns, search, cue usage, and judgments. Specifically, the study focuses on how
positive and negative decision aid recommendations and the timing of receipt of the
decision aid recommendation differentially affect these components of the decision
process.

The key findings of the research are: (1) decision aid recommendations create
strong affective responses that are encoded in memory and cause users to reconstruct
memories of financial data to be consistent with the affective response, (2) receiving a
decision aid recommendation at the start of atask creates a strong initial resporse that
acts as an initial hypothesis wherein users' subsequent information search patterns exhibit
aconfirming bias, (3) receiving a decision aid recommendation later in the task creates a
strong response that initiates professional skepticism and causes users subsequent
information search patterns to exhibit a disconfirming bias, (4) decision aid
recommendations influence the choice of information cues users believe to be important,
(5) decision aid recommendations exert influence on users' judgments, with the amount
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of influence diminishing as additional information is received, and (6) working memory
capacity is a determinant in the ability to recall financial information but does not
determine the extent of influence decision aid recommendations have on users. These
findings, when considered together, validate the need for a more complete examination of
how decision aids impact the entire decision-making process to identify potential
negative consequences in addition to proposed benefits. This research demonstrates that
task structure can be manipulated to mitigate certain undesirable consequences of

decision aid use.
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CHAPTER I

INTRODUCTION

Accounting firms implement decision aids to support decision making processes
because aids are immune to many human information-processing limitations. The
gereral ability of decision aids to outperform the judgment of unaided individuals has
been supported in avariety of tasks. Decision aids are particularly valuable in
environments where decision tasks involve heavy information loads or severe cognitive
burdens. In these environments, information integration demands increase and decision
quality typically decreases (Hwang and Lin 1999; Roch et al. 2000) because human
decision- makers are more prone to exhibit decision biases, rely on ssmple decision
heurigtics, or become overwhelmed by processing demands and make judgment errors.

To cope with increased information load, financial decision- makers may rely on
affective responses rather than the numerical dataitself (Kidaand Smith 1995).
Affective responses are summary positive or negative attitudes devel oped toward a set of
data. Affective responses to numerical data stored in long-term memory appear to be
relatively immune to high load environments, while memory for numerical data seems to
deteriorate rapidly as load increases (Roberts and Rose 2002). Research has shown that
financial decision makers use affective responses stored in memory as primary inputs to
decision-making (Kidaet a. 1998, 2001; Rose 2001). These studies demonstrate that
reliance on affective responses can lead to inferior decision outcomes. While affective

responses may be developed toward a set of data, research has also shown that affective



responses may be developed toward something periphera or unrelated to the data with
similar memory and decision consequences (Kida et al. 2001; Rose 2001).

Decisionmakersin high load situations are prone to rely heavily on affective
responses, and decision aids are often employed in high load environments where they
are most beneficial to users. While empirical evidence suggests that decision aids are
beneficial, a critical and unexplored issue concerns the potential for decision aids
themselves to create affective responses and how these affective responses affect user
memory and behavior. As decision aids are becoming widely available for alarge
assortment of tasks, it isimportant to understand their impact on decision makers.
Although numerous studies have examined how decision aids affect decision outcomes,
few have directly examined how decision aids affect users' judgment and decision
making processes. The lack of process studies makes it difficult to model decision
processes in aided environments or to understand the effects of decision aids on users and
decision outcomes.

The primary objective of the proposed research is to investigate the effects of
decision aids on their users by examining how decision aid recommendations are
incorporated into users decisionmaking processes. Specifically, this study will
investigate the effects of decision aid recommendations on users memories, searches for
information, cue usages, and judgments. Given that decision aids are often implemented
in environments where users may rely heavily on affective responses to data or peripheral
cues, it is expected that decision aid recommendations will create affective responses that
will be encoded in memory. Further, the affective responses created by aid
recommendations will affect users memory patterns, information search strategies, cue
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usages, and judgments in potentially nortoptimal ways. Finally, thisresearch posits that
the effects of aid recommendations on decision processes will be dependent upon the
timing of the decision aid’s recommendation. When the aid’s recommendation is
received early in the decision process, it is expected that information search patterns, cue
usage, and judgments will change. When the aid recommendation is received near the
end of the decision process, however, memory reconstruction effects are anticipated.

Results from this study will contribute to research of financial decision processes,
decision aids, and memory of financial data, and will extend the emerging literature
examining the effects of affective responses to data and peripheral cues on decision
making. The results of this study will be of interest to academics because the results
make it possible to model financial decision making processes in aided environments. In
addition to academic appeal, this study will be useful to practitioners because
understanding the effects of decision aids on decision processes is necessary for decision
aid designers and firms considering aid implementation. Aid designers need process data
to maximize the effectiveness of the aid, while minimizing potential biasing effects, and
aid implementers need to understand the potential biases and dysfunctional behavior that
aids may produce. The research will also contribute to the decision aid reliance literature.
Researchers have traditionally measured reliance by comparing decisions with aid advice.
When user decisions match aid recommendations, it has been assumed that aid users
relied on the decision aid. As Kachelmeier and Messier (1990) and Rose (2002) suggest,
agreement with the aid does not always trandate to reliance on the aid, and disagreement
does not necessarily indicate alack of reliance. Aid users may incorporate aid advice
into their decision process and still make decisions that do not conform to aid
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recommendations. The process measures employed in this study will make it possible to
examine how aid recommendations are used, irrespective of agreement between the
user’ s decision and the aid’ s advice. Further, by manipulating the timing of aid
recommendations, this study will demonstrate that the method used to measure reliance
will depend on the portion of the decision process that an aid affects. Lastly, the results
of the study will add to the literature on memory of financial data and the effect of
affective responses on decision-making through examination of the impact of decision

aid recommendations on memory and affective responses.



CHAPTER II

LITERATURE REVIEW AND HYPOTHESES DEVELOPMENT

Human Judgment and Decision-making

Numerous descriptions of the stages of decision-making exist (Beach and
Mitchell 1978; Libby 1981; Einhorn and Hogarth 1981), all of which entail information
processing evolving through three central stages: inputs, processing, and outputs (Libby
and Lewis 1977; Arnold 1997). Two primary inputs to decision making are
environmental information cues and memory contents. Processing includes the cognitive
decision processes individuals go through to arrive at an output. This includes problem
identification, hypothesis generation and evaluation, internal and external information
search, cue usage, changes to memory structures and schemas, attention, and strategy
(Bonner and Pennington 1991; Woffard and Goodwin 1990). Outputs are the decisions
or judgments made. Errors or bias in inputs and/or decision processes may adversely
affect outputs.

Individuals are falible in forming judgments and making decisions (Libby and
Lewis 1977), and they are prone to a variety of cognitive biases that may negatively
affect performance. While decision makers are generally good at selecting and coding
information, they are poor at integrating it (Dawes 1979; Libby 1981; Bazerman 1994;
Bonner and Pennington 1991) due to their limited ability to retain, retrieve, use, and
process information (Libby et al. 2001). They tend to be unreliable and inconsistent in
decision making, due to the influences of mood, subjective interpretations, and random
fluctuations in decisiont making (Bazerman 1994). They are rationally bounded with a
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tendency to satisfice and avoid cognitive effort through the use of heuristics (Libby and
Lewis 1977; Hogarth 1993; Kleinmuntz 1990; Todd and Benbasat 1994). While
heuristics can be efficient and effective, they can aso lead to sub-optimal performance.
These limitations and biases affect both experienced and inexperienced decision makers
alike (Smith and Kida 1991). In short, both inputs and cognitive factors are the basis for
individuals' less than optimal decision making.

To fully understand and improve judgment and decision-making, the underlying
decision processes involved and the variables affecting the processes must be examined
(Kadous 1996; Libby and Luft 1993; Sutton 1993). Svenson (1979) notes:

“Human decision-making cannot be understood smply by studying final

decisions. The perceptual, emotional, and cognitive processes which ultimately

lead to the choice of a decision aternative must also be studied if we want to gain
an adequate understanding of human decision making.”
Although outcomes may be the focus, the processes leading up to those outcomes
ultimately define the outcomes. While early judgment and decision making research
focused on inputs and outcomes (Kadous 1996), research is moving beyond treating the

processing stage as a “black box,” to examining the actual processes involved in getting

from inputs to outputs.

I nputs to Judgment and Decision-making
Two primary inputs to decisiont making are environmental information cues
(external information) and contents of memory (internal information). Task structure and

the nature of the environment dictate the relative usage of these two types of inputs to the



decision- making process. Additionally, individual characteristics determine the relative

influence of these inputs.

External Information

A traditional objective of accounting is supplying information to individuals that
is useful to decision-making. Improving accounting information based decisions may be
accomplished by improving the information set or increasing the ability of decision
makers to use the information provided (Libby and Lewis 1977). While individuals have
little control over the content of environmental information cues, they do exercise control
over the selection and integration of cues. A considerable amount of research has
examined the effect external information has on decision-making. Findings support that
decision-making is affected by the amount of information presented and the way
information is presented. Increasing the amount of information generally increases
integration demands and decreases decision making performance (Hwang and Lin 1999).
The way information is presented can have a significant impact on decision-making as
well (DeSanctis and Jarvenpaa 1989; Davis et a. 1987; Iselin 1989; Stone and Schkade
1991; Frownfelter-Lohrke 1998). Depending on task type, some presentation formats
allow performance improvements over other formats (e.g., tables versus graphs). While
existing research has examined how accounting information system (AlS) design can
mitigate the deleterious effects of increased amounts of information and improve
decision making through the presentation of external information, there are certain
situations where memory is the primary input to decision-making and research is

warranted here.



Memory

Unlike external information, individuals exercise considerable control over the
contents and organization of their memories. Individuals direct the choice of information
and the method of encoding that information into their memories. One line of research
examining the influence of memory on decision making explored memory organization
and memory content. Differences in the organization of memory lead to differencesin
recall ability (Frederick 1991). When there is a mis-match between task structure and
knowledge structures, performance ability in certain tasks and audit decisions suffers
(Nelson et al. 1995; Ricchiute 1992). Thus, the importance of memory organization on
decision processes is evident.

Memory content can affect decision making when memory is a primary input to
decision-making. Despite the availability of external information, decision makers often
rely on their memories for many decisions. Time pressure, costs of external search, the
routine nature of the task, or confidence in one's memory may cause decision makers to
forgo external information search and search for information solely from memory
(Hulland and Kleinmuntz 1994; Moeckel and Plumlee 1989). Because of the task
environment and the general overconfidence of decisionmakersin their often-inaccurate
memories, memory becomes a prime input to decision-making even when external search
can yield the data upon which memories are based. When memories are inputs to
decision- making, bias in those memories can affect the decision processes and the final

judgment in non-optimal ways.



Errors and bias in memory may exist for numerous reasons. Poor learning
environments and inadequate attention can introduce and intensify errors and bias in
memory. Another potential source of biasis the use of affective responses to data.
Affective responses are summary positive or negative attitudes devel oped toward a set of
numerical data. Supported by psychology research, Kida and Smith (1995) proposed that
memory traces for numerical data are relatively weak, hard to retrieve, and more easily
erased compared to affective responses to the data. Fuzzy processing preference theory
argues people have a natural cognitive habit to use global gist (affective responses) due to
the ease in processing and the reality that reasoning accuracy approaches that of verbatim
traces (Brainerd and Reyna 1993). Asindividuals are cognitive misers (Simon 1956), the
use of summary evaluations is one mechanism to reduce cognitive effort (Hulland and
Kleinmuntz 1994). Indeed, Kida and Smith’s review of the research in a variety of
disciplines indicates the extensive use of evaluative responses.

While this heuristic may prove useful and effective in many situations, it may
prove detrimental in others. Kidaet al. (1998) validated the differential encoding of
affective responses to numerical data. They found that affective responses to financial
data are more accurately recalled than are the data themselves. In addition, managers
often reconstructed their memories for financial data to match affective responses to the
data and made investment decisions influenced by affective responses. Rose (2001)
extended these findings to reveal that affective responses could be generated by
something unrelated to the data. He found that multimedia peripheral cues could cause
an affective response and influence memory patterns and investment decisions. Kida et
a. (2001) found that information related to other persons involved in the decision
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scenario generated affective responses that had an affect on decision choice. The result
of reliance on affective responses to data for decision-making is the potentia for sub-
optimal decision-making. Kidaet a. (1998, 2001) and Rose (2001) all demonstrated that
reliance on affective responses led to inferior investment decisions in certain decision

contexts.

Cognitive Processes in Judgment and Decision-making

To better understand decision- making and to overcome deficiencies in decision
making requires an examination of the decision processes in addition to the inputs and
outputs. As such, the focus of much judgment and decision making research ison
information processing. The current study focuses on two primary decision processes:
information search and cue usage, both important components in the judgment and

decision making process.

Information Search

Information search is an important component of judgment and decision making.
Information search strategies are related to search effectiveness and overall performance
(Cloyd 1995), and bias in search can lead to reduced performance levels. Failing to
consider al relevant information or halting search prematurely can negatively influence
performance. A wide body of literature has examined factors affecting search behavior.
The structure of the task, the task environment, individual factors, and interactions

between these three influence information search.
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Search behavior is affected by variations in presentation format (Svenson 1979;
Ford et a. 1989). For example, Stone and Schkade (1991) found linguistic formats led to
less compensatory search as compared to numerical formats. Swain and Haka (2000)
found that increases in information load aso affect search behavior, with the proportion
of information search reduced and the variability of search patterns increased.
Accountability and motivation factors have also been found to affect search strategies
(Leeetd. 1999).

Individual differences may aso affect search strategies. Both experience and
prior knowledge are associated with search behavior (Bedard et al. 1992; Hunton and
McEwen 1997; Bedard and Mock 1992; Bouwman et al. 1987; Bonner and Pennington
1991). Personality type of the decision maker (Kelliher 1990) and decision makers
problem solving strategies influence search (Moon and Keasey 1992). Less persistent
characteristics can also influence search. For example, an individual’s mood affects
his/her search strategies, with positive moods associated with more carefree and heuristic
styles and negative moods associated with more systematic and purposeful styles (Hirt et

al. 1997; Mittal and Ross 1998).

Cue Usage

Cue usage is another important part of judgment and decision-making. Both
proper information choice and information integration are necessary for optimal decision
making. Improper choice and/or mis-weighting of cues leads to poor performance.
Individuals are generally good at selecting and coding information, yet poor at combining
cues (Dawes 1979; Libby 1981; Bazerman 1994; Bonner and Pennington 1991). In fact,
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a genera inability to integrate information is a primary reason human judgment and
decision-making is often less than optimal.

A large body of research has examined how individuals combine information to
arrive at a decision, generally from one of three approaches: lens model, probabilistic
judgment, and cognitive style (Libby and Lewis 1977). Results of lens model studies
demonstrate that complex human decision processes can be accurately predicted and cue
usage estimated with simple linear models. Probabilistic studies, using Bayes' theorem,
reveal that decisionmakers use simplifying heuristics in information processing. Studies
on cognitive style show it to be an important moderating factor in human information
processing. Lens model and probabilistic studies only examine what cues people actually
use and how they actually integrate them, while neglecting why cues were selected.
Additionally, lens model studiesfail to consider attention and memory, assuming all
available cues are attended to (Birnberg and Shields 1984).

In sum, judgment and decision making suffers from a variety of cognitive biases.
These biases may arise due to the structure of the task, the nature of the environment, or
the characteristics of the decision-maker. Exploration of methods or techniques to
mitigate or overcome these biases and improve judgment and decisionmaking is

warranted.

Improving Individual Judgment and Decision-Making

A variety of strategies exist to improve decisiort making (Libby 1981; Bazerman
1994). Prior to determining how a deficiency may be corrected, it is first necessary to
identify the source of the deficiency (Bonner 1999). If the source of the deficiency isthe
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person, training may be beneficial if the decision maker lacks the knowledge and skills
needed for the task. Experience and expertise acquired on the job may also eliminate
deficiencies. Informing the individual of the potential bias has been suggested as a
means to improve judgment. However, research has shown this to be ineffective as
people continue to make biased decisions even when informed of their tendencies to do
so (Bazerman 1994; Kahneman and Tversky 1979). Similarly, a process of adjusting the
individual's intuitive predictionsin light of known biases that could be present has been
suggested (Kahneman and Tversky 1979). If the source of the deficiency isthe task or
the environment, changing the structure of the task or the environment may aleviate
some of the problems. The use of decision aids has been suggested as one potential

solution to deficiencies resulting from people and task structures.

Decision Aids

Decision aids have been recommended to support the decision making process
and help users overcome human information processing limitations and deficiencies
(Libby 1981; Messier 1995; Brown and Eining 1997; Krishnamoorthy et al. 1999;
Bonner et a. 1996). From simple linear models to sophisticated expert systems
employing artificial intelligence, decision aids can offer improvement to the decision
making process in tasks or environments where individuals have proven to perform at
lessthan optimal levels. Decision aids can provide assistance in many ways, from
imposing structure to the problem (Todd and Benbasat 1994), decomposing and
recombining the problem (Bonner et a. 1996), generating alternate hypotheses (Chu
1991), making a recommendation, or providing afinal solution (Kowalczyk and Wolfe
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1998). The superiority of models, even improper ones, over people in making predictions
has been widely supported, in both accounting and non-accounting settings (Hogarth
1993; Kleinmuntz 1990; Bell and Carcello 2000; Peterson and Pitz 1986; Whitecotten
1996; Hoch and Schkade 1996; Dawes 1979; Goldstein and Hogarth 1997).

In general, individuals' integration processes are well approximated by linear
models and people appear to rely on arelatively small subset of available data. Decision
aids may be able to correct for human inconsistency and the mis-weighting of cues that
contributes to poor performance (Libby 1981; Bazerman 1994). Decision aids are not
subject to many of the cognitive biases that individuals are, such as inconsistency, the
inappropriate use of heuristics, and the tendency to satisfice. For example, Butler (1985)
demonstrated a simple decision aid could help overcome the tendency to underweight or

ignore distribution information.

