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ABSTRACT

This study deals with finding an optimal rule for accepting customers at a
hotel through the course of a day. Previous endeavors have developed heuristic
methods for approximating the optimal rule. Found here are the optimal rules for
the cases with no reservations allowed and either a single room type or multiple
room types. A Dynamic Programming method is used to generate the optimal
rules. There does not seem to be any reason why the method used here could
not be extended to include the possibility of reservations for some of the
customers. Also, this approach may be effective in solving the more general
problem of considering multiple night stays. Finally, the approach used here can

be applied to similar problems in other industries such as the Airline industry.
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INTRODUCTION

The problem considered here is that of specifying an optimai rule, based
on the current time and remaining capacity of a hotel, that dictates whether to
accept or decline a customer’s request for a room. What is meant by an optimal
rule is a rule that, when followed, results in the maximum expected profit. In
order to accomplish this, it must first be specified what assumptions are made

about the problem and what considerations are taken to find the profit.

Assumptions made about the problem are as follows. First, reservations
for any customer are not considered. To begin with, only hotels with one type of
room are considered, and later resuits will be extended to the case of multiple
room types. Multiple types of customers are considered. Each customer type is
assumed to arrive independently from the others, each by a non-homogeneous
Poisson process. The amount of time required to process a customers request,
i.e. the time it takes for the customer to check in, is not taken into consideration.

Finally, only requests for single night stays are considered.

Customers are divided into different types based on the profit that the hotel
will receive from the customer and the loss the hotel will incur for rejecting the
customer's request. Any two customers that have the same potential profit and

loss associated with them are of the same type. The profit the hotel will receive



from a customer is the price the customer will pay for the room minus the
operating costs, with some customers willing to pay more than others. The cost
the hotel will incur for rejecting a customer must be measured in monetary units,
which can be hard to do practically, and this is based both on monetary
compensation given to the customer and loss of good will from the customer.
Thus, the total profit the hotel receives from a particular customer is either the
profit for accepting if the customer is accepted or minus the cost for rejecting if

the customer is rejected.

Problems like this have been examined in several variations (Weatherford
and Bodily, 1992, and Bitran and Mondschein, 1995). Bitran and Mondschein
have the most advanced study to date. In their paper they look at the cases here
as well as multiple night stays and reservations, however they resort to heuristic
methods of solving the problem. They claim that for the simplest case, the
recursive formula that they assert along with properties that characterize this
formula form a tractable dynamic programming problem (1995). It will be shown
here how the formula asserted by Bitran and Mondschein arises from the dynamic
programming algorithm. It will then be shown how this formula can be used to
actually solve the problem and find the optimal rule for accepting and rejecting

customers in both the single and multiple product case.



The remainder of the paper will be divided into the following chapters.
Chapter one will explore the problem in continuous time. Chapter two will discuss
the dynamic programming algorithm. Chapter three will use the dynamic
programming algorithm to derive a formula for maximum expected profit in the
single room type case. Chapter four will summarize results that Bitran and
Mondschein derived for the single room type case. Chapter five will use a right to
left technique to describe an algorithm that will specify the various acceptance
thresholds that define the optimal rule in the case of only one room type. Chapter
six will generalize the problem to multiple room types and explore a similar
solution to the single room type case. Chapter seven will conclude by pointing

out areas that still require exploration.



CHAPTER ONE

CONTINUOUS TIME FORMULATION

The first goal of this paper is to describe the continuous time formulation of
the problem. To do this, first define the real and random variables involved in the
formulation as follows:

e .7:=[0,T]is the planing horizon.

e C is the total number of hotel rooms.

e 7 :={0, 1,2, ..., C}is the set of possible capacities.

e s is the total number of customer types.

e 7:={1,2, .., s}is the set of customer types.

e Any function BP : .7x #x.7— {0,1} with BP(t,0,i) = O for all t,i in the domain is a
booking policy.

o .47 :={BP| BP is a booking policy}.

e 7 is the profit for accepting a type i customer.

e y;is the cost for rejecting a type i customer.

e Ni(t) is a non-homogeneous Poisson process with parameter Ai(t) counting the
arrivals of type i customers.

e N(t) = Nq(t) + No(t) + ... + Ng(t).

o Y\(t) is the arrival time of the k™ customer, regardless of type.



o Z4(t) is the type of the k™ customer.

BP(t,c,i) = 0 means reject the customer and BP(t,c,i) = 1 means accept the
customer, hence the term booking policy. BP(t,0,i) must be 0 since the hotel

cannot accept a customer if they have no vacancy. Thus, the profit made from a
type i customer is g(t,c,i) = [BP(t,c,)][ m + %] - xi at time t and capacity c.

Obviously, if BP(t,c,i) = 0, g(t,c,i) = -x;, and otherwise, g(t,c,i) = ..

Since Ni(t) is a non-homogeneous Poisson process with parameter A(t)
counting the arrivals of type i customers fori= 1, 2, ..., s; N(t) is a non-
homogeneous Poisson process with parameter A(t):= A¢(t) + A2(t) + ... + As(t)
counting the arrivals of all customers. Yi(t) is the sum of the wait times of the
random variable N(t). If A(t) = A for all t, then the Y\(t)'s have gamma distributions

with parameters A and k. Finally, Pr{Z(t) = i} = Ai(t)/ A(t), for any k.

Define F* . .7x #x82 —.# to be the profit from time t until time T with

capacity ¢ while applying booking policy BP. In order to give a formulation of F*,

first define

k-1

a(ek)= e~ T BR(Y,(tha(c..2,(1).

j=1

where q(c,1) = ¢c. With this,




*(t,c,BP)= Zg( Z,(t)

k=N(t)+1

With this, finding the optimal rule would require calculating
maxgpE[F*(0,C,BP)]. This expected value is with respect to three random
variables. Instead of taking this approach, this paper will consider a discrete
version of the problem where the time interval [0, T] is broken into equal pieces,
each of which can have at most one customer arrival. This is a standard

approach (Bitran and Mondschein, 1995).



CHAPTER TWO

THE DYNAMIC PROGRAMMING ALGORITHM

This paper will make use of the dynamic programming algorithm (DP) later.

Here, the DP algorithm is explained. DP is an algorithm that has a discrete-time
dynamic system and optimizes the expected value of an additive function. The
system is of the form xg+1 = fu(xx, U, W), k=0, 1, ..., N- 1, where

* k indexes discrete time.

o X is the state of the system.

e Uy is the decision variable to be selected at time k.

e W is a random parameter.

¢ N is the number of times the control is applied.

N
The additive function is »_ g, (x.u,, W, ), where gy is the value
k=0

incurred at each time k. Since gx depends on a random variable wy, optimization

takes place on the expected value of the sum.

gk is usually thought of as a cost or a profit function, and optimizing the
expected value means to minimize or maximize the expected value, respectively.

The rest of this chapter will refer only to maximizing the profit since this is what



this paper will deal with. In order to explain how to maximize the profit, Bellman'’s

principle of optimality must be introduced.

The principle of optimality says that if {uo, 11, ..., un-1} is a rule that
maximizes the expected profit from time 0 to time N, then the rule {ui, i1, ..., UN-1}
maximizes the expected profit from time i to time N. Each component of this rule
is a function of the state variable and the random variable that specifies what
decision is to be made at that time, i.e. ux ( Xk, Wk) = ui*, where u* is the optimal
decision at time k. A common analogy used to explain this is that of finding the
shortest route between two cities. If the shortest route between city A and city C
passes through city B, then the shortest route between city B and city C is the B

to C leg of the shortest route from A to C. This is intuitively clear in the example.

Now, it will be shown how the DP algorithm solves the maximization
problem using the principle of optimality through a right to left technique. To
begin with, DP first considers the problem only at the last time period, time N. At
this point, un{xn, WN) = UN® is calculated to maximize E[gn(xn, Un, WN)], i.€.