Types of Decision Aids

Gorry and Scott-Morton (1971) provide a classification of decision structure at
three levels. structured, semi- structured, and unstructured (Messier 1995). Decision aids
have been proposed at al three levels: deterministic decision aids at the structured level,
decision support systems at the semi-structured level, and expert systems at the
unstructured level. The user's input in the decision making process relative to the
decision aid's input increases from structured tasks to unstructured tasks.

Deterministic decision aids are the type most commonly studied (Rose 2002).
Examples include bankruptcy prediction and earnings forecast models. These regression
based models provide unbiased predictions based on inputs from a large set of positive

14



and negative test cases. Moving toward unstructured tasks, decision support systems and
expert systems increasingly become more intuitive, often using if-then and logic rules to
arrive at recommendations. Users should view the aid's recommendation as another input
into their decision-making processes. Even with deterministic decision aids, there exists
the potential for “broken leg” cues (Meehl 1954) -- variables relevant to the situation but
unaccounted for in the aid. The true strength of decision aids lies in the combination of
man and model (Kleinmuntz 1990; Arnold and Sutton 1997; Camerer and Johnson 1997;

Ashton and Willingham 1988).

Effects of Decision Aids

Decision aids may have both positive and negative consequences (Ashton and
Willingham 1988). In addition to improvement in decisions, use of decision aids may
improve learning (Eining and Dorr 1991; Rose 2002), although some studies question
this finding (Murphy 1990; Glover et al. 1997). Decision aids may also reduce cognitive
effort (Sutton 1993; Brown and Eining 1996), freeing up cognitive resources. Lowe and
Reckers (1997) found aids could focus auditor attention, reduce hindsight effects, and
increase the effectiveness of judgments. Aids can aso improve performance through task
structuring. For example, decision aids can assist in improving conditional probability
judgments through decomposing and aggregating the judgment and “matching” users
knowledge structures with task structures (Bonner et al. 1996), and can encourage
superior choice strategies (Todd and Benbasat 1994).

Decision aids may have unintended negative effects, with improvements in one
area at the expense of other areas (Bonner 1999). Ashton (1990) found the presence of
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decision aids in environments where performance incentives were employed seemed to
exert a pressure to perform that resulted in poorer performance. Performance suffered,
not because individuals relied or failed to rely on the aid, but merely because the aid was
present. Similarly, Boatsman et al. (1997) found the presence of an aid seemed to affect
user decisions in negative ways. In addition to ignoring the aid, they found purposeful
shifting away from the aid’s advice and an increasing instance of this when the
consequences of being wrong were increased. Kachalmeier and Messier (1990) found
evidence indicating that users sometimes “worked backwards.” Users expended
cognitive effort manipulating the inputs to the aid to arrive at their predetermined output,
appearing to have relied on the aid. Decision aids may also instill an unfounded
confidence. For example, Kotteman et a. (1994) found users of awhat-if analysis
decision aid exhibited higher confidence yet worse performance than non-users.

Others suggest that prolonged use of decision aids will have potentia long-term
negative effects such as less expertise, less advancement of the profession, and a de-
skilling of accounting professionals (Sutton 1993; Arnold and Sutton 1998). Arnold and
Sutton (1998) note that in situations of high task complexity and low user task
experience, the aid may become the primary basis, or even the sole basis, for the fina
decision. This subjugation may have consequences beyond the current relegation of
decisonsto theaid. They posit that it could lead to a generation of professionals unable
to perform basic tasks due to the dominance of the technology used from the beginning of

their careers.
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Decision Aid Reliance

Despite the proven performance superiority of decision aids over individualsin
many tasks, there is a general tendency to avoid relying on the aid (Rose 2002).

However, reliance is a key determinant of a decision aid's success (Whitecotten 1996).
Generdly, increased reliance leads to performance improvements, although there is the
chance the aid does not take into account all relevant information. A large amount of
research has examined factors affecting reliance (Rose 2002). For example, face validity,
involvement in the aid’ s development, and prior experience with the aid increased
reliance (Brown and Eining 1997; Whitecotten and Butler 1998; Whitecotten 1996),
while revealing the algorithm and decision framing had no effect on reliance (Brown and
Jones 1998). Asusers confidence in their abilities increase, reliance decreases
(Whitecotten 1996; Arnold and Sutton 1998) and reliance may decrease when
performance pressures are present (Ashton 1990; Boatsman et al. 1997).

A common bond among decision aid reliance studies is the measurement of
reliance. Reliance is generally measured as agreement with the aid. However, agreement
with the aid may indicate something other than reliance, such as circumventing the aid, or
“working backward,” as found by Kachalmeier and Messier (1990). Reliance, as
measured in these studies, does not necessarily capture whether the user relied on the aid
nor whether they adopted the aid's recommendation in any capacity outside the final
decison. This lack of process information leaves a void in understanding the complete

influence decision aids have on users.
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While this shortcoming has been widely noted, little has been done to address it
(Rose 2002; Brown and Eining 1997; Whitecotten and Butler 1998). The influence
decision aids may have on the decision making process goes beyond the final outcome or
decision made. The decision aid may have an effect on the decision processes employed
without being manifested in the outcome. In other words, users may incorporate the aid
into their decision processes but may not agree with the aid. The lack of an underlying
theory or explanation of decision aid reliance is one indication of the need for additional
research in the area. While models do exist (Brown and Jones 1998; Arnold and Sutton
1998), they do not fit into a cohesive overall model. Before such an endeavor can be
realized, it will be necessary to more fully understand the decision processes influenced

by the aid and determine how to appropriately measure reliance (Rose 2002).

Summary

While numerous studies have examined how decision aids affect decision
outcomes and users behaviors toward the task, few have directly examined how decision
aids affect users decision processes (Brown and Eining 1997). The lack of process
studies makes it impossible to model decision processes in aided environments or to fully
understand the effects of decision aids on users and decision outcomes. While research
has provided both positive and negative support for decision aids, other potential
consequences have yet to be examined. One unexplored possibility isif and how
decision aids may affect the inputs to decisionrmaking, particularly the user’s memory.
In addition, other decision processes possibly affected by the aid, such asinformation
search, have yet to be considered. It is possible that decision aids implemented to help
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overcome deficiencies in certain decision processes may themselves be the cause of

errors and bias in inputs and other decision processes.

Information and Cognitive L oad

Certain tasks and environments tend to exacerbate the limitations and biases
inherent in individual decisiornt making. Complexity Theory (Streufert and Castore 1971)
proposes two kinds of complexity that have the potential to affect behavior: individual
differences in conceptual structure and environmental complexity. Inaddition to the
content of information, environmental complexity includes the amount of information, or
information load. Information processing involves combining and integrating
informational cues. This process requires the use of working memory -- the "workspace"
within memory, which is separate from long-term memory and responsible for temporary
storage and information processing (Newel and Simon 1972; Baddeley 1992; Richardson
1996). Asworking memory isvery limited in size (Miller 1956; Baddeley 1992), an
individual can only handle a limited amount of information at any one time.

Schick et a. (1990) define information load as a function of user attention and
time pressure rather than the amount of information provided. This description fits the
definition of asimilar construct: cognitive load. Cognitive load refers to the burden
placed on working memory when completing atask (Sweller 1999). Reductions in the
amount of working memory available for processing information due to cognitive load
should have the same effect as overloading working memory with information.

Due to human limitations, increases in information or cognitive load can have
deleterious effects on an already imperfect setting (Kanaan 1993). Increasesin
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information load decrease decision quality (Chervany and Dickson 1974; Iselin 1993;
Shields 1983; Helgeson and Ursic 1993; Hwang and Lin 1999), increase time spent on
the task (Casey 1980; Iselin 1989; Iselin 1990; Helgeson and Ursic 1993), decrease
information processing ability (Simnett 1996), and affect search strategies (Shields 1980;
Ford et al. 1989). Increased information load also decreases search (Streufert et al. 1965;
Swain and Haka 2000), increases search variability (Cook 1993; Shields 1980; Swain and
Haka 2000), and causes one to shift from compensatory to non-compensatory search
strategies (Swain and Haka 2000; Cook 1993).

As proposed by Kida and Smith (1995), Roberts and Rose (2002) examined
whether increased information load resulted in greater reliance on affective responses.
Their results suggest that memories for numerical values rapidly disappear as information
load increases, while affective responses appear to be essentially immune to increases in
load. Similar to Hulland and Kleinmuntz (1994), who found that increased search costs
lead to greater reliance on summary evaluations, decision makers may rely on affective
responses rather than the numerical data itself to cope with increased information load.

Cognitive load has not been as widely examined but appears to have a similar
effect. Results support the notion that cognitive load consumes an individual’ s working
memory (Sweller 1999). Increased cognitive |load can be detrimental to learning (Sweller
1999; Baddeley et a. 1984), lead to a greater reliance on stereotypes, cause a greater
instance of anchoring, and lead to an increased inability to adequately adjust from an
initial anchor (Roch et al. 2000). Speier et a. (1999) found interruptions in complex

tasks, aform of cognitive load, decreased performance and increased decision time.
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Roberts and Rose's (2002) initial findings suggest that increased cognitive loads also lead
to increased reliance on affective responses.

Research has explored techniques to overcome the negative effects of increased
load. Numerous studies have found presentation format to minimize negative effects of
information overload (Bergstrom and Stoll 1990; Chervany and Dickson 1974; Stone and
Schkade 1991; Stocks and Tuttle 1998). Increased involvement may also overcome some
of the effects of increased information (Hahn et al. 1992). Others have suggested that
one can learn to process higher loads through task learning (Iselin 1989), training
(Harvey et a. 1961; Schroder et al. 1967), or improved ways of thinking (Schick et al.
1990). However, the use of decision aidsis particularly appealing.

It is precisely in high load situations where decision aids may be of greatest
assistance and benefit (Gadenne and Iselin 2000). Asload increases, individual
performance tends to decrease. Decision aids are designed to reduce cognitive burdens
and perform tasks that are difficult for individuals. As aresult, decision aids should be
able to offer the most improvement in high load environments and are often employed in
these environments. However, these situations may also be where individuals are prone
to rely on affective responses. The possibility exists for the decision aid itself to have
unintended negative consequences due to the very environment which promotes its use.
An unexplored issue concerns the potential for the decision aid to create a strong

affective response that affects user memory and behavior.
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Effect of Decision Aid Recommendations on Decision-making

While Kida et a. (1998) found affective responses resulted from numerical data,
there are other potential sources of affective responses. Petty and Cacioppo’s (1986)
Elaboration Likelihood Model posits that persuasion may come from actual data or from
“peripheral” cues outside the data. For decision-makers inexperienced in a task,
peripheral cues are often the basis of the attitude toward the message more so than is the
actual data. Based on Petty and Cacioppo’s model, Rose (2001) examined the effect of
multimedia financial disclosures on affect. He found decisi on- makers were affected by
peripheral multimedia, unrelated to and even inconsistent with the numerical data.
Despite the financial data clearly indicating the superiority of alternate choices, subjects
reconstructed memories of financial data to match the media-induced affective response
and made investment choices consistent with affective responses to the multimedia. Kida
et a. (2001) demonstrated managers tendency to reject decision alternatives that elicited
a negative affective response (based on something unrelated to the financial data) even
though the alternatives had higher expected values in a financial sense.

While Kida and Smith (1995) suggest decision aids as one way of combating the
prevalence of affect and directing decision makers to focus on the numerical data,
perhaps the decision aid itself may be the cause of an affective response. Thisis
especially likely because of the tendency to employ decision aids in high load situations,
and high load situations lead to increased reliance on affective responses. Just as data
and peripheral cues can lead to creating an affective response that is used in decision
making, the decision aid recommendation itself may cause an affective response. Indeed,
the deterministic aids essentially take a number of cues and arrive a an overall
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evauative, or affective, response. The implication is that decision aids may create a
strong response that does not take into account all relevant cues and may conflict with an
optimal evaluation of the available data.

It is expected that decision-makers will form an affective response based on the
aid recommendation. Consistent with the findings of Kida et al. (1998; 2001) and Rose
(2001), the affective response generated by the aid recommendation is expected to be
stronger than the numerical data. The affective response will dominate judgments even
when it is inconsistent with the numerical data. Decision makers will encode the
affective response in memory, reconstruct memories for financial data to match the
affective response, and use the affective response as an input in their decision making
processes. When numerical data indicate an evaluative response inconsistent with the
decision aid recommendation, it is expected the affective response generated by the aid
recommendation will influence the user and subsequent decision processes. Individual
and task differences will moderate the effect the affective responses will have on users
decision processes. Figure 1 presents the model depicting the relevant constructs and

expectations (al figures and tables are located in the Appendix).

Effect of Decison Aid Recommendations on Memory

Prior research in psychology of mood and memory has focused on learning and
recall. Mood can cause selective learning, or mood-congruent learning, with greater
encoding of information matching the mood of the individua at the time of exposure
(Bower 1981; Bower et al. 1981; Isen 1984). Bower (1981) notes that mood has been
found to affect the salience of mood-congruous material. In recall, positive moods result
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in greater retrieval of positive cues relative to negative cues and vice versa (Sinclair
1988; Isen 1984; Petty et al. 1993). Kidaand Smith’s (1995) model proposes that
affective responses to financial data are more persistent in memory than are the financia
data themselves and may act as a mood state facilitating mood-congruent recall. Kida et
al. (1998, 2001) and Rose (2001) provide support for this proposition. It is expected that
the decision aid recommendation will create an affective response. AsinKidaet al.
(1998) and Rose (2001), the affective response, rather than the numerical data, will be
encoded in memory and will cause memories for the numerical data to be reconstructed
to match the affective response. This leads to the first hypothesis:

H1: Decision-makers using a decision aid will reconstruct memory for financial
data to match the affective response induced by the aid recommendation.

Effect of Decision Aid Recommendations on I nformation Search and Cue Usage
Degspite the extensive number of studies examining search behavior, no one model
explaining the role of information search in decision-making has emerged. This current
study extends information search research by exploring the role of decision aidson
search behavior. While decision aids have been suggested to provide direction to
information search (Bouwman et a. 1987), unintended consequences might arise from
their use. Additionaly, the study will extend research on cue usage focusing on the
effects of task structure on cue usage and exploring why individuals choose specific cues.
Specifically, this study will investigate the effects of a decision aid recommendation on
cue selection and integration. The decision aid recommendation itself may influence

information search and cue usage. Two literatures provide support for this hypothesis.
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Research in psychology suggests moods have an effect on decision processes. As
previoudly discussed, affective responses to data are a form of mood state. If the decision
aid recommendation induces an affective response, this affective response can affect
decision processes. Research in accounting suggests individuals tend to seek to confirm
their initial hypothesis (Klayman and Ha 1987; Danos et a. 1989). The affective
response generated by the decision aid recommendation may be the basis for the initia

hypothesis, with users then exhibiting confirmatory behavior.

Effect of Mood on Decision Processes

There isalong record of research in psychology on the effects of mood (a.k.a
affect) on decision processes. Mood is defined as feelings or emotions. This research
finds evidence that mood can have powerful effects on the cognitive processes and
performance of individuals and that changes in mood affect subjects processing
strategies (Hirt et a. 1997; Bower 1981). While there is general agreement that decision
making does not follow rational patterns as prescribed by normative models, Etzioni
(1988) additionally argues that most choices are of an emotional and affective nature to
the exclusion of true information processing, and logical and empirical cues are
themselves really manifestations of affective responses when used. Other research on
affect shows that different affective states can lead to differential problem solving
strategies and information processing. Tenopir et a. (1991) found search strategies
differed according to the searcher’s affective goals in a search task involving searching a

database of online magazines with novice searchers.
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While Kida and Smith’s (1995) model defines affect as an evaluative form in
response to data rather than as an individual's emotion or feeling state, Rose (2001)
provides support that this type of affect maps into the notion of affect used in psychology.
His results found affective responses encoded in memory and used as inputs to financia
decision- making could be driven by something totally unrelated to the data. He found
that affect induced by peripheral cues, specifically, happy and sad multimedia video
clips, led to affective response driven decision-making. Along the sameline, Kida et al.
(2001) demonstrated that affective responses could be generated by information about the

participants in a task.

Confirmation Bias

Accounting research provides evidence that individuals tend to seek evidence that
supports their initial hypothesis (Klayman and Ha 1987; Danos et al. 1989). Despite the
scientific advantage of seeking disconfirming evidence to test a hypothesis, people are
prone to selectively remember information consistent with the hypothesis (Harris 1981).
While evidence against confirmation bias exists in accounting and auditing settings
(Ashton and Ashton 1988; Arnold 1997; Church 1990; Kida 1984; Smith and Kida 1991),
findings suggest that novices are more prone to confirmation bias (Bonner and
Pennington 1991; Kaplan and Reckers 1989). This providesinitial support for the notion
that novice decisionmakers, the individuals likely to be assisted by deterministic
decision aids, would exhibit a confirmation bias.

What is unclear is whether the decision aid recommendation provides an initial
hypothesis different from what would exist in the absence of an aid. However, research

26



provides support for this argument. Dukerich and Nichols (1991) found search affected
by the implication of a single cause in the problem description. Just as an explanation of
a hypothetical outcome makes that outcome appear more likely to occur in the future
(Sherman et al. 1983), Swinney (1993, 1995) found that negative expert system
explanations caused users to perceive greater likelihood that an event would occur. Hoch
and Schkade's (1996) results provide support that providing a decision aid may allow
decision- makers to form an initial anchor. Finally, Kowalczyk and Wolfe (1998) found
that an expert system recommendation did cause an anchor effect that persisted evenin
light of contrary evidence.

When the affective response generated by the aid recommendation is stronger
than the numerical data, the decision aid recommendation becomes the basis for the
initial anchor. As previous research suggests, initial belief may affect search strategy
with the tendency to confirm. For the same reason, the choice of information (cue usage)
will be consistent with the initial hypothesis. This leads to the second hypothesis:

H2: Decision-makers using adecision aid will exhibit search patterns and cue
usage patterns influenced by the decision aid recommendation.