E[gnO, Un®, wi)] 2 E[gN(XN, U, WN)]
for all possible values of uy. Define Jy (Xn) := E[gn(Xn, UN®, WN)]. JN is the
maximal expected profit from time N to time N. Finding this maximal expected
value is much simpler than finding the entire maximal rule at once. Next, DP

considers one step back in time to time N-1. Going backwards in time from the
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end to the beginning is what is meant by a right to left technique. At time N-1, DP
calculates the component pin-1(Xn-1, WN-1) = Un-1™ tO find

max {E[gn-1(XN-1, UN-1, WN-)] + E[IN NI} (1)
It should be noted that the expectations in (1) are with respect to wn.1. Since it is
known Jy will be maximal, the principle of optimality tells us that (1) is the
maximal expected profit from time N-1 to time N. Remembering that
Xk+1 = f(Xk, Uk, W), @ substitution gives that un.1* solves the problem

max {E[gn-1(XN-1, UN-1, WN-1) + IN ( Fno1( Xno1, UNGt, W)}
Now, define

IN-1 (XN-1) 1= E[ONA(NN-1, U™, WG+ I Ea (O XNer, UNe ™, W)
DP continues this process back in time where component p(xx, wi) = ug* solves

max {E[gk(xk, Uk, Wk) + Ji+1 ( fi( Xk, Uk, Wk))]} and

Jk (Xk) = E[G(Xk, U™, Wi) + Jir1 (il Xk, U™, wi))],
where the expectation is with respect to wi. By the principle of optimality, each Ji
is optimal from time k to time N since each J+1 is optimal. Finally, when time is 1,
J1 (X4) is the maximum expected profit for k = 1 to N, and the optimal rule {yo, p1,
..., UN-1} iS calculated along the way. Each of the individual maximization
problems for finding components of the optimal rule is much simpler than the
single maximization problem for finding the entire rule. Thus, the DP aigorithm
can take an ugly maximization problem and turn it in to a sequence of much

easier maximization problems.




Here are some final notes about DP in general. Often times, the additive
formula to be optimized will contain some final non-random exit value that must
be taken into account when finding the optimal rule (Bertsekas, 1987). This was
not included in the above discussion since it does not play a role in the problem
explored here. Also, the actual optimization at each step might be done either
analytically or numerically. If the optimization can be done analytically, a closed
form expression for the optimal expected profit and optimal rule can sometimes
be found. This is the best case scenario. If numerical methods must be applied,
problems of too great a magnitude are often times still not tractable since the
computer time and memory needed to execute the DP algorithm can be too great

to be of any practical use (Bertsekas, 1987).
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CHAPTER THREE

FORMULA FOR MAXIMUM EXPECTED PROFIT

Bitran and Mondschein consider this problem in a discrete time setting with
time intervals small enough so that the number of customers that arrive in one
time interval is either zero or one (1995). In their paper, the following formula is
given as the maximum expected profit form period t onwards, given that a type i
customer arrives at time t:

n; +E[Foi(c—1j)]

ifc-i=0. (2)
—Xi +E1[Fm(°r J)]

F.(c,i) = max

Boundary conditions for this formula are
Fe(c, i)=-xi+EfFw (¢ j)ifci=0. (2i)
Fr(c.)=mifciz0andFr(c i)=-yifci=0. (2ii)

The following are variable definitions for the above formulas.

t is the time since the beginning of the planning horizon.

e cis the hotel's current capacity.

¢ |is the type of customer requesting a room, where i = 0 means no customer.
e m is the profit associated with accepting a type i customer, with np = 0.

e y;is the loss associated with rejecting a type i customer, with xo = 0.

e jis arandom variable, where j = i iff the next customer is of type i.

11



E; is the expected value of a function with respect to the random variable j.

This chapter shows how the formula above is derived from the DP algorithm.

Now, define the variables and functions used by DP as they exist in this

problem as follows.

t indexes discrete time, ranging from 0 (beginning of the planing horizon) to T
(end of the planing horizon).

The state variable x; represents the capacity of the hotel at time t.

The random variable w; represents the type of the customer that arrives at
time t.

The decision variable u; represents the decision made at time t. If the
customer is rejected, u; = 0. If the customer is accepted, u; = 1. Restraints
put on u; are that if w; = 0 (no customer arrives at time t) or x; = 0 (no vacancy)
then u; = 0.

T is the number of times the control is applied.

Attime t, x,,, = f(X,u,w,) =X, —u,.
Attime t, g,(X, U, W,) = U, -(m,, +Xw, )= Xu,- If U =0 then g(x,u,w,)="-x%,,.

and if u, = 1 then g,(x,u,,w,) ==, .. This is the profit incurred at time t.

The DP algorithm begins at time T, so
JT(XT) = maX{EWT [UT ' (nw-r + XwT ) - X-WT ]}

12



If x; =0 then Jr(x;)=E,. [-x., ], and if x; >0 then J;(x;)=E, [r,, ]. Clearly,
this is the expected value of the boundary condition (2ii), so
(%) =E,, [Fr(x;.ws)]. Attime T-1,
Jra(Xr_y) = maX{EwH [Um ' (an * Xws, ) = Xy, Fr(Xeo - UT—1)]} :
If x1.1 # 0 then there are two choices for ur.1, SO

’EWM [ﬂwm +E, [Fr(Xrs =1 wT)]]

Jr_4(X;,) = max
71X E... [—me +E,, [FT(xH,wT)]]

I Ty, +E,. [FT(XT_1 - 1,wT)]
ma
~Xw, , TEw, [FT(XT—1'WT)]

} = EwT_1{FT—1(XT—1'WT—1)] :

If Xt.1 = 0, then ur.1 =0, so
Jra(X7) =E,, ["me +E,, [FT (XT—1vWT)]] =E,, . [FT-1(XT-1»WT—1 )]

Continuing this right to left method, it is found that

if xe = 0, J,(x,)=E

Wy

i {nw‘ + EwM [FM(X, - 11Wt+1 )]
max

=E,, |F.(x,w,)|, and
—Xw, +Ew,.1[Ft+1(xtht+1)] } ([ ‘( t t)]

if x; =0, Jt(xt) = Ewl :—X.w, + Ew‘,,[Fm(xt’Wm )]] = Ew. [Ft(xt' Wt)] :

Now, to match the notation used by Bitran and Mondschein exactly, simply
replace the state variable x; with ¢, and replace the random variable w; with the
random variable j. Formula (2) is found to be the formula such that when the

expected value of (2) is taken, the resuit of DP is found.

13



CHAPTER FOUR

SUMMARY OF RESULTS

This chapter summarizes results found by Bitran and Mondschein on this
problem. From the formula above, a type i customer is accepted at time t and
capacity c iff

mi + EjfFw1 (€ -1, )] 2 -%i + Ej[Fw1 ( ¢, j)], which is equivalent to

mi+ % 2 Ej[Fw1 (¢ )] - Ej[Fes (€- 1, j)].

Defining oy (C) := Ej[Fe+1 ( ¢, j)] - Ef[Fw1 (€ -1, j)], it follows that a type i customer
is accepted at time t and capacity c iff n; + x; > oy () and a type i customer is
rejected at time t and capacity c iff m; + x; < ot (¢). The following lemmas and
propositions are given concerning the functions F and a. The proofs were given

by Bitran and Mondschein (1995).

Lemma 1: The function F; (c, i) is monotonically increasing as a function of the
capacity:

Fi(c, i) >Fy(c-1,i), forallc, t, i
Proof: Consider the optimal policy for the problem starting at time t and capacity
c-1. This policy can be obeyed at time t when the capacity is ¢ and it gives the

same value (see appendix A) , call it X, of the objective function in either case.

14



However, this will not necessarily be the optimal policy for capacity c. Thus, the

value of the objective function at time t with capacity ¢ using the actual optimal

policy for this case cannot be less than X, so

Fi(c, i) > F¢(c-1,1), forallc, t, il

Lemma 2: The objective function satisfies the inequality:
Fi(c+2,i)-Fy(c+1, i) <Fy(cH1,i)-Fe(ci) for allt iic. (3)
Proof: The proofis by inductionont. Fort=T,
Fr (c+2, i) - Fr (c+1, i) = 0 for any values of c and i.
Ifi=0o0rc=0then i
Fr(c+1,i)-Fr(ci)=0,
but ifi # 0 and ¢ = 0 then
Fr(c+1,i)-Fr(ci)=m+y >0.
In any case, (3) holds for time T. Assume (3) holds for some t+1 < T, and
consider the objective function at time t. Assume i # 0. For capacity c # 0 at time
t, the objective function has the value of either
(@) m+ Ej[Fws (c-1,j)] or
(b) -xi + Ej[Ft1 (c, )]
For capacity c+1 at time t, the objective function has the value of either
(¢) mi+ EjFu1 (¢, j)] or

f (d) -xi+ Ej[Fu1 (c+1, )]