H2a: Decisionmakers using a decision aid will search more positive
(negative) information when the decision aid's recommendation is positive
(negative).

H2b: Decision makers using a decision aid will rank positive (negative)

information cues as more important than negative (positive) cues when the
aid's recommendation is positive (negative).
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Timing of the Decision Aid Recommendation

A decision aid may be introduced into the decision making process at any point
prior to final judgment. The effect on the decision processes and behavior of the user can
be expected to vary dependent on when the aid recommendation is received. Itis
expected that providing aid recommendations early in the decision- making process will
subsequently affect search and cue usage, but will not cause memory reconstruction. By
providing or influencing the formation of an initial anchor, the aid recommendation will
bias subsequent behavior. Confirmation bias will affect search and cue usage. However,
memory cannot be altered because no memory traces exist at this point.

On the other hand, receiving the recommendation late in the decision making
process is expected to affect memory and cause reconstruction effects, but not decision
processes. When the aid recommendation creates a strong affective response, the aid
recommendation is expected to cause an affective response that is more durable than
previous memory traces, essentially overriding any existing memory traces. Dueto its
greater ease in retrieval, this affective response will be retrieved from memory, with users
reconstructing memories to match the aid recommendation induced affective response.
However, providing the aid at the end of the decision-making process leaves no
opportunity for the aid to influence search or cue usage. This |leads to the third
hypothesis:

H3: Thetime at which the decision aid's recommendation is introduced will affect

the level of influence the decision aid recommendation has on the decision
maker’s memory and cognitive processes.
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H3a: Decision makers receiving the decision aid’ s recommendation early
inthe decision- making process will exhibit less memory reconstruction
effects than those receiving the aid’ s recommendation late in the decision
making process.

H3b: Decision makers receiving the decision aid’ s recommendation early
in the decision- making process will exhibit search patterns different from
those receiving the aid’s recommendation late in the decision making
process.

H3c: Decision makers receiving the decision aid's recommendation early
in the decision- making process will exhibit cue usage patterns different

from those receiving the aid’s recommendation late in the decision
making process.

Effect of Decision Aid Recommendations on Final Judgment

The literature on anchoring and adjustment has established that people are prone
to adopt an initial anchor and make adjustments to the anchor to arrive at a decision.
These adjustments, however, tend to be insufficient, and final decisions are biased toward
the initial anchor even in light of overwhelming evidence contrary to that which caused
the initial anchor (Tversky and Kahneman 1974; Smith and Kida 1991; Ashton and
Ashton 1988; Arnold 1997). Anderson et al. (1980) found that subjects failed to make
appropriate revisions to their beliefs even after the initial evidence leading to individuals
beliefs were totally discredited; this occurred even when the evidence leading to the
initial belief was weak at best. Thus, decisions are often a function of the first
information encountered (Arnold 1997), whether or not that first information is valid.

How and where individuals actually set their initial anchor can vary. Decision aid
design has been proposed to mitigate the negative effects of anchoring and adjustment

(Arnold and Sutton 1997). However, as noted above, limited research suggests that the
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decision aid recommendation, by providing a solution or recommendation, may influence
or create theinitial anchor (Hoch and Schkade 1996; Swinney 1993, 1995; Kowalczyk
and Wolfe 1998).

The decision aid recommendation is expected to provide an initial hypothesis or
anchor. Thisis expected to lead to confirmatory search and cue usage as well as biasin
memory. This direct influence on the decision processes will indirectly affect the
outcome, the final judgment. The user's fina judgment is expected to adhere closer to the
aid recommendation than would be expected in the absence of an aid. Adjustments from
the anchor will not be sufficient with the final judgment biased toward the aid- influenced
anchor. This leads to the fourth hypothesis:

H4: Decision-makers using a decision aid will reach more positive (negative)
fina judgments when the aid's recommendation is positive (negative).

Effect of Working Memory Capacity on Memory and Decision Processes

In judgment and decision making research, individual differences can affect
decision-making. For example, cognitive styles have been found to be an important
determinant of decision making (Chan 1995). Individuals differ in their cognitive make-
up in numerous ways. One individual difference that should moderate the relationship
between aid recommendations and decision processes is working memory capacity.
Working memory is the construct that refers to the system underlying the maintenance of
task-relevant information during the performance of a cognitive task (Miyake and Shah
1999). It isthe “workspace” within memory, separate from long-term memory,

responsible for temporary storage and information processing (Newel and Simon 1972;



Baddeley 1992; Richardson 1996). A variety of models have been proposed to articulate
the conceptual structure of working memory within human memory (Miyake and Shah
1999). Genera agreement among these models is that working memory is of very
limited capacity, this limited capacity is central to the limitations individuals encounter in
information processing, and individuals differ in their working memory capacities (Miller
1956; Baddeley 1992; Engle 1996).

In cognitive psychology, individual differences in working memory capacities
have received a great deal of attention (Klein and Fiss 1999). Working memory capacity
isareatively stable individual difference that is related to performance on a variety of
cognitive tasks (Klein and Fiss 1999; Baddeley 1992; Anderson 1995; Engle 1996). For
example, individuals with higher working memory capacities have better global
comprehension, better memory for specific details, are better at following directions
(Engle 1996), make optional elaborative inferences (St. George et a. 1997), and are
better at suppressing and enhancing responses (Rosen 1996; Rosen and Engle 1998).

Research examining working memory capacity’s effect on memory primarily
examine encoding and retrieval. Encoding and retrieval appear to require resources
under the participant's control (NavehBenjamin et a. 2000; Conway and Engle 1994).
Constraints on working memory capacity or controlled attention, caused by either
individual differencesin capacity or by the addition of cognitive load, profoundly
influence retrieval (Baddeley et al. 1984; Rosen and Engle 1997). In general, subjects
with greater working memory capacities have more attentional resources to draw upon

than do subjects with lower capacities, independent of the task involved (Conway and
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Engle 1996). Therefore, differencesin working memory capacities may result in
differential effects on tasks requiring memory.

Working memory's limited capacity restricts the amount of data that can be
considered simultaneously (Libby 1981), and poor integration performance is often due
to limits in working memory capacity. St. George et al.’s (1997) results regarding
elaborative inferences suggest that limited working memory hinders activities requiring
the combination of cues both current and prior. Based on Just and Carpenter’s (1992)
Capacity Constrained Comprehension model, limits in the working memory capacity of
individuals hinder the ability to make necessary inferences in reading.

While St. George et al.’ s results are based on reading tasks, their findings reflect
outcomes that can be expected in financia data analysistasks. In fact, Kidaand Smith
(1995) suggest that individuas' limited working memory capacities may be a cause of the
tendency to rely on affect. Individuals may rely on summary evaluations in an attempt to
conserve limited cognitive resources (Hulland and Kleinmuntz 1994). If individuals with
low working memory capacities rely more on affect, then the affective response created
by a decision aid’s recommendation can be expected to exert more influence on users
with lower working memory capacities.

Essentially no research in accounting has examined the construct of working
memory, despite its intuitive and theoretical appeal. Preliminary results of one study
found that decision-makers working memory capacities were determinants of their
abilities to recall numerical data (Roberts and Rose 2002). Subjects with higher working
memory capacities were able to recall significantly more numerical data than were
subjects with lower working memory capacities. Interestingly, working memory capacity
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was not significant in recall of affective responses, suggesting that the memory

mechanisms for storing and retrieving affect are less sensitive to working memory

capacity than they are to other memory mechanisms. This leads to the fifth hypothesis:
H5: Decision-makers working memory capacities will be negatively associated
with the amount of influence the decision aid has on their decision making

Processes.

H5a: There will be a negative association between decisionmakers
working memory capacity and memory reconstruction effects.

H5b: There will be a negative association between decision makers

working memory capacity and the influence of aid recommendations on
judgments.

Summary

In summary, individuals may perform poorly when forming judgments and
making decisions for a number of reasons. Poor inputs and/or poor processing are
potential causes for poor decisionrmaking. Decision aids may help overcome poor
integration ability and are especially helpful in environments where decision tasks
involve heavy information and cognitive loads. Indeed, decision aids can outperform
people in many predictive tasks. However, in high load environments, people tend to
rely on affective responses rather than numerical data. Thereis agreat potentia for
decision aids to create affective responses and influence users memory and behavior.
The lack of process information in current studies has resulted in afailure to depict if and
how the decision aid is actually incorporated into the users’ decision making process.
Understanding the true impact of the decision aid on users decision processesis

necessary to model financial decision-making processes in aided environments. Further,



modeling the decision process in aided environments is essential to appropriate decision
aid design and implementation.

It is expected that decision aid recommendations will create affective responses
that will be encoded in memory and will affect users memory patterns, information
search strategies, cue usage, and judgments. Further, it is expected that these effects will
be dependent upon the timing of the aid recommendation. When theaid's
recommendation is received early in the decision process, it is expected that information
search patterns, cue usage, and judgments will change. When the aid recommendation is
received near the end of the decision process, however, memory reconstruction effects

are expected. Figure 2 depicts the operational model and lists the hypotheses to be tested.



CHAPTERII11

RESEARCH METHOD

Experiment Objective

Two experiments were conducted to investigate how decision aid
recommendations are incorporated into users decision making processes. Specifically,
the study focuses on the effect of decision aid recommendations on users memories,
information searches, cue usages, and judgments. Further, the effect of the timing of the

decision aid recommendation on these decision processes is examined.

Experimental Task

The experimental task is an assessment of the likelihood of future financial
problems for a firm (adapted from Kida et a. (1998)). The task involves examining a set
of 14 financia statement ratios with prior year or industry comparative data. Subjects
also examine a decision aid recommendation (except for a control group) and search
additional information based on a subject-chosen subset of the financia ratios.
Likelihood assessments of this nature are made in a variety of settings, from investment
analysis to going-concern evaluations in auditing. Therefore, results may be
generalizable to severa tasks and environments rather than limited to a highly specific
Setting.

The analysis of financia ratios employed in this task is used in numerous settings,
from fundamental analysisto analytical review procedures. While there are no
authoritative mandates on the approach to analytical review procedures, SSARS No. 1
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and SAS No. 23 both provide some direction on approaching the procedure, including
comparison of current amounts with prior periods and industry-similar amounts
(Mancuso 1992). Likewise, the availability and use of a decision aid in this type of
environment and for this type of task is plausible. Decision aid usein practiceis
widespread (Ashton and Willingham 1988; Rose 2002). Audit programs, checklists,
sample size formulas, and expert systems are afew of the decision aids auditors employ.
Investment analysts use decision aids such as spreadsheets and regression models. The
task, the information set, and the subjects (discussed next) fit well with the environment

the study is emulating, the use of a decision aid in a deterministic task by novices.

Subjects

For experiment one, subjects were junior and senior accounting students enrolled
in an accounting information systems course at the University of Tennessee in the Fall of
2001 who had the required background in financial statement analysis. For experiment
two, subjects were University of Tennessee students enrolled in an undergraduate
auditing class, Masters of Accounting students at the University of Tennessee and
Appalachian State University, and MBA students at Appalachian State University and
Sedttle Pacific University.

Student subjects are preferred for two primary reasons. First, the subject of
interest is a novice financial decisionmaker in a high information load environment.
Students have experience levels more closely matched to the experience levels of novice
financial decisionmakers than would professionals. While newly hired financial analysts
might be preferable to students, students provide a convenient sample. In addition, the
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majority of subjects reported having accounting work experience of at least one year,
suggesting they are reasonable surrogates for novice financial decision makers. Second,
experience and prior knowledge has been shown to affect decision aid use, search
strategies and search effectiveness, and the ability to handle large information loads
(Cloyd 1995; Spilker 1995; Salterio 1996; Spilker and Prawitt 1997; Hunton and
McEwen 1997; Iselin 1996). Further, Moeckel (1990) found experienced subjects tended
to reconstruct more from prior memories held in their long-term memory but found no
reconstruction effects with novices. Therefore, the use of students also acts as a control
by providing arelatively homogenous subject pool in terms of prior knowledge
differences and experience.

To motivate effort during the task, subjects participated as a class exercise with
course credit assigned for successful completion of the exercise. Further, subjects were
told that monetary awardswould be distributed to those performing in the top ten
percentile. While performance was based on a particular aspect of the task (the memory
task), subjects were not told the details of the performance-based compensation in order
to promote effort during all phases of the experiment. To further motivate effort, subjects
were told that another ten percent of subjects successfully completing the experiment

would be randomly chosen to receive monetary awards.

Pilot Tests

Pilot tests were conducted to ensure the appropriateness of the task and
experimental materials. Five accounting doctoral students and 15 undergraduate
accounting students from the University of Tennessee participated in the pilot test.
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Subjects were paid a base amount for completing the pilot instrument and were further
motivated by additional performance-based compensation to top performers.

The ratio set used was adapted from the second experiment in Kida et a. (1998).
The ratios used in Kida et al. were constructed to cause a strong overall unfavorable
evauation of the firm. The design of this study requires an overall neutral data set, with
half of the ratios conveying moderately unfavorable impressions and half conveying
moderately favorable impressions. As such, the firm and comparative ratio values were
changed dlightly to achieve an overall neutral reaction. Results of the pilot test confirmed
that the intended effect was achieved.

Pilot tests also provided support that the additional information provided in the
search procedure met three criteria: 1) subjects believed that the additional information
added value to the assessment judgment, thus motivating search; 2) the additional
information did not direct subsequent search choices; and 3) the additional information
was of the same relative affective nature as the financial ratios alone. Comprehension of

the decision aid recommendation and face validity of the decision aid were aso validated.

Experimental Procedures

The study consists of two separate experiments. Experiment one assesses the
effect of decision aids on users memories, cue usages, and judgments (but not search).
Experiment two is identical to experiment one except for the addition of search. The
inclusion of search in experiment two introduces the possibility that results found for
memory reconstruction and judgments may be due to differences in search patterns rather
than the direct influence of the aid. Therefore, experiment one’s primary purpose isto
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provide support for hypotheses one and four and rule out aternate hypotheses related to
the effect that search may have on memories and judgments. Additionally, experiment

one ensures the validity of the experimental materials used in experiment two.

Experiment One

For experiment one, subjects completed the experiment in their normal classroom
under the supervision of the experimenter. A series of seven envelopes containing the
various parts of the instrument were presented in atimed and sequential manner. Each
part of the experiment was timed to allow adequate time to complete the task and
eliminate the possibility that effects were due to differences in the time taken to complete
the exercise.

The instrument consists of basic introductory information, a set of 14 financial
ratios with comparative prior year or industry average information, a decision aid
recommendation, a place to indicate likelihood assessments, demographic questions and
manipulation checks, a memory reconstruction task, and a task to measure working
memory capacity.

The experimental procedures followed one of two sequences as depicted in Figure
3. Timing of the aid recommendation, early or late, was crossed with one of two types of
decision aid recommendation, positive or negative, yielding a2 x 2 between subjects
design. Subjects were randomly assigned to one of the four experimental treatments.
The materials in each sequence are identical, only the ordering is varied. Therefore, only

the late introduction sequence is described.
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Subjects were given a brief verbal description of the exercise they would be
completing after receiving a paper-clipped stack of seven numbered envel opes containing
the sequenced experimental materials. Subjects were then directed to open the first
envel ope containing introductory instructions explaining the nature of the task. Sufficient
time was given to read the instructions.

Upon returning the instructions to envelope one, subjects opened envel ope two.
Envelope two contained a set of 14 current year financial ratios with comparative
information, either the prior year’s ratio for the firm or the industry average ratio value.
Subjects were allowed ten minutes to scrutinize the data. They were not allowed to move
on to the next envelope before the ten minutes expired. This was done to allow adequate
consideration of the information and effort toward the task. The financia ratios used are
adapted from Kidaet al.’s (1998) second experiment and are constructed to yield an
overall neutral evaluation of the firm. To insure correct interpretation of the ratios given,
a supplementary sheet containing a brief description of what each ratio indicates and how
each ratio is calculated was provided. A primary purpose of the ratio analysis phase was
to alow subjects the opportunity to encode into memory information about the firm,
allowing tests of the influence of affective responses on memories and judgments.

At the end of the ten minutes, subjects returned the materials to envelope two and
were instructed to open envelope three. Envelope three provided a place for subjects to
enter their likelihood assessments and indicate their levels of confidence in their
judgments.

Once all assessments had been recorded and returned to envelope three, subjects
opened envelope four containing an explanation of the decision aid and the
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recommendation given by the aid. The aid is described as a regression model devel oped
with ratio data from a large number of firms (some of which had experienced financial
problems and some of which had not). Further, the aid is said to use a subset of the 14
ratios asitsinput. Thisis done to emulate a situation where the decision aid is just one of
other cues to be used to arrive at a judgment. Manipulation of the type of decision aid
recommendation (positive or negative), while holding the numerical data constant, allows
examination and hypothesis testing of the effect that the recommendation has on users
memories and judgments. As such, the aid recommendation provided is not truly the
output of avalid regression model. The form of the decision aid recommendation is an
indication of the likelihood the firm will experience financial problems within the
foreseeabl e future with three possibilities: a LOW, MEDIUM, or HIGH likelihood.
Subjects in the positive aid recommendation treatments received a LOW likelihood
probability, while subjects in the negative aid treatments received a HIGH likelihood
probability. Historical prediction accuracy is provided to offer face vaidity to the aid.

Subjects returned the decision aid information to envel ope four and opened
envelope five. Envelope five provided a place for subjects to record their final likelihood
assessments and indicate their levels of confidence in their assessments. The materials
were returned to envel ope five and subjects thenopened and completed a series of
demographic questions and manipulation checks contained in envelope six.