15



For capacity c+2 at time t, the objective function has the value of either

(e) m + Ej[Fw1 (C+1, )], or

(0 -+ Ej[Fe1 (c+2, )]
To prove that (3) holds, it must be shown that every possible combination of the
choosing one value from (a) & (b), one value from (c) & (d), and one value from
(e) & (f) satisfies (3).
(a), (c), (e): this combination substituted into the inequality gives

7 + EfFtt(c*1.,)] - 1 - EfFur(C.)] < 1 + EfFw(C)] - 7 - EffFrea(c-1,))] iff

Ei[Fe1(c+1.))] - Ej[Fu(C.)] < EjfFi(cj)] - Ej[Fu(c-1.j)] iff

EilFri(c+1)) - Fra(C,j)] < EjlFte1(c) - Frea(c-1.j)].
Since the probability of a type-i arrival in the next unit of time depends only on t,
this latest inequality is implied by the induction hypothesis, and so this
combination satisfies (3). The same proof holds for combinations (b), (c), (e); (b),
(d), (e); and (b), (d), (f).
(a), (d), (e): In this case, a type i customer is accepted at capacity ¢ and rejected
at capacity c+1. This gives that

m + % 2 EffFw(C.j)] - EjfFeer(c-1,))], and

i *+Xi < Ej[Frea(c+1,))] - Ej[Fea(C.))]
Combining these two inequalities gives

EjlFr(c+1.))] - EifFui(c)] > Ej[Fra(c.j)] - EjfFr(c-1.)] iff

EjlFw1(c+1.j) - Fret(Cj)] > Ej[Fre1(Cj) - Fre(c-1.j)).

16



This latest inequality contradicts a consequence of the induction hypothesis, and

so this combination is infeasible, along with combinations (a), (d), (f); (a), (c), (f);

and (b), (c), (f). The same type of proof works for ¢ = 0 except there is only one

possible value for the objective function when the capacity is 0. Finally, ifi =0,

the values of the objective function substituted into the inequality gives
EjlFe1(c+2,)] - EjfFie1(c+1,)] < EjfFua(c+1.))] - EjlFe(c,)],

which, as has been seen, is implied by the induction hypothesis B

Proposition 1: The function o (c) is a nonincreasing function of c:
ot (C-1) > o (C).
Proof: By lemma 2,
Fr1 (C-1,j) - Fiu (€-2, j) 2 Fs1 (€, j) - Faq (c-1, j) for all t, j, c.
Since the probability of a type-i arrival in the next unit of time depends only on t,
taking the expected value of each side of the inequality still holds, so
EilFe1 (-1, )] - EifFee1 (-2, )] 2 EjfF s (€, )] - EjfFus (c-1, )],

which is precisely a (c-1) > ot (c) B

Proposition 2: The function o (c) is decreasing in t:
o (C) 2 a1 (C).

Proof: First note that a,(c) is only defined for ¢ > 0.

Fori = 0, consider the following cases.

17



Case 1, ¢ = 1: consider the difference

T+ Ej[Ft+2(0'j)]
Xt Ej[Ft+2 (1v J)]

}‘(‘XWE,[FM(O-D])

F(+1(1' i) - FM(O. i) = max{

2 -x +E [Ft+2(1’j)] - (‘Xi + Ej[Fuz(O:j)]) = Ej[Ft+2 (M)] -E [Ft+2(0! J)] , and so

Ft+1(1' i) - Fm(ov i) 2 Ej[Ft+2(1'j)] - Ej[Ft+2(0|j)] = at+1(1) .
Case 2, ¢ > 1: consider the difference

T+ Ej[Ft+2(c -1 J)]} _ max{n» + Ej[Ft+2(C - 2,j)] }

Ft+1(C, i) - Ft+1(C -1 i) = max{_x. + Ej [Fﬁ2 (C,j)] -t Ej [Ft+2(c - 1-j)]

7, +E [F.2(c-2j)] }

= -y, +E|F..(c-1]j)|-
1 +E[Fua(c-1])] [Feate-11)

subcase a: assume max{
n, +E[F,o(c-1j)]