Upon returning the materials to envelope six, subjects completed a task designed
to capture their working memory capacities. The operation-word spantask (derived from
LaPointe and Engle (1990)), used extensively in psychology research, is a well-accepted
measure of an individual’s working memory. Span tasks are designed to resemble the
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working memory demands during the performance of complex cognitive tasks by placing
simultaneous demands on both processing and storage (Miyake and Shah 1999).
Measures captured here are used to test hypothesis five. Designed for individual
administration, the operation-word span task was adapted for administration to alarge
group. The group administration is discussed with deviations from single-person
administration noted in parentheses. The task consists of a series of smple arithmetic
operations with an answer followed by a one-syllable word, such as “(4x3)+1=14 sword.”
Each operation and accompanying word is presented simultaneously one operation-word
pair at atime on an overhead projector for a short period of time (rather than on an
individual’s computer screen). Subjects indicate whether the answer following the
operation is correct or incorrect in a booklet and then attempt to remember the word
following the operation (rather than verbally expressing the correctness of the operation
and saying the word out loud). After abrief interval, the experimenter moves on to the
next operationword pair. After varying sets of two to seven operations, a question mark
appears on the screen prompting subjects to write down as many of the words from the
previous set as they can remember. Three sequences of each set size are presented in
random order. Approximately half the operations are correct; half are incorrect.

The task is scored to achieve two span scores. a set-size memory score and a total
memory span. Set-size memory is the maximum set size where the subject correctly
recalled all the words in two out of the three times that set size was presented. Total
memory span is the sum of the number of correctly recalled words recalled in any order.

Words are deemed correctly recalled only when the associated operation is correctly
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indicated as being correct or incorrect, keeping subjects from focusing entirely on
remembering the words.

Klein and Fiss (1999) examined the reliability of the operation-word span task
and found a pha coefficients greater than .75 in a series of test-retests. However, the
types of subjects used in most psychology studies were of a different ability and general
demeanor than the average accounting student. An initia pilot study deemed the task
rather unsuccessful in discriminating subjects with above average mathematical ability.
From observing subjects completing the task, it appeared that the simplicity of the
mathematical operations and the amount of time allowed for each operationword pair did
not place significant demands on subj ects processing and storage functions. Therefore,
the task was adapted to better reflect the abilities of accounting subjects. Three
adaptations were made. First, the complexity of the operations was increased. For
example, “[(4x3)-(3x2)]+1=8 sword.” Second, the time given for viewing each
operationword pair was reduced by 33 percent. Last, the set sizes were changed to sets
of three to eight with two of each set size. A second pilot study on Masters of
Accounting students supported success in taxing the abilities of these more numerically
skilled individuals. Observing subjects completing the task, it appeared that a significant
burden on both processing and storage functions was achieved. Table 1 presents the
operation-word combinations used.

Upon completion of the working memory task, subjects opened envel ope seven,
which contained a memory reconstruction task. The memory reconstruction task is
adapted from Kida et al. (1998). It is designed to capture the extent to which memory is
reconstructed to match the decision aid recommendation direction, either positive or
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negative, to allow testing of hypothesis one. The task consists of a series of statements
with instructions directing subjects to indicate whether the statement was included in the
original data set and their confidence in each determination. Statements are of six types.
Four statements are new items that have an affective response consistent with the
decision aid recommendation. Four statements are new items that have an affective
response inconsistent with the decision aid recommendation. Two statements are items
in the original data set that were originally inconsistent with the decision aid
recommendation but whose values were changed to be consistent with the
recommendation. Two statements are items in the original data set that were originally
consistent with the decision aid recommendation but whose values were changed to be
inconsistent with the recommendation. Three statements are items in the original data set
exactly as they appeared and one probe statement is an item that was obviously not in the
original data set. These last four statements were included as attention checks to test
whether subjects paid adequate attention to the task. Reconstruction is exhibited when
subjects believe that new items consistent with the decision aid recommendation and
items originally inconsistent with the decision aid recommendation but changed to be

consistent were included in the origina data set.

Experiment Two

Experiment two is similar to experiment one with three exceptions. First,
experiment two was administered via the Internet using an interactive web-based
database application developed with Cold Fusion. Subjects completed the experiment in
university computer labs under the supervision of the experimenter or an assistant. This
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facilitated both administration of the experiment and data collection. Data were
automatically collected during the experiment in arelational database tied to the web
application. This allowed the capturing of exact timing of individual subject behavior not
possible with paper-based materials. The design also allowed the examination of search
in amuch more redlistic and less obtrusive manner than would the use of information
boards or other more primitive process-tracing techniques. Second, experiment two adds
the ability to perform external information search during the task. Third, experiment two
does not include the working memory capacity task. The addition of the search
component extended the time necessary to complete the experiment to a level prohibiting
the inclusion of the working memory capacity task as well.

The experimental procedures followed one of three sequences as depicted in
Figure 4. Eachtiming of the aid, early, delayed, or late, was crossed with one of two
types of decision aid recommendation, positive or negative, yielding a 3 x 2 between
subjects design. Additionally, there was a control group who received no aid. Subjects
were randomly assigned to one of the seven experimental treatments. The experimental
materials were identical to those of experiment one with the inclusion of additional
information for each financial ratio from which the user could select a subset to view.
Since only the ordering of materials varies, only the late introduction sequence is
described.

Upon arriving in a university computer lab, subjects were given a dlip of paper
with aweb address and were given a brief verbal description of the exercise they would
be completing. Subjects were told to enter the web address into their web browsers and
proceed as instructed on screen. As in experiment one, subjects were provided
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introductory instructions followed by the timed ratio analysis phase. To insure correct
interpretation of the ratios given, the presentation of the financia ratios included
functionality whereby subjects could view a brief description on the screen of what each
ratio indicates and how each ratio is calculated. Likelihood assessments and confidence
levels were then recorded.

Next, subjects were informed they had the ability to search for additional
information. The financial ratios were provided once again, this time hyper-linked to
provide access to some additional information. The additional information included
further comparative data, either prior year or industry average ratios, depending on what
was available previoudly. In addition, it also provided the firm'’s relative ranking of each
ratio within its group of direct competitors reported as being in the top, middle, or bottom
third. Subjects searched for additional information for six ratios. This limited ability to
search isindicative of practice where time and cost constraints prohibit exhaustive
external search (Hulland and Kleinmuntz 1994). The subjects then recorded revised
likelihood assessments and indicated their levels of confidence in their judgments. The
search portion of the task allows tests and comparisons to be made of search patterns to
determine the influence of decision aids and affective responses on search.

Following the explanation of the decision aid and the aid recommendation,
subjects provided final likelihood assessments and confidence levels. Further, they
ranked the top six ratios they believed to be most important in making their judgments.
This provides data to test hypotheses related to cue usage. This was followed by a series
of demographic questions, manipulation checks, and miscellaneous questions. These
guestions served the dual purpose of capturing needed information and actingas a
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distracter task to clear subjects short-term working memories. This portion of the task
was timed and set at ten minutes. Subjects were not alowed to continue to the next
section until the time expired. This was done to ensure everyone had the same amount of
time between last viewing information and the memory task in an effort to insure equality
in clearing subjects working memory. Research on memory indicates only afew
minutes are needed to completely clear working memory.

L ast, subjects completed the memory reconstruction task. Subjects were then

alowed to leave.

Independent Variables

The two independent variables manipulated are timing of the decision aid
recommendation and the type of decision aid recommendation. For experiment one, the
decision aid recommendation is provided at one of two possible timings: 1) early — before
viewing the financia ratios; and 2) late — after viewing the financial ratios. For
experiment two, the decision aid recommendation is provided at one of three possible
timings. 1) early — before viewing the financia ratios or searching; 2) delayed — after
viewing the financia ratios but before searching; and 3) late — after both viewing the
financial ratios and searching. See Figures 5a and 5b for a graphical depiction of the
timing manipulation for both experiments. The type of decision aid recommendation
provided to subjectsis one of two possible directions: 1) positive — alow likelihood the
firm will experience financial problems in the foreseeable future, or 2) negative — a high

likelihood the firm will experience financial problems in the foreseeable future.
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In addition, working memory capacity is measured for each subject in experiment
one. The operationword span task provides a span measure related to the capacity of an
individual’s working memory. The total memory span, which is the sum of the number

of correctly recalled words recalled in any order, is used for this measure.

Dependent Variables

To examine memory reconstruction, the dependent variable is the extent of
reconstruction. Reconstruction is defined as the difference in the percentage of times
users incorrectly identify new items consistent with the direction of the decision aid
recommendation (New/Consistent) as being in the original data set and new items
inconsistent with the direction of the decision aid recommendation (New/Inconsistent) as
being in the original data set. For search patterns, the dependent variable is the direction
of search. Direction of search captures the extent of the positive or negative vaence of
searched items. Thisyields an index on a scale of —6 to +6 as favorable cues receive a
value of +1 and unfavorable cues avalue of —1. This measure does not allow weighting
of searched items. Items searched first may have more importance than those searched
last. Therefore, a second measurement of search direction uses relative weights based on
when during the six items searched each item was viewed in an attempt to capture the
relative importance of searched items. Items searched first receive a weight of six, items
searched second receive aweight of five, and so on. Thisyields a scale ranging from —21
to +21. For cue usage, the dependent variable is an index capturing the relative direction
(positive or negative) of the cues deemed most important. Two measures of cue usage
are determined, using the same scoring procedures as used for search. For judgments, the
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dependent variables are the final likelihood assessment and the assessment revision,

calculated as the change from the initial assessment to the final assessment.
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CHAPTER IV

RESULTS

Experiment One

Purpose

The purpose of experiment one is to examine the effect of decision aids on
memory patterns and judgments without the influence of information search (hypotheses
one and two). The effects of the type of decision aid recommendation (aid type) and the
timing of the decision aid recommendation (aid timing) are both investigated. In
addition, working memory capacity is measured to determine its moderating influence on

memory patterns and judgments (hypothesis five).

Statistical Procedures

The experimental plan is a two-factor completely randomized fixed-effects model.
Hypotheses are tested using paired t-tests, Analysis of Variance (ANOVA), Analysis of
Covariance (ANCOVA), and correlation analysis procedures.

Hypothesis one posits that memory will be reconstructed to match adecision aid’s
recommendation, whether positive or negative. A paired t-test is employed to examine
mean differences in memory patterns. Specificaly, | test for differences between positive
identification of New/Consistent items and positive identification of New/Inconsi stent

items.



Hypothesis four proposes that decision aid recommendations affect decision
makers judgments. An ANOVA model is used to examine the effect of the type of
decision aid recommendation and timing of the decision aid recommendation on final
assessments.  The dependent variable is the final assessment. The fixed factors in the
model are the type of decision aid recommendation and timing of the decision aid
recommendation, and working memory capacity isincluded as a covariate.

Finally, hypothesis five involves the effects of subjects working memory
capacities on the level of influence decision aids have on decision processes. | conduct
correlation analysis to determine if there is a statistically significant relationship between
subjects’ working memory capacities and the influence a decision aid has on memory
patterns and judgments. | then employ an ANOVA model with the difference between
inaccurate New/Consistent identifications and inaccurate New/Inconsistent identifications
as the dependent variable. Fixed factors are the type of aid recommendation and timing

of the aid recommendation, and working memory capacity is included as a covariate.

Descriptive Statistics

A total of 64 subjects participated in experiment one. Table 2 provides
descriptive statistics on the subjects for experiment one.! Several observations are
noteworthy. Overal, incorrect identification of New/Consistent items is higher than for
New/Inconsistent items for both types of decision aid recommendations. The type of aid

recommendation appears to have an effect on the final assessment. The mean final

! Datawere analyzed for normality and to identify outliers. Boxplots, histograms, and normal probability
plots were examined. No extreme outliers were noted and the hypothesis of normality was not rejected.
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assessment for subjects receiving a negative aid recommendation is 68.9, while only 35.7
for those receiving a positive aid recommendation. While these initial observations

appear to support the hypotheses, formal statistical tests will provide empirical support.

Manipulation Checks

In order to draw reliable conclusions from the hypotheses tests, it is necessary to
verify that subjects correctly interpreted the intended manipulations, exerted adequate
effort and attention to the task, and paid attention to the decision aid. To insure the
manipulation of the type of decision aid recommendation was correctly interpreted, a
manipulation check was included in the instrument that required subjects to indicate
whether the decision aid recommendation suggested the firm was likely to experience
financial difficulty. Mean levels of agreement/disagreement confirm the intended
manipulation was achieved. To determine whether subjects were paying adequate
attention to the task, | included three items in the memory task that were in the original
dataset and one new item that was obviously not in the original dataset. Error rates on
incorrect identification of these items were low (8.6%), indicating that subjects were able
to recall original data items and recognize new data items. Accurate recall indicates that
subjects exerted effort during both the study and test phases. Finally, two questions
addressing the perceived credibility of the decision aid were provided. Mean agreement
levels for whether subjects believed that the decision aid was useful and reliable, based
upon comparisons with the neutral position, indicate that the aid was perceived as being

useful and credible. These manipulation and attention checks provide support that
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subjects understood the task, understood the information given them, and exerted effort

during the task.

Effect of Decision Aid Recommendations on Memory

Hypothesis one predicts that decision makers receiving adecision aid
recommendation will reconstruct memory for financial data to match the affective
response induced by the aid recommendation. To test the hypothesis, a paired t-test is
used to compare percentage of times New/Consistent items were identified as being in
the original dataset with percentage of times New/Inconsistent items were identified as
being in the original dataset. A significantly greater identification of New/Consistent
items (41.0%) as compared to New/Inconsistent items (7.4%) supports reconstruction of
memory to match the decision aid recommendation. The result of the paired t-test is
highly significant (t = -9.514, n = 64, p<0.0001). There are a significantly greater
percentage of inaccurate New/Consistent identifications than inaccurate New/Inconsi stent

identifications. This provides evidence in support of hypothesis one.

Effect of Decision Aid Recommendations on Final Judgment

Hypothesis four predicts that decision aid recommendations will influence the
judgments of their users. Specifically, it predicts that decision-makers using a decision
aid will reach more positive (negative) final judgments when the aid's recommendation is
positive (negative).

Results of an ANOV A model with assessment bias as the dependent variable and
the type of the aid recommendation and the timing of the aid recommendation as fixed
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factors are presented in Table 3 Pandl A. Assessment biasis calculated as the final
assessment less a neutral assessment of fifty. This measure captures the amount and
direction the final assessment deviates from a neutral assessment.? Aid typeis
statistically significant & p<.0001, while aid timing is not. Positive aid recommendations
resulted in a mean final assessment of 35.7, while negative aid recommendations resulted
in amean final assessment of 68.9. The direction of aid recommendation does influence
the final judgment, specifically in the direction of the aid recommendation. This provides
evidence in support of hypothesis four.

Further insight is gained by looking at the revision made to assessments,
comparing the initial assessment to the final assessment. Table 3 Panel B presents the
results of the ANOVA model using assessment revision as the dependent measure (initial
assessment minus final assessment) and the type of the aid recommendation and the
timing of the aid recommendation as fixed factors. Neither aid type nor aid timing is
statistically significant, but the interaction effect of aid type and aid timing is statistically
significant at p<0.0001. Figures 6 and 7 present graphs of assessment revision and the
change in assessments, respectively. Unsurprisingly, it is clear that receiving the aid
recommendation early results in amajor bias in judgment, but that this bias is somewhat
“neutralized” (but not completely) as additiona information is acquired. Aswould be
expected, much reliance is placed onthe decision aid in the absence of other information.
Once other information is received, the decision-maker beginsto rely on their own

judgment as well, although not completely.

2 This assumes that, on average, the final assessment resulting from examination of the data alone would be
aneutral assessment. The objective of the experiment was to present an overall neutral dataset that would
result in aneutral assessment. Pilot tests confirmed that the dataset resulted in neutral assessments.
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Effect of Working Memory Capacity on Memory and Decision Processes

Hypothesis five predicts that decision-makers working memory capacities will be
a determinant of the amount of influence the decision aid has on their memory patterns
and judgments. Specifically, it proposes that there will be a negative association between
decision- makers' working memory capacity and both memory reconstruction effects and
the influence of aid recommendations on judgments. | first test hypothesis five by
correlating subjects working memory span score with New/Consistent,
New/Inconsistent, total number of items incorrect, and assessment bias. Table 4 provides
the results of the analysis. There are significant negative correlations for all four
combinations. Subjects with increased working memory capacities tend to have
significantly fewer incorrect identifications of New/Consistent and New/Inconsistent
items, make fewer incorrect identifications overall, and make fina judgments that are less
influenced by the aid recommendation. This provides preliminary support for hypotheses
5aand 5b.

To further investigate hypothesis 5a, subjects are classified into groups of high or
low working memory capacity, partitioned by average span score. Table 5 Panel A
provides a comparison of mean error rates for New/Consistent items, New/Inconsistent
items, and all errors for subjects of high and low working memory capacity. Subjects
with higher working memory capacities have lower error rates across all three categories.
This suggests that working memory capacity is a determinant of overall memory, but not
necessarily a determinant of the level of influence the aid recommendation will have on
memory. Asan additional test, Table 5 Panel B presents the results of an ANOVA model
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with the difference between inaccurate identification of New/Consistent items ard
New/Inconsistent items as the dependent variable. Fixed factors are type of aid
recommendation and timing of aid recommendation and working memory capacity is
included as a covariate. Working memory capacity is not statistically significant. Taken
together, this suggests that while subjects with lower working memory capacities are
more susceptible to reconstruction they are also more susceptible to all other errors, or
memory errors in general. Therefore, hypothesis 5a is not supported.

Hypothesis 5b is investigated by comparing assessment bias and revision in
assessment for high and low working memory capacity groups. Mean comparisons
revea that subjects with lower working memory capacities appear to have more biasin
thelr assessments (mean of 4.78 compared to mean of —0.43) and tend to revise their
assessments to a greater degree (mean of —8.37 compared to mean of 1.46). Even though
both results are in the expected direction, an independent samples t-test indicates that
assessment biasis not significantly different but revision in assessment is significantly
different at p = 0.063. Asan additional test, Panels A and B of Table 3 provide results of
ANOVA models with assessment bias and revision in assessment, respectively, as
dependent variables, and working memory capacity included as a covariate. Working
memory capacity is statistically significant in both models. Working memory capacity is
astatistically significant determinant of the amount of influence the aid recommendation

has on final judgments. Therefore, hypothesis 5b is supported.