Ft+1(C.i) - F‘M(C - 1‘1) = max{—x, + Ej[Ft+2(C' J)}

}_ (- +E[Fuale—1i))

> -y, +E [Fua(C.)]~ (- +E[Fua(c - 10)]) = E|[Fua(c )] -E [Fual(c - 1)) s0
Fe (Cv i) —Fea (C -1 i) 2 E][Ft+2 (C' J)] - Ej[Ft+2(C -1 J)] = Wy (C) :

Tt Ej[Ft+2(C - 2»j)]

—x; +E|[F(c-1, J)]} =1, +E[Fia(c-2))]

subcase b: assume max{

T+ Ej[Ft+2(C -1 J)]

FH1(C. |) - Ft+1 (C -1 I) = max{—x, + Ej[FHZ (C' J)]

}-<n.+e,»[m<c-2'i>1>

zm+ Ej[Ft+2(c -1 J)] - (“i + Ej[Ft+2(C -2, J)]) = Ej[Ft+2(C -1 J)] - E;[Fuz(c -2 J)]'

18



For(C1) = Foy (€= 10) 2 E|[Frp(c = 1)) - E[Fra(c -2 )] = ata(c-1).
By proposition 1, a,.,(c-1) > a,,(c), and thus
Foa(Ci)=Fi(c-1i) > aq(c).
Hence, in all cases and subcases, the following inequality holds:
F,..(Ci)=F.(c—-1i) 2 a,,(c) fori=0.
Also, F,.,(c0)-F,(c-10)=0,,(c), so
F..(Ci)-Fu(c-1i) 2 a,(c) foralli.  (4)
As has already been seen,
E[Fui(C)) - Fualc=1])] = E[Fus(c )] - EFui(c-1i)] = . (c).

so noting that the right hand side of (4) is constant, taking the expected value of

both sides of (4) gives the inequality

a(c) 2 a,,(c)l

In proving these results, Bitran and Mondschein have in some cases
proven more general results than appear here. The above proofs only refer to
the specific case that is dealt with here, and so some of the proofs only use the

same techniques and not the actual proofs given by Bitran and Mondschein.

With these results, the following characteristics of the optimal policy can

be found. Proposition one gives that for each instant t, there is a capacity
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threshold C;, where a type i customer is accepted iff the capacity is greater than

or equal to C;. This threshold is found to be C, =min{c|r, +x, 2 o, (c)}. If the
customers are ordered such that =, + x, < n, + x,, Vi < k then the sequence
(Ci})o<i<s is decreasing in i. This means that if it is optimal to accept a type i

customer, then it is optimal to accept a type k customer for all k > i.

Proposition two gives that for each capacity level c, there is a time

threshold 1.

ic?

where a type i customer is accepted iff the time is at least t,. The
sequence (r.) _is decreasing in i, so the hotel rents to higher valued

customers before it rents to lower valued customers. These characteristics are to

be expected in the optimal policy.
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CHAPTER FIVE

DIFFERENCE EQUATION

This chapter will begin by analyzing the expected profit associated with the
set of acceptance policies that obey the optimal property. An acceptance policy
obeys the optimal property if for any customer type i that is accepted, a type k
customer is accepted also for all k > i, where the customers are ordered such that
n,+x <n, +%.Vi<k. The previous chapter proved that the optimal policy does
obey the optimal property. The following are the new definitions needed to
analyze the expected profit using a general acceptance policy that obeys the
optimal property.

s An acceptance policy is a function of time, capacity, and customer type that
returns a 1 if the customer is accepted and a 0 if the customer is rejected, with
the restriction that at capacity O or for customer type 0, the customer is always
rejected.

o Z:= {acceptance policies that obey the optimal property}.

e 2z €A is the optimal policy.
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n,if customer is accepted

‘ o , where z eA.
-y, if customer is rejected

|

n, +E|f2,(c-1])|if customer is accepted
f2( —{ ’[H( )] forO<t<T-1.

-~ +E}[f2(c.j)]if customer is rejected
p,(t)is probability that a type j customer will arrive at time T-t.
0 =T, +%;.

Etz.c: = Ej[sz-t(C' J)] -

R, = Z(pj(t)-nj).