Experiment Two

Purpose
Experiment two examines the effect of decision aids on memory patterns,

information search, cue usage, and judgment.

Statistical Procedures

The experimental plan is atwo-factor completely randomized fixed-effects mode.
Hypotheses are tested with paired t-tests, Repeated Measures, Analysis of Variance
(ANOVA), and Analysis of Covariance (ANCOVA) procedures.

Hypothesis one posits that memory will be reconstructed to match a decison aid’s
recommendation, whether positive or negative. Asin experiment one, | test hypothesis
one with a paired t-test to examine mean differences in memory patterns. Specifically, |
test for differences between positive identification of New/Consistent items and positive
identification of New/Inconsistent items. Additionally, | employ a Repeated Measures
ANOVA model. Thisisamore powerful test asit allows for the additional examination
that the effect the type of aid recommendation and timing of the aid recommendation
have on memory. Fixed factorsin the mode are the type of decision aid recommendation
and timing of the decision aid recommendation. Covariates for subjects’ rating of the

perceived usefulness of the aid and student type are included in the modd.

3 Throughout the data analysis, covariates for subjects’ rating of the perceived usefulness of the aid,
subjects’ perceived reliability of the aid, and student type were included during initial analyses. When any
of these covariates were not statistically significant in the full model, they were removed in the final
analyses.
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Hypothesis two addresses the potential for the decision aid recommendation to
influence the decision maker’s search strategy and cue usage. An ANOVA moddl is
utilized to examine the effect of the decision aid recommendation on information search
and cue usage. The dependent variables are search direction and direction of cue usage.
Fixed factors in the model are type of decision aid recommendation and timing of the
decision aid recommendation.

Hypothesis three examines the effect of the timing of decision aid
recommendations on decisionmaking processes. A Repeated Measures model and an
ANOVA model are used to examine differences in memory reconstruction and search
and cue usage direction, respectively, due to the timing of the aid recommendation.
Dependent variables are memory reconstruction, search direction index, and cue direction
index. Fixed factorsin the model are type of decision aid recommendation and timing of
the decision aid recommendation.

Hypothesis four proposes that decision aid recommendations affect decision
makers' final judgments. An ANOVA model is employed to examine the effect of the
type of decision aid recommendation and timing of the decision aid recommendation on
final assessments. The dependent variable is the final assessment. Fixed factorsin the
model are type of decision aid recommendation and timing of the decision aid

recommendation.

Descriptive Statistics
A total of 198 subjects participated in experiment two. One subject was removed
from the analyses because of afailure to complete the experiment, leaving atotal sample
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size of 197. Minor technical difficulties arising during the experiment caused a loss of
data for some subjects for various measurements, thus the sample size varies across
different statistical tests. The technical problems encountered were spread evenly among
treatments.

Table 6 provides descriptive statistics on the subjects for experiment two.*
Several observations are worth noting. There appear to be significant differences
between New/Consistent items and New/Inconsistent items overall for both types of aid
recommendations. Direction of cue usage is more negative for negative aid
recommendations than it is for positive aid recommendation. However, search direction
appears essentially the same for both positive and negative aid recommendations. Fina
assessments are toward opposite ends of the scale, with positive recommendations
eliciting more positive assessments and negative recommendations eliciting more

negative assessments.

Manipulation Checks

The manipulation and attention checks described for experiment one are the same
for experiment two. Those checks provide support that subjects understood the task,
understood the information given them, exerted effort on the task, and believed that the

decision aid was credible.

“ Datawere analyzed for normality and to identify outliers. Boxplots, histograms, and normal probability
plots were examined. No extreme outliers were noted and the hypothesis of normality was not rejected.
Dueto some variety in the subject pool, variables were also cross-tabulated to ensure even spreads across
treatments. For example, student type, whether graduate or undergraduate student, and undergraduate
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Effect of Decision Aid Recommendations on Memory

Hypothesis one predicts that decision makers receiving a decision aid
recommendation will reconstruct memory for financial data to match the affective
response induced by the aid recommendation. Asin experiment one, | test hypothesis
one with a paired t-test comparing percentage of times New/Consistent items were
identified as being in the original dataset with percentage of times New/Inconsistent
items were identified as being in the original dataset. The result of the paired t-test is
highly significant (t = 13.636, n = 195, p<0.0001). There are asignificantly greater
percentage of inaccurate New/Consistent identifications than inaccurate New/Inconsistent
identifications. This provides support for hypothesis one.

| further test hypothesis one with a Repeated Measures ANOVA model
comparing the percentage of times New/Consistent items were identified as being in the
original dataset with the percentage of times New/Inconsistent items were identified as
being in the original dataset. This measure of reconstruction is essentially the difference
between positive identification of New/Consistent items and positive identification of
New/Inconsistent items. It captures the extent to which incorrect identification is
consistent with, or in the direction of, the aid recommendation. A significantly greater
percentage of identification of New/Consistent items as compared to New/Inconsi stent
items supports reconstruction of memory to match the decision aid recommendation.

Fixed factors in the model are the type of decision aid recommendation and

timing of the decision aid recommendation, with perceived usefulness of the aid and

GPA, were considered, among others. Chi-square tests were not statistically significant. Any variation was
spread evenly across treatments.
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student type included as covariates. Repeated Measures analysis is a more powerful test
of hypothesis one as it allows for the examination of the effects of type of decision aid
recommendation and timing of decision aid recommendation on memory reconstruction.
It allows a comparison of inaccurate New/Consistent identifications with inaccurate
New/Inconsistent identifications while controlling for the effect of between subjects
factors, type of aid recommendation and timing of aid recommendation. It also allows
for the examination of the effect of the between subjects effects on the repeated measure.
To provide a preliminary view of the analysis, Table 7 presents mean percentages
for inaccurate New/Consistent identifications and inaccurate New/Inconsi stent
identifications split by both the type of aid recommendation and the timing of the aid
recommendation. It is evident that there are higher percentages of inaccurate
New/Consistent identifications than inaccurate New/Inconsistent identifications across all
treatments. Table 8 Panel A presents the results of the within-subjects analysis of the
Repeated Measures ANOVA model. Asin experiment one, the item of primary interest
is reconstruction. Reconstruction is highly significant at p<.0001. There are a
significantly greater percentage of inaccurate New/Consistent identifications than
inaccurate New/Inconsistent identifications. This provides evidence in support of
hypothesis one. Taken with the results of experiment one, | conclude that memories are

reconstructed to be consistent with the decision aid recommendation. ®

® A group with no decision aid recommendation was included in the experimental design to allow for
additional tests of the robustness of memory reconstruction results. The group without a decision aid
recommendation was expected to exhibit approximately equal inaccurate identifications of New/Consistent
ratios and inaccurate identifications of New/Inconsistent ratios. | am unable to perform reliable tests on the
no-aid group, however. The graduate studentsin the no-aid group had much lower initial and final
assessments than all other subjects, including thosein early aid treatments who had not received a decision
aid prior to making an initial assessment. Further, there was no such favorable biasin any of the pilot
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Effect of Decision Aid Recommendations on Information Search and Cue Usage

Hypothesis two predicts that decision aid recommendations will influence users
search patterns and the cues they use. More specifically, hypothesis 2a predicts that
decision-makers using a decision aid will search more positive (negative) information
when the decision aid’ s recommendation is positive (negative). Hypothesis 2b predicts
that decision-makers using adecision aid will rank positive (negative) information cues
as more important than negative (positive) cues when the decision aid’s recommendation
is positive (negative).

Hypothesis 2a and 2b are both tested with an ANOVA model. For search, the
dependent measure is the search direction index, a measure of the extent of the positive or
negative valence of searched items. Table 9 Panel A provides the results of the ANOVA
model for search direction. Neither aid type nor aid timing is statistically significant as a
main effect, but the interaction is statistically significant at the .05 level. Only the early
and delayed treatments are examined because in the late aid treatment the aid
recommendation is given after search, and therefore it cannot affect search. Figure 8

presents a plot of the interaction. It reveals that those receiving early aid

experiments. Thisfavorable assessment bias, or deviation from a neutral assessment, is asignificant
predictor of memory reconstruction in the no-aid group. That is, these subjects formed favorable
impressions from the neutral ratio set, and they exhibited reconstruction consistent with this positive bias.

It appears that these subjects viewed the neutral data, formed an overall positive impression, and
reconstructed memories to match the affective response to the data. Thisfinding is consistent with the
results of Kidaet al. (1998). In addition, there are other anomalies in the no-aid group that cannot currently
be explained. For example, the no-aid group made significantly more ratio identification errors for some
ratios than any other treatment group. Based on the available data, it also appearsthat all extreme
observations are congregated in the no-aid group. Further research will be needed to determine what
occurred with this no-aid treatment group and why it differed from previous pilot groups. It is possible that
some form of maturation effect occurred, because the subjectsin question performed the task on the same
day and most of the subjects knew each other well.
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recommendations search in a direction consistent with the aid recommendation while
those receiving the delayed aid recommendation tend to search for items that disconfirm
the aid recommendation.

While there is no main effect for aid type as predicted by hypothesis two, the aid
type does influence search patterns when the timing of the aid recommendation is
considered. Aid recommendations influence search patterns and support is provided for
hypothesis 2a. An examination of the overall mean search direction index yields
additional insight. The mean search direction index is-4.56. On average, subjects tended
to search more negative informational cues than positive informational cues. A one-
sample t-test confirms this is significantly different from zero at p<.0001 (t = -7.746, df =
126). Subjects’ search patterns are more directed toward negative items than positive
items.®

These results are consistent with findings in both psychology and accounting
literature. Psychology literature finds that people seek out evidence to confirm an initial
hypothesis (Einhorn and Hogarth 1981). In accounting, although there are indications of
this as well (Klayman and Ha 1987; Danos et a. 1989), in general, accountants are not as
susceptible to confirmation bias (Kida 1984; Asare 1992), and are more prone to seek out
disconfirming evidence due to a disposition toward professional skepticism (Ashton and
Ashton 1988; Smith and Kida 1991; Bonner and Pennington 1991). It appears that
receiving the aid recommendation early creates a strong initial affective response and

initial hypothesis. This leads to a confirmation bias. When the aid recommendation is

® Two measures of search index were analyzed. Using the alternate measure of search direction, neither
main effect nor the interaction was statistically significant, although the mean search difference was still
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delayed, the data may become the basis for an initial hypothesis. However, due to the
neutrality of the data, a strong response is not produced. When the aid recommendation
is subsequently received, the aid recommendation’s strong response causes subjects to
take a disconfirming approach, due to professional skepticism. From this, it can be
concluded that the aid does affect users search patterns with a confirmation bias effect
for early aid timing and a conservative bias when the aid is delayed.

Table 9 Panel B presents the results of the ANOVA model used to test whether
cue usage is influenced by the decision aid. The dependent variable is the cue direction
index, a measure of the extent of the positive or negative valence of cues subjects
reported as most important. While aid timing is not statistically significant, aid typeis
statistically significant at p<.01.” Subjects receiving negative aid recommendations
ranked a greater number of negative cues as being important than they ranked positive
cues as being important. The aid influences the cues subjects deem to be important.

Therefore, hypothesis 2b is supported.

Timing of the Decision Aid Recommendation

Hypothesis three predicts that the level of influence the decision aid
recommendation has on the decision- maker’s memory and cognitive processes will
depend on when during the decision-making process the aid recommendation is received.

In particular, those receiving the aid recommendation early in the process will exhibit less

significantly different from zero at the .01 level. The measure of search reported in Table 9 attempts to
capture the rel ative importance of cues examined and therefore provides more meaningful insight.

" Two measures of cue usage index were analyzed. Using the alternate measure of cue usage direction,
results are essentially unchanged.
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memory reconstruction and different search and cue usage patterns than those receiving
the aid recommendation later in the process.

| test hypothesis 3a with a Repeated Measures ANOV A model with the rate of
identification of the New/Consistent items as being in the original dataset and rate of
identification of New/Inconsistent items as being in the original dataset as the dependent
repeated measure. Timing of the aid recommendation and type of the aid
recommendation are the fixed factors in the model. Two covariates are included in the
model: perceived usefulness of the aid and student type. Panel B of Table 8 presents the
between subjects effects. Both covariates are statistically significant. Aid timing is
statistically significant at p<.01. Figure 9 reveals that subjectsreceiving aid
recommendations early and delayed have greater amounts of reconstruction than those
receiving aid recommendations late do. Thisisin the opposite direction predicted by
hypothesis 3a. A potential explanation for this result liesin the way reconstruction
between subjects effects are tested with the Repeated Measures model. For between
subjects effects, tests of significance are based on differences in the average of total
New/Consistent errors plus total New/Inconsistent errors. Therefore, the repeated
measures model fails to consider differencesin New/Consistent errors relative to other
errors. To further test for the effect of timing on reconstruction, | use an ANOVA model
with inaccurate New/Consistent identifications minus inaccurate New/Inconsistent
identifications as the dependent variable. Fixed factors are type of aid recommendation
and timing of the aid recommendation. Table 10 presents results of the ANOVA model.

Aid timing is not statistically significant and hypothesis 3a is not supported.



| test both hypotheses 3b and 3¢ with ANOV A models. For hypothesis 3b and 3c
the dependent variables are search direction index and cue usage direction index,
respectively. Aid timing and type of aid recommendation are the fixed factors. Panels A
and B of Table 9 present the ANOVA models of the effect of aid timing on search and
Ccue usage, respectively. Aid timing is not statistically significant in either model.
However, for search direction, there is a statistically significant interaction between aid
type and aid timing. Therefore, timing of the aid does affect search direction, but is
dependent on the type of aid recommendation. Hypotheses 3b is supported while

hypothesis 3c is not supported.

Effect of Decision Aid Recommendations on Judgment

Hypothesis four predicts that decision aid recommendations will influence the
final judgments of users. Specifically, it predicts that decision-makers using a decision
aid will reach more positive (negative) final judgments when the aid's recommendation is
positive (negative).

Results of an ANOV A model with the final assessment as the dependent variable
and the type of the aid recommendation and the timing of the aid recommendation as
fixed factors are presented in Panel A of Table 11. Aid typeis statistically significant at
p<.0001, while aid timing is not statistically significant. Subjects receiving a positive aid
recommendation had a mean final assessment of 43.41 and subjects receiving a negative
ald recommendation had a mean final assessment of 69.47. The direction of aid

recommendation does influence final judgment. Therefore, hypothesis four is supported.



Further insight is gained by looking at the revision made to assessments,
comparing the change from the initial assessment to the final assessment. Using the
assessment revision as the dependent variable, and the type of the aid recommendation
and the timing of the aid recommendation as fixed factors, Panel B of Table 11 presents
the results of the ANOVA model. Neither aid type nor aid timing is statistically
significant at the .05 level. The interaction effect of aid type and aid timing is statistically
significant at p<0.0001. Graphs of assessment revision in figures 10a and 10b reveal that
early aid recommendations differ from delayed and late aids, but delayed and late aids
follow similar patterns. Just asin experiment one, it is no surprise that receiving the aid
recommendation early resultsin amgjor bias in judgment which is *neutralized”
somewhat (but not completely) as additional information is acquired. As expected, much
reliance is placed on the decision aid in the absence of other information. Once other
information is received, the decision maker beginsto rely on their own judgment,
although not completely.

Figure 11 presents a plot of the three assessments made split by aid timing and aid
type. Taken with the other results, this suggests that while timing does not matter for the
final assessment it does have an effect on judgments prior to the final assessment. As
long as the aid recommendation is received at some point prior to final judgment, al
information is considered received and final judgments do not differ due to timing

effects.
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CHAPTER YV

SUMMARY

Discussion and Conclusions

Decision aids have been recommended to support decision-makers in tasks where
human informationprocessing limitations and individual differences limit performance.
In high load environments individuals processing capacities are heavily taxed and
decision aids may be of great value in helping users cope with increased cognitive
demands. Numerous studies support positive outcomes of decision aid usein avariety of
settings. The focus of most research tends to be on the outcomes of the decision making
process. While the potential effects of decision aid use on decision processes are
acknowledged, there is little evidence to explain how decision aid use affects the user.
The effects of aids on decision processes may lead to detrimental effects that, had they
been previously considered, could have been mitigated through user training, task
structure, decision aid design, or some combination of these. This study examines the
use of decision aids and the influence they exert, both positive and negative, on all phases
of the decision-making process.

There are six key findings from this research: (1) decision aid recommendations
create strong affective responses that are encoded in memory and cause users to
reconstruct memories of financial data to be consistent with the affective response, (2)
receiving adecision aid recommendation at the start of atask creates a strong initial
response that acts as an initial hypothesis wherein users’ subsequent information search
patterns exhibit a confirming bias, (3) recelving a decision aid recommendation later in
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the task creates a strong response that initiates professional skepticism and causes users
subsequent information search patterns to exhibit a disconfirming bias, (4) decision aid
recommendations influence the choice of information cues users believe to be important,
(5) decision aid recommendations exert influence on users judgments, with the amount
of influence diminishing as additional information is received, and (6) working memory
capacity is a determinant in the ability to recall financial information but does not
determine the extent of influence decision aid recommendations have on users. These
findings, when considered together, validate the need for a more complete examination of
how decision aids impact the entire decision-making process to identify potential
negative consequences in addition to proposed benefits. Understanding the effects
decision aids have on inputs to the decision process and the decision processes employed
is as essential as understanding the impact they have on the outputs of the decision
process. Results indicate that unintended consequences do arise from decision aid use
that significantly affect decision making. In addition, the results indicate that to
minimize the detrimental effects of aid use, task structure must be considered when
incorporating decision aids into deterministic tasks.

The first finding extends the literature on affective responses to financial
information. Both data and peripheral cues have been found to €elicit affective responses
that persist in memory, causing users to reconstruct memories of financial datato match
the affective response (Kidaet al. 1998, 2001; Rose 2001). Decision aid
recommendations have a similar effect on memory. As evidenced in several of the
findings, in addition to causing users to reconstruct memories, the affective response
generated by the decision aid recommendation influences subsequent decision processes.
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Particularly, information search patterns exhibit either a confirming or a disconfirming
bias, depending on when the aid recommendation is received. Decision aid
recommendations a so influence what cues users believe to be most important, directing
usersto consider cues consistent with the affective response of the aid recommendation
as more important than cues inconsistent with the affective repponse. This has
implications for both task efficiency and task effectiveness. While disconfirming a
hypothesis tends to be the most efficient method of hypothesis testing, there is a tendency
to do otherwise (Harris 1981). The structure of the task can be organized so asto
promote a more efficient disconfirming strategy. To promote the investigation of
conflicting evidence, decision aid recommendations could be provided later in the
decision- making process. The additional information provided by the decision aid can
both provide support for or against the hypothesis and be a catalyst for further inquiry. In
turn, a more complete search and consideration of information should lead to greater
effectiveness (Solomon and Shields 1995; Cloyd 1995).

The fifth finding is aso noteworthy. The influence of decision aid
recommendations on judgments tends to decrease as additional information is acquired.
Because decision aid recommendations have a strong influence on judgments,
particularly in the absence of other information, care must be taken to structure the task
or provide an environment that promotes compl ete consideration of all relevant
information so task effectiveness is not compromised. If time pressure or other
environmental factors interrupt or otherwise cut short the decision making process, aid
recommendations previously received have the potential to exert undue influence. While
this may be beneficial in cases where the decision aid is known to be more accurate than
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individuals but there is a tendency to ignore the aid, the potential also exists for adverse
consequences in situations where the input of the individual is a crucial and necessary
aspect of the decision. Consideration of the nature of the task, the nature of the decision
maker, and the environment need to be considered in structuring the task.

The finding that working memory capacity determines the ability to recall
financial information is not surprising. Sufficient working memory capacity is necessary
to manipulate and encode information successfully. Limitations in working memory
capacity would be expected to lead to alower ability to recall detailed information. What
issurprising is that | failed to find results that working memory capacity is a determinant
of the extent of influence decision aid recommendations have on users. To cope with
greater restrictions of working memory capacity, individuals must rely more on chunking
of data. Decision aid recommendations are a form of data chunking, as they incorporate
multiple pieces of information into a single chunk. Therefore, it was expected that
individuals with more limited working memory capacities would rely on the automatic
chunking provided by the decision aid to a greater extent than individuals with greater
working memory capacities. One possibility for the failure to find results may lie in the
type of subjects participating in the study. It is possible that none of the subjects
participating in this study were truly of "low" working memory capacity such that effects
would be evident. The subject poolsin many psychology studies that find working
memory capacity effects are likely characterized as having much variation in memory-
related abilities. The accounting and business students in this study possessed very
similar working memory capacities, and it is possible that the working memory capacity
task employed did not truly distinguish between high and low subjects.
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The findings should also be valuable to decision aid reliance researchers. The
decision aid reliance literature suggests that users rely or do not rely on decision aids
based primarily upon a comparison of the user’s decision and the aid’ s recommendation.
However, this measure is problematic because it fails to consider how the decision aid is
incorporated into the user's decision making process, especially when outputs and
recommendations do not agree. An improved measure of reliance would consider how
decision aids influence other phases of the decision-making process (Rose 2002;
Kachelmeier and Messier 1990; Whitecotten and Butler 1998). My results suggest that
subjects do incorporate decision aid recommendations into their decision making process,
and many of these effects are not revealed by examining only outputs. | find that a
decision aid affects judgment, but | also find that memories, search patterns, and cue
usage are significantly influenced by decision aids. The study provides some rationae
for examining memory patterns and information search as unobtrusive means to more
appropriately measure reliance. Decision aids influence the entire decision making
process, and this study offers several new variables that could be employed to determine

the effects of decision aids on judgment, decision-making, and reliance.

Limitations and Future Research

The intended experimental setting was novice use of adecision aid in a
deterministic task. Whether these results would extend to other task types or settingsis
unknown. The effect of varying levels of experience on the effects of decision aid use is

warranted. Prior research finds that “experts’ often ignore or fail to rely on decision aids,
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while novices tend to rely on aid advice. An extension of this research could examine if
and how results differ for more expert subjects.

Measurement of search patterns was restricted. While subjects were given the
opportunity to search for a maximum of six information items, six items was also the
minimum requirement of the search component. Whether subjects would have searched
for six items without these restrictions cannot be determined. Results could differ if
totally unrestricted search was alowed. Future research could manipulate search time
pressure to promote more importance-based sequential search. Thiswould allow for an
alternate measure of search importance to the measure employed in this study.
Additionally, time-based measures may provide a valuable addition to the measure of
search that could capture search importance to a greater degree. Time spent viewing
information could provide additional information on the relative importance of cues.
Similarly, measurement of cue usage required subjects to rank the six most important
cues. Alternative measures of cue usage could provide more information on the relative
importance of each cue.

The experiment was conducted over the Internet using a web browser interface.
There exists the possibility that affinity (or repulsion) toward the Internet might have
affected results. Additionally, the decision aid was a seemingly static decision aid. It
may have lacked validity due to its lifeless nature. Future research could explore whether
the form and nature of the decision aid atersresults. Interactive decision aids may have
more of an influence as they may be viewed more as an “ € ectronic colleague” and given

greater weight.

73



LIST OF REFERENCES

74



LIST OF REFERENCES

Anderson, J. R., 1995, Cognitive Psychology and Its Implications, 4th Edition, New
York: W.H. Freeman.

Anderson, C. A., Lepper, M. R, and Ross, L., 1980, "Perseverance of Social Theories.
The Role of Explanation in the Persistence of Discredited Information,” Journal of
Personality and Social Psychology, 39, 6, pp. 1037 - 1049.

Arkes, H. R., Dawes, R. M., and Christensen, C., 1986, "Factors Influencing the Use of a
Decision Rulein aPraobabilistic Task," Organizational Behavior and Human Decision
Processes, 37, pp. 93 - 110.

Arnold, V., 1997, "Judgment and Decision Making, Part I: The Impact of Environmental
Factors," Chapter 2 in Behavioral Accounting Research: Foundations and Frontiers,
edited by V. Arnold and S. G. Sutton, Sarasota, FL: American Accounting Association.

Arnold, V., and Sutton, S., 1997, "Opportunities for Research on the Use of Technology
to Mitigate Environmental Influences on Individual Judgments,” Advancesin Accounting
Information Systems 5, pp. 281 - 298.

Arnold, V., and Sutton, S., 1998, "The Theory of Technology Dominance: Understanding
the Impact of Intelligent Decision Aids on Decision Makers Judgments,” Advancesin
Accounting Behavioral Research, 1, pp. 175 - 194.

Ashton, R. H., 1990, "Pressure and Performance in Accounting Decision Settings:
Paradoxical Effects of Incentives, Feedback, and Justification,” Journal of Accounting
Research, 28, Supplement, pp. 148 - 180.

Ashton, A. H., and Ashton, R. H., 1988, "Sequential Belief Revision in Auditing,” The
Accounting Review, 63, 4, pp. 623 - 641.

Ashton, R. H., and Willingham, J. J., 1988, "Using and Evaluating Audit Decision Aids,"
Proceedings of the 1988 Touche Ross/University of Kansas Symposium on Auditing
Problems, University of Kansas, Lawrence, Kansas.

Baddeley, A., 1992, "Working Memory," Science, 255, pp. 556 - 559.

Baddeley, A., Lewis, V., Eldridge, M., and Thomson, N., 1984, "Attention and Retrieval
From Long- Term Memory," Journal of Experimental Psychology: General, 113, 4, pp.
518 - 540.

Bazerman, M. H., 1994, Judgment in Managerial Decision Making: Third Edition, John
Wiley & Sons, Inc., New Y ork.

75



Beach, L. R., and Mitchell, T. R. A., 1978, "A Contingency Model for the Selection of
Decision Strategies," Academy of Management Review, 3, pp. 439 - 449.

Bedard, J., and Mock, T. J., 1992, "Expert And Novice Problem Solving Behavior In
Audit Planning," Auditing: A Journal of Practice and Theory, 11, Supplement, pp. 1 - 20.

Bedard, J., Mock, T. J., and Boritz, J. E., 1992, "Expert and Novice Problem-Solving
Behavior in Audit Planning, Discussion,” Auditing: A Journal of Practice and Theory,
11, Supplement, pp. 21 - 32.

Bell, T. B., and Carcello, J. V., 2000, "A Decision Aid for Assessing the Likelihood of
Fraudulent Financial Reporting,” Auditing: A Journal of Practice and Theory, 19, 1, pp.
169 - 184.

Bergstrom, J. C., and Stall, J. R., 1990, "An Analysis of Information Overload With
Implications for Survey Design Research," Leisure Sciences, 12, 3, pp. 265 - 280.

Birnberg, J. G., and Shields, J. F., 1984, "The Role of Attention and Memory in
Accounting Decisions,” Accounting, Organizations, and Society, 9, 3/4, pp. 365 - 382.

Boatsman, J. R., Moeckel, C., and Pei, B. K. W., 1997, "The Effects of Decision
Consequences on Auditors Reliance on Decision Aids in Audit Planning,”
Organizational Behavior and Human Decision Processes 71, 2, pp. 211 - 247.

Bonner, S. E., 1999, "Judgment and Decision-Making Research in Accounting,”
Accounting Horizons 13, 4, pp. 385 - 398.

Bonner, S. E., and Pennington, N., 1991, "Cognitive Processes and Knowledge as
Determinants of Auditor Expertise,” Journal of Accounting Literature, 10, pp. 1 - 50.

Bonner, S. E., Libby, R., and Nelson, M. W., 1996, "Using Decision Aids to Improve
Auditors Conditiona Probability Judgments,” The Accounting Review, 71, 2, pp. 221 -
240.

Bouwman, M. J., Frishkoff, P. A., and Frishkoff, P., 1987, "How Do Financial Anaysts
Make Decisions? A Process Model of the Screening Decision,” Accounting,
Organizations, and Society, 12, 1, pp. 1 - 29.

Bower, G. H., 1981, "Mood and Memory," American Psychologist, 36, 2, pp. 129 - 148.
Bower, G. H., Gilligan, S. G., and Monteiro, K. P., 1981, "Selectivity of Learning Caused

by Affective States," Journal of Experimental Psychology: General, 110, 4, pp. 451 -
473.

76



Brainerd, C., and Reyna, V., 1993, "Memory Independence and Memory Interferencein
Cognitive Development,” Psychological Review, 100, pp. 42 - 67.

Brown, D. L., ad Eining, M. M., 1997, "Judgment and Decision Making, Part IV:
Information Technology and Decision Aids," Chapter 5 in Behavioral Accounting
Research: Foundations and Frontiers, edited by V. Arnold and S. G. Sutton, Sarasota,
FL: American Accounting Association.

Brown, D. L., and Jones, D. R., 1998, "Factors That Influence Reliance on Decision
Aids: A Model and an Experiment,” Journal of Information Systems 12, 2, pp. 75 - 94.

Brown, D., and Eining, M. M., 1996, "The Role of Decision Aidsin Accounting: A
Synthesis of Prior Research,” Advances in Accounting Information Systems, 4, pp. 305 -
332.

Butler, S. A., 1985, "Application of a Decision Aid in the Judgmental Evaluation of
Substantive Test of Details Samples,” Journal of Accounting Research, 23, 2, pp. 513 -
526.

Camerer, C. F., and Johnson, E. J., 1997, "The Process Performance Paradox in Expert
Judgment: How Can Experts Know So Much and Predict So Badly?," In: Research on
Judgment and Decision Making: Currents, Connections, and Controversies, edited by
Goldstein, W. M., and Hogarth, R. M., Cambridge: Cambridge University Press, pp. 195
- 217.

Casey, C. J.,, Jr., 1980, "Variation in Accounting Information Load: The Effect on Loan
Officers Predictions of Bankruptcy,” The Accounting Review, 55, 1, pp. 36 - 49.

Chan, M. M. K., 1995, "The Moderating Effects of Cognitive Style and Recency Effects
on the Auditors Belief Revision Process,” Managerial Auditing Journal, 10, 9, pp. 22 -
28.

Chervany, N. L., and Dickson, G. W., 1974, "Experimental Evaluation Of Information
Overload In A Production Environment,” Management Science, 10, pp. 1335 - 1344.

Chu, P-C., 1991, "A Study of the Influence of a Decision Support Aid on Decision
Processes. Exploring the Blackbox," Journal of Information Systems 5, 2, pp. 1 - 17.

Church, B. K., 1990, "Auditors Use of Confirmatory Processes,” Journal of Accounting
Literature, 9, pp. 81 - 112.

Cloyd, C. B., 1995, "Prior Knowledge, Information Search Behaviors, and Performance
in Tax Research Tasks," The Journal of the American Taxation Association, 17,
Supplement, pp. 82 - 107.



Conway, A. R. A., and Engle, R. W., 1996, "Individual Differencesin Working Memory
Capacity: More Evidence for a General Capacity Theory," Memory, 4, 6, pp. 577 - 590.

Conway, A. R. A., and Engle, R. W., 1994, "Working Memory and Retrieval: A
Resource-Dependent Inhibition Model," Journal of Experimental Psychology: General,
123, 4, pp. 354 - 373.

Cook, G. J,, 1993, "An Empirical Investigation of Information Search Strategies With
Implications for Decision Support System Design,” Decision Sciences, 24, 3, pp. 683 -
697.

Danos, P., Holt, D. L., and Imhoff, E. A., Jr., 1989, "The Use of Accounting Information
in Bank Lending Decisions,” Accounting, Organizations, and Society, 14, 3, pp. 235 -
246.

Davis, D. L., Davis, R. D., and Shrode, W. S., 1987, "Decision Support Systems (DSS)
Design for Operations Managers: An Empirical Study of the Impact of Report Design
and Decision Style on Effective Choice," Journal of Operations Management, 7, 1,2, pp.
47 - 62.

Dawes, R. M., 1979, "The Robust Beauty of Improper Linear Models in Decision
Making," American Psychologist, 34, 7, pp. 571 - 582.

Desanctis, G. and Jarvenpaa, S. L., 1989, "Graphical Presentation of Accounting Data for
Financial Forecasting: An Experimental Investigation,” Accounting, Organizations, and
Society, 14, 5/6, pp. 509 - 525.

Dukerich, J. M., and Nichols, M. L., 1991, "Causal Information Search in Managerid
Decison Making," Organizational Behavior and Human Decision Processes, 50, pp. 106
- 122.

Einhorn, H. J., and Hogarth, R. M., 1981, "Behaviora Decision Theory: Processes of
Judgment and Choice," Journal of Accounting Research, 19, 1, pp. 1 - 31.

Eining, M. M., and Dorr, P. B., 1991, "The Impact of Expert System Usage on
Experientia Learning in an Auditing Setting,” Journal of Information Systems, 5, pp. 1 -
16.

Engle, R. W., 1996, "Working Memory and Human Cognition,” In: Counterpoints:
Cognition, Memory, and Language, Series editor Marschark, M., Oxford University
Press, New Y ork.

Etzioni, A., 1988, "Normative-Affective Factors: Toward a New Decision-Making
Model," Journal of Economic Psychology, 9, pp. 125 - 150.

78



Ford, JK., Schmitt, N., Schechtman, S. L., Hults, B. M., and Doherty, M. L., 1989,
"Process Tracing Methods: Contributions, Problems, and Neglected Research Questions,”
Organizational Behavior and Human Decision Processes 43, 1, pp. 75 - 117.

Frederick, D. M., 1991, "Auditors Representation and Retrieval of Internal Control
Knowledge," The Accounting Review, 66, 2, pp. 240 - 258.

Frownfelter-Lohrke, C., 1998, "The Effects of Differing Information Presentations of
Genera Purpose Financial Statements on Users Decisions,” Journal of Information
Systems, 12, 2, pp. 99 - 107.

Gadenne, D., and Isdlin, E. R., 2000, "Properties of Accounting and Finance Information
and Their Effects on the Performance of Bankers and Models in Predicting Company
Failure," Journal of Business Finance and Accounting, 27, 1/2, pp. 155 - 193.

Glover, S. M., Prawitt, D. F., and Spilker, B. C., 1997, "The Influence of Decision Aids
on User Behavior: Implications for Knowledge Acquisition and Inappropriate Reliance,”
Organizational Behavior and Human Decision Processes 72, 2, pp. 232 - 255.

Goldstein, W. M., and Hogarth, R. M., 1997, "Judgment and Decision Research: Some
Historical Context,” In: Research on Judgment and Decision Making: Currents,
Connections, and Controversies, edited by Goldstein, W. M., and Hogarth, R. M., pp. 3 -
65.

Gorry, G. A., and Scott-Morton, M. S., 1971, "A Framework for Management
Information Systems," Soan Management Review, pp. 55 - 70.

Hahn, M., Lawson, R., and Lee, Y. G., 1992, "The Effects of Time Pressure and
Information Load on Decision Quality," Psychology and Marketing, 9, 5, pp. 365 - 378.

Harris, R. J,, 1981, "Inferencesin Information Processing,” The Psychology of Learning
and Motivation, 15, pp. 81 - 128.

Harvey, O. J., Hunt, D. E., and Schroder, H. M., 1961, Conceptual Systems and
Personality Organization, Wiley: New Y ork.

Helgeson, J. G., and Ursic, M. L., 1993, "Information Load, Cost/benefit Assessment and
Decision Strategy Variability," Journal of the Academy of Marketing Science, 21, 1, pp.
13- 20.

Hirt, E. R., Levine, G. M., McDonald, H. E., Mdton, R. J., and Martin, L. L., 1997, "The

Role of Mood in Quantitative and Qualitative Aspects of Performance: Single or Multiple
Mechanisms?," Journal of Experimental Social Psychology, 33, pp. 602 - 629.