S
=0

—_

m?,:= min{ilcustomer type i is accepted by policy z at time T -t & capacity c}
where m{_ =s+1 if no customer type is accepted. Note that m{ > 1 since a

type 0 customer is never accepted.

mi .1

atz.c:: ij(t)'
=0

S

b= 2,(Pi(1)-0)).

Y4
=My

Clearly, F,(c,i) = f2 (c,i), and so any result found for a general z € Z will

hold for the optimal policy. The advantage of this general approach is that the
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relationship can be explored between certain suboptimal heuristics that can be

applied to this problem and the optimal solution since the heuristic approaches

are developed to obey the optimal property.

The next objective here is to develop a recursive formula for the expected

profit from time T-t until time T starting with a capacity of ¢ and using policy z € Z,

i.e., a recursive formula for Ef_. This will use a right to left technique in time and
examine the behavior of E{_ forc =0, 1,2, ..., C. Itis assumed here that at each
time T-t and capacity ¢, m¢_ is known. Thus, this technique works if one can

calculate m, at time t with only knowledge of E{ . for t, <t, orif m{_ is

deterministic.

Forc=0:
Keep in mind that any policy must reject all customers when cis 0. This gives:
f7(0,i) = -y, so
Eoo = ;(pj(0)~(—x,-)) =—K,.
i
f2.,(0, i)=—x +Ejo =% —-K,, 80
Efo = Z(pj(1) ‘(fTZ-1(O'j))) = Z(pj(1)'(“7(j - Ko)) =-K;-K, = ‘(Ko + K1)

=0 =0

f2 ,(0,i)= —x, +Ef, = —x;, — (K, +K,), so
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$ S

E;.o = Z(pj(Z)-(fTZ_Z(O, J))) = (pj(2)°(_xj - (Ko + K1))) = _(Ko +K, + Kz) :

j=0 ]=0

From here, it seems obvious that

t
Efo=-2Ks. (9
d=0
This will be proved by induction on t. It has been shown above that (5) is true for
t = 0. Assume that for somet >0, (5) is true. By the induction hypothesis,
t
fr4(0i)=—x +Ef =%~ [ZKd]’ $O
d=0
s ) » t ’
Etiro = Z(pj(t +1)- (sz~&-1(O’J))) = Z[pj(t +1)- ["Xj - (de]]]

S
i=0 =0

t t+1

= _Km _ZKd = —de » SO
d=0 d=0

t+1

Efo = —ZKd :
d=0

t+1

t
Thus, since Ej, = -K, and E}, = -) K, = E{,,, =-> K, by induction,
d=0 d=0

t
Ei, =-) K forallt.
d=0

Forc=1:

The policy here is not necessarily to reject everyone since there is one room left.

n, if customer is accepted
-y, if customer is rejected’

)=
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=Ko + Z(pj(t)'oj) = K, + by,

H r4
J=mg 4

. |m +E, if customer is accepted
fq (11') = . R » SO
-x; +Eg, if customer is rejected

E;, = "“2<p,.<1>-<—xj +E3,))+ 2 (P(1)-(m,+E5o))

=K, + Y (p,(1)-x,)+ a5, -5, + D (p(1)- 7))+ (1-af,) 5,

‘ 2 mi
J=m7 4 J=mMy4

=K, +aj; -Eq, +(1_a1z,1)’Eé,o + Z(pj(1)'°j)

j=m<f,1
z r4 z
=K, +af,-E5, +(1-af,)-E, +b5,.

n, +Ef, if customer is accepted

f7,(1i) = { SO

—y, +EZ, if customer is rejected’

2
mz4-1 s

Esv= D, (pj(z)'(‘xj +E1z,1))+ 2 (pj(Z)-(nj +E1zv°))

=0 j=m3 ,

- Ko+ D(p2) 1)+ 85 B+ Y (0,(2)- 7))+ (1-ak, ) B,

3 e
=m24 j=m3 4
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= K, +a3, B, +(1-a3,)-Efg + 2. (p(2)-0))

N re
=Mz

= K, + a3, -E}, +(1-a5,)-Ef, +b3;.