7



Hoch, S. J., and Schkade, D. A., 1996, "A Psychological Approach to Decision Support
Systems," Management Science, 42, 1, pp. 51 - 64.

Hogarth, R. M., 1993, "Accounting For Decisions And Decisions For Accounting,”
Accounting, Organizations, and Society, 18, 5, pp. 407 - 424.

Hulland, J. S., and Kleinmuntz, D. N., 1994, "Factors Influencing the Use of Internal
Summary Evaluations versus External Information in Choice,” Journal of Behavioral
Decision Making, 7, pp. 79 - 102.

Hunton, J. E., and McEwen, R. A., 1997, "An Assessment of the Relation Between
Analysts Earnings Forecast Accuracy, Mativational Incentives and Cognitive
Information Search Strategy,” The Accounting Review, 72, 4, pp. 497 - 515.

Hwang, M. |, and Lin, J. W., 1999, "Information Dimension, Information Overload and
Decision Quality,” Journal of Information Science, 25, 3, pp. 213 - 218.

Iselin, E. R., 1989, "The Impact of Information Diversity on Information Overload
Effects in Unstructured Managerial Decision Making," Journal of Information Science
Principles and Practice, 15, 3, pp. 163 - 173.

Iselin, E. R., 1990, "Information, Uncertainty, and Managerial Decision Quality: An
Experimental Investigation,” Journal of Information Science, 16, 4, pp. 239 - 248.

Iselin, E. R., 1993, "The Effects of the Information and Data Properties of Financial
Ratios and Statements on Managerial Decision Quality,” Journal of Business Finance
and Accounting, 20, 2, pp. 249 - 266.

Isdlin, E. R., 1996, "Accounting Information and the Quality of Financial Managerial
Decisions,” Journal of Information Science, 22, 2, pp. 147 - 153.

Isen, A. M., 1984, "Toward Understanding the Role of Affect in Cognition,” In:
Handbook of Social Cognition Volume 3, edited by R. S. Wyer, Jr. and T. K. Srull,
Hillsdale, NJ: Lawrence Erlbaum Associates, pp. 179 - 236.

Just, M. A., and Carpenter, P. A., 1992, "A Capacity Theory of Comprehension:
Individual Differencesin Working Memory," Psychological Review, 99, 1, pp. 122 - 149.

Kachelmeier, S. J,, and Messier, W. F., Jr., 1990, "An Investigation of the Influence of a
Nonstatistical Decision Aid on Auditor Sample Size Decisions,” The Accounting Review,
65, 1, pp. 209 - 226.

Kadous, K., 1996, "Discussion of: Measuring Cognitive Effort During Analytical
Review: A Process-Tracing Framework With Experimental Results," Auditing: A Journal
of Practice and Theory, 15, pp. 111 - 114.



Kahneman, D., and Tversky, A., 1979, "Intuitive Predictions: Biases and Corrective
Procedures,” TIMS Sudies in the Management Sciences, 12, pp. 313 - 327.

Kanaan, G. K., 1993, "Psychology and Financial Decisions: A Literature Assessment,”
Managerial Finance, 19, 5, pp. 1 - 10.

Kaplan, S. E., and Reckers, P. M. J., 1989, "An Examination of Information Search
During Initial Audit Planning,” Accounting, Organizations, and Society, 14, 5, pp. 539 -
550.

Kelliher, C. F., Jr., 1990, "An Empirical Investigation Of The Effects Of Personality
Type And Variation In Information Load On The Information Search Strategies
Employed By Decision-Makers,” Unpublished Doctoral Dissertation, TexasA & M
University.

Kida, T., 1984, "The Impact of Hypothesis-Testing Strategies on Auditors Use of
Judgment Data," Journal of Accounting Research, 22, 1, pp. 332 - 340.

Kida, T., and Smith, J. F., 1995, "The Encoding and Retrieval of Numerical Data for
Decision Making in Accounting Contexts: Model Development,” Accounting,
Organizations, and Society, 20, 7/8, pp. 585 - 610.

Kida, T., Smith, J. F., and Maletta, M., 1998, "The Effects of Encoded Memory Traces
for Numerical Data on Accounting Decision Making," Accounting, Organizations, and
Society, 23, 5/6, pp. 451 - 466.

Kida, T., Moreno, K. K., and Smith, J. F., 2001, "The Influence of Affect on Managers
Capital-Budgeting Decisions," Contemporary Accounting Research, 18, 3, pp. 477 - 494.

Klayman, J., and Ha, Y-W., 1987, "Confirmation, Disconfirmation, and Information in
Hypothesis Testing," Psychological Review, 94, 2, pp. 211 - 228.

Klein, K., and Fiss, W. H., 1999, "The Reliability and Stability of the Turner and Engle
Working Memory Task," Behavior Research Methods, Instruments, & Computers, 31, 3,
pp. 429 - 432.

Kleinmuntz, B., 1990, "Why We Still Use Our Heads Instead of Formulas: Toward an
Integrative Approach,” Psychological Bulletin, 107, 3, pp. 296 - 310.

Kottemann, J. E., Davis, F. D., and Remus, W. E., 1994, "Computer-Assisted Decision

Making: Performance, Beliefs, and Illusion of Control," Organizational Behavior and
Human Decision Processes, 57, pp. 26 - 37.

81



Kowalczyk, T. K., and Wolfe, C. J., 1998, "Anchoring Effects Associated With
Recommendations From Expert Decision Aids: An Experimental Analysis," Behavioral
Research in Accounting, 10, Supplement, pp. 147 - 169.

Krishnamoorthy, G., Mock, T. J., and Washington, T. M., 1999, "A Comparative
Evaluation of Belief Revison Modelsin Auditing,” Auditing: A Journal of Practice and
Theory, 18, 2, pp. 105 - 127.

LaPointe, L., B., and Engle, R. W., 1990, "Simple and Complex Word Spans as
Measures of Working Memory Capacity,” Journal of Experimental Psychology:
Learning, Memory, and Cognition, 16, 6, pp. 1118 - 1133.

Lee, H., Herr, P. M., Kardes, F. R., and Kim, C., 1999, "Motivated Search: Effects of
Choice Accountability, Issue Involvement, and Prior Knowledge on Information
Acquisition and Use," Journal of Business Research, 45, pp. 75 - 88.

Libby, R., 1981, Accounting and Human Information Processing: Theory and
Applications, Englewood Cliffs, NJ. Prentice Hall.

Libby, R., and Lewis, B. L., 1977, "Human Information Processing Research in
Accounting: The State of the Art," Accounting, Organizations, and Society, 2, 3, pp. 245
- 268.

Libby, R., and Luft, J., 1993, "Determinants of Judgment Performance in Accounting
Settings: Ability, Knowledge, Motivation, and Environment,” Accounting, Organizations,
and Society, 18, pp. 425 - 450.

Libby, R., Bloomfield, R., and Nelson, M. W., 2001, "Experimental Research in
Financial Accounting,” Working paper.

Lowe, D. J,, and Reckers P. M. J., 2000, "The Use of Foresight Decision Aidsin
Auditors Judgments,” Behavioral Research in Accounting, 12, pp. 97 - 118.

Mancuso, Anthony J., 1992, "Analytical Procedures,” The CPA Journal Online,
http://www.nysscpa.org/cpajournal/old/12268860.htm, Accessed 7/06/01, 4/1/1992.

Meehl, P. E., 1954, Clinical Versus Satistical Prediction; A Theoretical Analysisand a
Review of the Evidence, Minneapolis, University of Minnesota Press.

Messier, W. F., Jr., 1995, "Research in and Development of Audit Decision Aids,"
Chapter 8 in: Judgment and Decision-Making Research in Accounting and Auditing,
edited by R. H. Ashton, and A. H. Ashton, Cambridge, U.K.: Cambridge Press.

Miller, G. A., 1956, "The Magical Number Seven, Plus or Minus Two: Some Limits on
Our Capacity for Processing Information,”" Psychological Review, 63, pp. 81 —97.

82



Mittal, V., and Ross, W. T., Jr., 1998, "The Impact of Positive and Negative Affect and
Issue Framing on Issue Interpretation and Risk Taking," Organizational Behavior and
Human Decision Processes, 76, 3, pp. 298 - 324.

Miyake, A., and Shah, P., 1999, Models of Working Memory : Mechanisms of Active
Maintenance and Executive Control, edited by Miyake, A., and Shah P., New Y ork:
Cambridge University Press.

Moeckel, C., 1990, "The Effect of Experience on Auditors Memory Errors," Journal of
Accounting Research, 28, 2, pp. 368 - 387.

Moeckel, C., and Plumlee, R. D., 1989, "Auditors Confidence in Recognition of Audit
Evidence," The Accounting Review, 64, 4, pp. 653 - 666.

Moon, P., and Keasey, K., 1992, "Information and Decision Making: A Search for
Method and Understanding,” Managerial and Decision Economics, 13, pp. 441 - 452.

Murphy, D. S., 1990, "Expert System Use and the Development of Expertise in Auditing:
A Preliminary Investigation,” Journal of Information Systems, 4, 3, pp. 18 - 35.

Naveh-Benjamin, M., Craik, F. I. M., Gavrilescu, D., and Anderson, N. D., 2000,
"Asymmetry Between Encoding and Retrieval Processes: Evidence From Divided
Attention and a Calibration Analysis," Memory and Cognition, 28, 6, pp. 965 - 976.

Nelson, M. W., Libby, R., and Bonner, S. E., 1995, "Knowledge Structure and the
Estimation of Conditional Probabilitiesin Audit Planning,” The Accounting Review, 70,
1! pp- 27 - 47.

Newel, A., and Simon, H. A., 1972, Human Problem Solving, Englewood Cliffs, N.J.,
Prentice-Hall.

Peterson, D. K., and Pitz, G. F., 1986, "Effect of Input From a Mechanical Model on
Clinical Judgment,” Journal of Applied Psychology, 71, 1, pp. 163 - 167.

Petty, R., and Cacioppo, J., 1986, "The Elaboration Likelihood Model of Persuasion,”
Advanced Experimental Social Psychology, 19, pp. 123 - 205.

Petty, R., Schumann, D., Richmann, S., and Strathman, A., 1993, "Positive Mood and
Persuasion: Different Roles for Affect Under High- and L ow-elaboration Conditions,”
Journal of Personality and Social Psychology, 64, 1, pp. 5 - 20.

Ricchiute, D. N., 1992, "Working-Paper Order Effects and Auditors Going-Concern
Decisiors," The Accounting Review, 67, 1, pp. 46 - 58.



Richardson, J. T. E., 1996, "Evolving Concepts of Working Memory," In: Working
Memory and Human Cognition, from: Counterpoints. Cognition, Memory, and
Language, Series editor Marschark, M., Oxford University Press, New Y ork, pp. 3 - 30.

Roberts, F. D., and Rose, J. M., 2002, "An Expanded Model of Memory for Financial
Data, Affective Responses to Financial Data, and Financial Decision Making," Working

paper.

Roch, S. G, Lane, J. A. S., Samuelson, C. D., Allison, S. T., and Dent, J. L., 2000,
"Cognitive Load and the Equality Heuristic: A Two-Stage Model of Resource
Overconsumption in Small Groups,” Organizational Behavior and Human Decision
Processes, 83, 2, pp. 185 - 212.

Rose, J. M., 2001, "The Effects of M ultimedia-Induced Affective States on Recall and
Decision-Making by Individua Investors,” International Journal of Accounting
Information Systems 2, pp. 22 - 40.

Rose, J. M., 2002, "Behavioral Decision Aid Research: Decision Aid Use and Effects,”
In: Researching Accounting as an Information Systems Discipline, edited by V. Arnold
and S. Sutton, Sarasota, FL: American Accounting Association.

Rosen, V. M., 1996, "Individual Differencesin Working Memory Capacity and
Resistance to Interference in a Paired-Associates Task," Unpublished Doctoral
Dissertation, University of South Carolina.

Rosen, V. M., and Engle, R. W., 1997, "The Role of Working Memory Capacity in
Retrieval,” Journal of Experimental Psychology: General, 126, 3, pp. 211 - 227.

Rosen, V. M., and Engle, R. W., 1998, "Working Memory Capacity and Suppression,”
Journal of Memory and Language, 39, 3, pp. 418 - 436.

Sdlterio, S., 1996, "Decision Support and Information Search in a Complex Environment:
Evidence from Archival Datain Auditing,” Human Factors, 38, 3, pp. 495 - 505.

Schick, A. G., Gordon, L. A., and Haka, S., 1990, "Information Overload: A Temporal
Approach," Accounting, Organizations, and Society, 15, 3, pp. 199 - 220.

Schroder, H. M., Driver, M. J., and Streufert, S., 1967, Human Information Processing,
Holt, Rinehart and Winston.

Sherman, S. J., Zehner, K. S., Johnson, J., and Hirt, E. R., 1983, "Social Explanation: The
Role of Timing, Set, and Recall on Subjective Likelihood Estimates,” Journal of
Personality and Social Psychology, 44, 6, pp. 1127 - 1143.



Shields, M. D., 1980, "Some Effects of Information Load on Search Patterns Used to
Analyze Performance Reports,” Accounting, Organizations, and Society, 5, 4, pp. 429 -
442.

Shields, M. D., 1983, "Effects Of Information Supply And Demand On Judgment
Accuracy - Evidence From Corporate Managers,” The Accounting Review, 58, 2, pp. 284
- 303.

Simnett, R., 1996, "The Effect of Information Selection, Information Processing and

Task Complexity on Predictive Accuracy of Auditors,” Accounting, Organizations, and
Society, 21, 7/8, pp. 699 - 719.

Simon, H. A., 1956, "Rational Choice and the Structure of Environments,” Psychological
Ra/l alvl pp- 129 - 38.

Sinclair, R., 1988, "Mood, Categorization Breadth, and Performance Appraisal: The
Effects of Order of Information Acquisition and Affective State on Halo, Accuracy,
Information Retrieval, and Evaluations,” Organizational Behavior and Human Decision
Processes, 42, 1, pp. 22 - 46.

Smith, J. F., and Kida, T., 1991, "Heuristics and Biases: Expertise and Task Realism in
Auditing," Psychological Bulletin, 109, 3, pp. 472 - 489.

Solomon, I., and Shields, M. D., 1995, "Judgment and Decision-Making Research in
Auditing,” Chapter 6 in: Judgment and Decision-Making Research in Accounting and
Auditing, edited by R. H. Ashton, and A. H. Ashton, Cambridge, U.K.: Cambridge Press.

Speier, C., Vaacich, J. S, and Vessey, 1., 1999, "The Influence of Task Interruption on
Individual Decision Making: An Information Overload Perspective,” Decision Sciences,
30, 2, pp. 337 - 360.

Spilker, B. C., 1995, "The Effects of Time Pressure and Knowledge on Key Word
Selection Behavior in Tax Research,” The Accounting Review, 70, 1, pp. 49 - 70.

Spilker, B. C., and Prawitt, D. F., 1997, "Adaptive Responses to Time Pressure: The
Effects of Experience on Tax Information Search Behavior,” Behavioral Research in
Accounting, 9, pp. 172 - 198.

St. George, M., Mannes, S., and Hoffman, J. E., 1997, "Individual Differencesin
Inference Generation: An ERP Analysis,” Journal of Cognitive Neuroscience, 9, 6, pp.
776 - 787.

Stocks, M. H., and Tuittle, B., 1998, "An Examination of Information Presentation Effects
on Financial Distress Predictions,” Advances in Accounting Information Systems, 6, pp.
107 - 128.



Stone, D. N., and Schkade, D. A., 1991, "Numeric and Linguistic Information
Representation in Multiattribute Choice,” Organizational Behavior and Human Decision
Processes, 49, 1, pp. 42 - 59.

Streufert, S., and Castore, C. H., 1971, "Information Search and the Effects of Failure: A
Test of Complexity Theory," Journal of Experimental Social Psychology, 7, 1, pp. 125 -
143.

Streufert, S., Suedfeld, P., and Driver, M. J., 1965, "Conceptual Structure, Information
Search, and Information Utilization," Journal of Personality and Social Psychology, 2, 5,
pp. 736 - 740.

Sutton, S. G., 1993, "On Audit Epistemology and Auditors Cognitive Processing: The
Societal Impact of Information Technologies,” Advancesin Accounting Information
Systems, 2, pp. 1 - 13.

Svenson, O., 1979, "Process Descriptions of Decision Making," Organizational Behavior
and Human Decision Processes, 23, pp. 86 - 112.

Swain, M. R., and Haka, S. F., 2000, "Effects of Information Load on Capital Budgeting
Decisions," Behavioral Research in Accounting, 12, pp. 171 —198.

Sweller, J., 1999, Instructional Design in Technical Areas, edited by Miller, E., The
Australian Council for Educational Research Ltd, Camberwell, Victoria

Swinney, L. S., 1993, "Expert Systems in Auditing: Decision Aid or Decision
Subjugation,” Unpublished Doctoral Dissertation, University of Nebraska - Lincoln.

Swinney, L. S., 1995, "The Explanation Facility and the Explanation Effect,” Expert
Systems With Applications, 9, 4, pp. 557 - 567.

Tenopir, C., Nahl-Jakobovits, D., and Howard, D. L., 1991, "Strategies and Assessments
Online: Novices Experience,” Library and Information Science Research, pp. 237 - 266.

Todd, P. and Benbasat, I., 1994, "The Use of Information in Decision-Making: An
Experimental Analysis of the Role of Cognitive Effort,” Organizational Behavior and
Human Decision Processes, 60, pp. 36 - 74.

Todd, P. and Benbasat, 1., 1994, "The Influence Of Decision Aids On Choice Strategies
Under Conditions Of High Cognitive Load," |EEE Transactions on Systems, Man, and
Cybernetics, 24, 4, pp. 537 - 547.

Tversky, A., and Kahneman, D., 1974, "Judgment under Uncertainty: Heuristics and
Biases," Science, 185, pp. 1124 - 1131.



Whitecotten, S. M., 1996, "The Effects of Experience and Confidence on Decision Aid
Reliance: A Causal Model," Behavioral Research in Accounting, 8, pp. 194 - 216.

Whitecotten, S. M., and Butler, S. A., 1998, "Influencing Decision Aid Reliance Through
Involvement in Information Choice," Behavioral Research in Accounting, 10,
Supplement, pp. 182 - 206.

Woffard, J. C., and Goodwin, V. L., 1990, "Effects of Feedback on Cognitive Processing
and Choice of Decision Style," Journal of Applied Psychology, 75, 6, pp. 603 - 612.

87



APPENDI X



Tablel. Operation-Word Span Task.

Operation

Word

[(5/1)-(3X2)]+4=3
[(2/1)+(7X7)]-2=51
[(4X2)-(10/2)]+1=4
[(4/2)+(9X2)]-1=21
[(5/1)+(6X1)]-1=12
[(3/1)-(3X2)]+3=0
[(9X7)+(9/3)]-1=68
[(6/2)-(4X2)]+8=3
[(6X2)-(5/1)]+2=9
[(3/1)+(6X2)]-2=15
[(10/1)+(6X3)]-1=29
[(4/2)+(10X2)]-1=22
[(6X3)+(6/3)]-2=20
[(3/1)+(10X5)]-1=54
[(6X4)-(10/1)]+1=15
[(9/1)+(6X4)]-7=27
[(10/2)-(3X 1)]+4=6
[(8X1)-(3/3)]+5=12
[(4X2)-(5/1)]+1=4
[(6X4)-(4/1)]+1=21
[(10X2)-(8/1)]+3=15
[(3X2)-(5/5)]+1=2
[(9/1)-(4X 2)]+6=8
[(3X1)+(10/1)]-2=13
[(3/1)-(4X 1)]+1=0
[(10/2)+(7X3)]-4=2
[(7X7)-(6/2)]+1=47
[(10X6)-(10/2)]+1=56
[(3X2)+(9/3)]-1=9
[(7X2)-(2/2)]+3=16
[(7X1)-(3/1)]+6=10
[(8X1)-(9/3)]+8=13
[(6/2)-(2X 1)]+1=2

need

pair
dust
lock
rock
wire
close
break
beach
hall
green
camp
cut
help

am
forth
roll
jump
cause
am
blue
knife
mouth
score
knee
sum
heat
add
guy
own
file

Operation

[(7/1)-(2X1)]+6=12
[(9/3)+(6X 4)]-3=24
[(6X1)+(9/1)]-6=8
[(4/2)+(8X1)]-2=10
[(9/3)-(2X 1)]+1=2
[(4/1)+(7X2)]-4=15
[(10/1)-(3X 2)]+3=7
[(10X2)-(4/2)]+3=21
[(2X1)-(4/2)]+1=1
[(8/1)+(9X 1)]-5=10
[(8X4)-(8/1)]+2=26
[(5/5)-(3X 1)]+4=2
[(9/1)-(4X 2)]+8=8
[(10/2)-(8X 1)]+6=5
[(2/2)+(4X2)]-2=8
[(8/1)+(8X4)]-6=36
[(10/1)-(6X2)]+7=5
[(3/3)-(2X 1)]+1=0
[(5/1)-(3X2)]+4=3
[(3/1)-(6X1)]+9=6
[(8/4)+(6X3)]-2=18
[(4X2)+(3/1)]-2=7
[(10/1)+(6X4)]-9=24
[(4/2)+(9X2)]-1=17
[(7X2)+(6/2)]-1=19
[(7X7)+(2/1)]-1=52
[(9/1)-(5X2)]+5=4
[(7X1)+(3/3)]-6=4
[(10/1)-(4X 2)]+3=5
[(10/2)-(4X 1)]+4=5
[(10/1)-(3X4)]+9=7
[(10/1)+(3X3)]-5=12
[(10/2)-(3X 2)]+6=6
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Table 2. Descriptive Statistics— Experiment One.

Variable N Mean Deviaion Minimum Maximum
Positive Aid Recommendation®:
New/Consistent 33 326%  24.6% 0.0% 75.0%
New/Inconsistent 33 6.1% 15.3% 0.0% 50.0%
Final assessment 33 357 21.1 0.0 75.0
Revision of assessment 33 -4.0 21.7 -62.0 57.0
Working memory span 33 501 8.0 34.0 65.0
Self-perceived usefulness of the aid 33 56.2 335 0.0 100.0
Self-perceived reliability of the aid 33 549 29.6 0.0 100.0
Negative Aid Recommendation™
New/Consistent 31 50.0%  28.1% 0.0% 100.0%
New/Inconsistent 31 89% 18.9% 0.0% 75.0%
Final assessment 31 689 21.1 10.0 90.0
Revision of assessment 31 -13 20.3 -50.0 60.0
Working memory span 31 489 9.2 25.0 63.0
Self-perceived usefulness of the aid 31 610 37.3 0.0 100.0
Self-perceived reliability of the aid 31 654 24.6 10.0 100.0

! Averaged across aid timing.



Table 3. Assessments— Experiment One.

Pand A: ANOVA on Assessment Bias

Sum of Mean
Source Squares aof Square F Sig._
Aid Timing 1.686 1 1.686 0004 0.950
Aid Type 16622.991 1 16622.991 38743 0.000
Aid Type* Aid Timing 72.520 1 72520 0169 0.682
Working Memory Capecity* 2192.984 1 2192984 5111 0.027
Error 25314.728 59 429,063
Total 45365.000 64
R square = .440
Panel B: ANOVA on Assessment Revision
Sum of Mean
Source Squares af Square F Sg.
Aid Timing 22.408 1 22.408 0077 0.783
Aid Type 182727 1 182727 0624 0433
Aid Type* Aid Timing 8021.298 1 8021.298 27.407 0.000
Working Memory Capecity* 1278421 1 1278421 4368 0.041
Error 17267.789 59 202.674
Tota 27984.000 64
R square=.373

1 Working memory capacity was also included in the model as a categorical variable with
subjects split into groups of high and low working memory capacities. Results using this
variable are unchanged for the two main effects and interaction. Working memory
capacity is not statisticaly significant for the assessment bias model but is statistically
significant in the assessment revision model at p = 0.074. Thisis most likely an artifact
due to alack of adequate variation and small sample sizes.
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Table4. Correlation Analysis— Experiment One.

New/Incongstent | Number Incorrect| Assessment Bias|  Span Score

New/Consgtent 0.270* 0.748** 0214 -0.248 *
0.031 0.000 0.089 0.048
n=64 n=64 n=64 n=64

New/Inconsistent 0507 ** -0.033 -0.274*
0.000 0.798 0.029
n=64 n=64 n=64

Number Incorrect 0.137 -0.363**
0.281 0.003
n=64 n=64

Asesaneant Bias -0.263 *
0.036
n=64

* Corrdaionissgnificant at the 0.05 leve (2-tailed)
** Corrdationissgnificant at the 0.01 level (2-tailed)
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Table5. Memory Reconstruction — Experiment One.

Pandl A: Mean comparisons

New/Consistent New/Inconsgent _ All errors
High working memory capacity 36.5% 34% 22.6%
Low working memory capacity 47.2% 13.0% 30.1%

Pand B: ANOVA on New/Cond stent minus New/Incons stent

Sum of Mean
Source Squares df Square F Sg.

Aid Timing 0.015 1 0.015 0195 0661
Aid Type 0.322 1 0.322 4000 0048
Aid Type* Aid Timing 0.001 1 0.001 0014 0.908
Working Memory Capecity* 0.023 1 0.023 0286 059
Error 4.652 59 0.079
Tota 12.250 64
R square=.075

! Working memory capacity was aso included in the model as a categorical variable
indicating high and low working memory capacities. Results using this variable are
unchanged from those shown here.
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Table 6. Descriptive Statistics— Experiment Two.

Variable N Mean Deviaion Minimum Maximum

Positive Aid Recommendation®:

New/Consi stent 97 384%  29.8% 0.0% 100.0%
New/Incons stent 97 11.3% 21.0% 0.0% 100.0%
Cuedirectionindex 1 B -05 19 -6.0 4.0
Cuedirectionindex 2 B -30 79 -21.0 13.0
Search direction index 1 % -0.8 18 -6.0 4.0
Search direction index 2 % -54 6.6 -21.0 13.0
Find assessment B 434 231 0.0 93.0
Revison of assessment 9B -0.6 29.7 -77.0 64.0
Sdlf-perceived usefulness of the aid B 54.3 29.2 0.0 100.0
Self-perceived rdiability of theaid e 3] 52.7 24.2 0.0 93.0
Negative Aid Recommendation™

New/Consi stent B 41.8% 282% 0.0% 100.0%
New/Inconsi stent B 13.0% 19.7% 0.0% 100.0%
Cuedirectionindex 1 9 -1.2 20 -6.0 20
Cuedirectionindex 2 e8] -6.5 7.7 -21.0 11.0
Search direction index 1 %5 -05 17 -4.0 40
Search direction index 2 %5 -5.1 6.8 -200 11.0
Find assessment 9 69.5 214 13.0 100.0
Revison of assessment 9 34 231 -50.0 64.0
Sdlf-percaived usefulness of the aid 9B 614 25.7 0.0 100.0
Sdlf-perceived reliability of theaid B 59.3 24.9 0.0 100.0

! Averaged across aid timing.



Table7. Memory Error Mean Comparisons— Experiment Two.

Aid Type

Positive

Negative

Total

Aid Timing
Early Delayed Late
35.8%° 45.0% 33.6%
14.204° 12.1% 7.8%
46.6% 46.7% 31.5%
13.5% 17.5% 8.1%
41.8% 45.8% 32.5%
13.8% 14.6% 7.9%

Totd

38.4%
11.3%

41.8%
13.0%

®M ean inaccurate New/Consistent identifications.
PMean inaccurate New/Inconsistent identifications.



Table 8. Repeated Measures ANOVA Model: Reconstruction® — Experiment Two.

Panel A: Within-subjects contrasts

Sum of Mean
Source Squares df Sguare F Sig._
Recongtruction 0.570 1 0570 13649 0.000
Reconstruction * Aid Timing 0070 2 0035 083 0435
Recongtruction * Aid Type 0.007 1 0007 0158 0.691
Recongtruction * Perceived Usefulnessof Aid ~ 0.007 1 0007 0172 0.678
Reconstruction * Student Type 0.005 1 0005 0123 0.727

Panel B: Between-subjects effects

Sum of Mean
Source Squares df Sguare F Sg.
Aid Timing 0910 2 0455 5949 0.003
Aid Type 0.010 1 0010 0227 0722
Percelved Usefulness of Aid 0.664 1 0664 8687 0004
Student Type 0.320 1 0320 4180 0042

& The difference between percentage of New/Consistent items incorrectly identified as
being in the original dataset and percentage of New/Inconsistent items incorrectly
identified as being in the original dataset.



Table9. Search and Cue Usage— Experiment Two.

Pandl A: ANOVA for Search Direction Index

Sum of Mean
Source Squares o  Square F S g

Aid Timing 1.081 1 1.081 0025 0.875
Aid Type 2.744 1 2.744 0.063  0.802
Aid Type* Aid Timing 176.741 1 176.741  4.053 0.046
Error 5364.114 123 43.611
Tota 8183.000 127
R square = .032

Panel B: ANOVA for Cue Usage Direction Index

Sum of Mean
Source Squares d  Square F Sig.
Aid Timing 41.998 2 20999 0344 0.710
Aid Type 623.317 1 623317 10.198 0.002
Aid Type* Aid Timing 166.235 2 83117 1360 0.259
Error 11613458 190 61.123
Tota 16848.000 196

R square = .066
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Table 10. Memory Reconstruction — Experiment Two.

Pand A: ANOVA of New/Cond stent minus New/Incond stent

Sum of Mean
Source Squares df Square F Sig.

Aid Timing 0.133 2 0.067 0.800 0.451
Aid Type 0.012 1 0.012 0.144 0.705
Aid Type* Aid Timing 0.227 2 0.114 1.363 0.258
Percelved Usefulness of Aid 0.008 1 0.008 0.100 0.752
Student Type 0.012 1 0.012 0.149 0.700
Error 15.488 186 0.083
Tota 31.063 1A
R square =.025



Table 11. Assessments— Experiment Two.

Pand A: ANOVA of Find Assessment

Sum of Mean
Source Squares df Square F Sg_].
Aid Timing 424.549 2 212275  0.429 0.652
Aid Type 33360.269 1 33360269 67.373 0.000
Aid Type* Aid Timing 1749.140 2 874570  1.766 0.174
Error 4575794 191 495161
Totd 759174000 197
R square=.273
Pand B: ANOVA of Assessment Revison
Sum of Mean
Source Squares df Square F Sg.
Aid Timing 3076.898 2 1538449 2977 0.053
Aid Type 836.345 1 836.345  1.619 0.205
Aid Type* Aid Timing 36773.234 2 18386.617 35583 0.000
Error 98693.721 191 516.721
Totd 139165.000 197
R square = .289



Table 12. Table of Findings.

Hypothess

H1: Decison-makers using adecision aid will recongtruct memory for finencid
datato match the affective regponse induced by the aid recommendation.

H2a Decison-makers usng adecigon aid will seerch more positive (negetive)
information when the decison aid's recommendetion is poditive (negéive).

H2b: Decison-makersusng adecison aid will rank positive (negative)
information cues as more important than negative (postive) cues when the ad's
recommendation is pogitive (negétive).

H3a Decison-mekers recaiving the decison ad' s recommendation early inthe
decison-making process will exhibit less memory recongruction effects than
those recaiving the ad' s recommendation late in the decison-making process

H3b: Decison-makers recaiving the decison ad' s recommendation early in the
decison-making process will exhibit seerch patterns different from those
recaiving thead' srecommendation latein the decigon-making process.

H3c: Dedson-mekersrecaiving the decison ad's recommendation early inthe
decison-making process will exhibit cue usage patterns different from those
recaiving thead' srecommendation latein the deciSon-making process.

H4: Decison-makers usng adecison aid will reech more positive (negative)
find judgments when the aid's recommendetion is positive (negetive).

H5a Therewill be anegative assodiaion between decison-mekers working
memory cgpacity and memory recongruction effects.

H5b: There will be a negative assodiation between decison-meakers working
memory cgpacity and theinfluence of aid recommendations on judgments.

Supported

Supported

Supported

Not supported

Supported

Not supported

Supported

Not supported

Supported
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Decision Aid
Recommendation

—>

Affective Decision Decision
Response Processes Performance
Individual and
Task
Differences

Figure 1. Construct Model.
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H1, H2 H4

High or Low Positive or Searcl Likelihood
Likelihood Negative Cue Usage Judgment
of Future —» Affective Reconstruction [P
Financial Response
Difficulty
H5 H3
Working Decision Aid
Memory Timing
Capacity
Hypotheses
H1 Decision-makersusing adecision aid will reconstruct memory for financial datato

H2

H3

H4

H5

match the affective response induced by the aid recommendation.

Decision-makers using a decision aid will exhibit search patterns and cue usage
patterns influenced by the decision aid recommendation.

The time at which the decision aid's recommendation is introduced will affect the
level of influence the decision aid recommendation has on the decision-maker’s
memory and cognitive processes.

Decision-makers using a decision aid will reach more positive (negative) final
judgments when the aid's recommendation is positive (negative).

Decision-makers working memory capacities will be negatively associated with
the amount of influence the decision aid has on their decision-making processes.

Figure 2. Operational Model and Hypotheses.
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Early Introduction

Initial case information

Late Introduction

!

Initial case information

Decision aid
recommendation

Make initial assessment

|

|

View ratios

Make initial assessment

View ratios

|

!

Decision aid
recommendation

Make final assessment

!

|

Make final assessment

Working memory task

|

!

Working memory task

Reconstruction task

!

Reconstruction task

Figure 3. Sequence of Procedures— Experiment One.




Early Introduction

Delayed Introduction

Late Introduction

Initial case information

Initial case information

Initial case information

!

|

|

Decision aid
recommendation

Make initial assessment

View ratios

Make initial assessment

View ratios

Make initial assessment

|

|

|

View ratios

Revise assessment

Decision aid
recommendation

Revise assessment

Ability to search
explanations behind the
ratios

Revise assessment

!

!

!

Ability to search
explanations behind the
ratios

Ability to search
explanations behind the
ratios

Decision aid
recommendation

|

|

|

Make final assessment

Make final assessment

Make final assessment

Cueranking Cue ranking Cueranking
Distracter task Distracter task Distracter task
Reconstruction task Reconstruction task Reconstruction task

Figure4. Sequence of Procedures— Experiment Two.
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Ratios —_— >
Decision Aid EEE—
a— Experiment One.
DecisonAid [——» Ratios
Ratios —»| DecisionAid
Ratios EE— Search

Decision Aid

Search

Search

b — Experiment Two.

Decision Aid

Figure5. Timing of Aid Recommendation Manipulation.
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Assessment Revision

Ealy Late

Figure 6. Effect of Aid on Assessment Revision — Experiment One.
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Likelihood

— & — Early Pos.
L ate Pos.

Initial

Fina

Figure7. Likelihood Assessments— Experiment One.
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---o--- Negative
—=— Pogtive

Search Directi on1

Ddayed

! Search direction is the extent of the positive or negative valence of searched items
accounting for the order of search in an attempt to capture the relative importance of
searched items. Items searched first recelve a weight of 6, items searched second a

weight of 5, and so on. Thisyields a scale ranging from —21 to +21.

Figure 8. Effect of Aid on Search Direction Index — Experiment Two.
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Late
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Figure 9. Effect of Aid Timing on Reconstruction — Experiment Two.
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Assessment Revision

---o--- Early
—=— Delayed
A - Late

Negative Positive

Assessment Revision

Figure 10. Effect of Aid on Assessment Revision — Experiment Two.
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Likelihood

20 |

Initia Second Fina

— —— — Early Neg.

—ma—— Delay Neg.
Late Neg.
Early Pos.

—— Delay Pos.
—-e . —Late Pos.

Figure 11. Likelihood Assessments— Experiment Two.
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