. |m, +E5, if customer is accepted
sz-3(1' ') = . . , SO
-, +E3, if customer is rejected

m3 ;-1 s

Ei = D (91(3)'(‘7(1 +E§1))+ 2 (91(3)'(7‘1+E§°))

=0 =m3,

=K, + 2 (p(3)-x;)+ a3, B3 + Z(pj(e’)"‘j)+(1_aizﬂ)'E;'O

g il
J=m3 4 J=m3 4

= K, +az, -EZ, + (1 - agj)-E;0 + > (ps3)-0)

j=me
= K, +a3, -E3, +(1-a3,)-E3, +b3,.
From this, is seems that
Ef, = -K,+af,-EL,, +(1-af,)-Ef o +bf, fort> 1.
To prove this, consider any t > 1.

. |m +E{,, if customer is accepted
f2. (1) = ' SO

—y, +EZ., if customer is rejected

z
my -1 s

Ef = Y (P (-1, +EL)+ 2 (Pu(t)-(m +ELso))

v4

=0 =My

=K+ D (pi(t) ;) + a5 -Efys + Z(pj(t)‘“1)+(1‘afn)'Etz-mo

R P
=My J=my 4
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= -K, +ag, Efy; +(1‘ atz,1)‘Etz-1,o + Z(pj(t)'oj)

H t4
=My

=K, +a; B+ (1 - atz.1)'Etz—1,o +bg;.
In the above proof, induction was not needed, and so it seems that it is not

required to realize a pattern before proving the recursive formula for E{.. With

this in mind, consider finding a recursive formula for E{, whenc>1andt>1.

, . |m+Ef, if customer is accepted
fr(ci)= - . » SO
-x; + E¢ ;. if customer is rejected

mi -1

Ef. = Z (pj(t)‘(‘xj +Etz-1.c))+ Zs: (pi(t)'(“J +Etz—1-c-1))

j=0 j=mfc

= _Kt + Z(pj(t)'Xj)'*'atz.c 'Etz-1.c + Z(pj(t)' 7tj)'*' (1— atz,c)'Etz—1.c-1

— i
J=mi. =My

= _Kt + atz,c 'Etz—1,c + (1 - atz.c) ’Etz—1,c—1 + Z(pj(t) oj)

j=mtzc
_ z z z z z
- "Kt +t8. 'Et—1.c + (1 - at,c) 'Et—1.c—1 + b!.c '

ifc>1andt=0,

, n. if customer is accepted
fr(c.i) ={ o o ,
-y, if customer is rejected
S ms,c"1 S
Eq. = Zo:(pj(o)-f;(c,j))= ZO (pj(O)-(—x,-))+ > (py(0)-m,)
= = j=méc
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S S

=-i(pj(o)'xj)+ 2.(pi(0)-x;)+ 2.(py(0)-m))

=0 j=mé c j=m(z),c

= K, + .Z(pj(t)-o}.) =K, +bZ, .

This gives the recursive formula

tc

Ef, =-K,+a}, E, +(1-a})-EL, ,+bf forcz1andtz>1

with boundary conditions

t
i) EZ, =- K,forallt, and (6i)
d=0
ii) B2, = —K, +bZ_ forc 1. (6ii)

Two suboptimal heuristic acceptance policies that obey the optimal

property are a) accepting all customers as long as there is a room to

(6)

accommodate the request and b) accepting a type i customer at time t iff the sum

of the expected number of arrivals of type k customers for k > i is less than the

current capacity. These options are both explored in the paper by Bitran and

Mondschein, and they are standard approaches to finding “good” rules when

finding the optimal rule is considered infeasible (1995). What follows is a

description of these rules using (6).

Let z be the rule that accepts all customers as long as there is a room to

accommodate the request. In this case, m{. =1 whenc>1, and m{; =s+1.
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This gives ai, =p,(t) whenc>1and af, =1, and b{, =R, +K,when ¢ > 1 since
0, =0 and b{, =0. Applying these values to (6) gives

E:. = Po(t) Ef . +(1-po(t))-Efy.s+R, forc21and t > 1 (7)
with boundary conditions

t
) Efp=-> K,forallt and (7i)
d=0

i) Eg, =R, forc 1. (7ii)
If the remaining capacity is strictly greater than the time remaining, i.e. ¢ > t, it

seems to make since that no customer will be turned away, so E{_ should be

t
equal to ZRd , the sum of the expected value of the n,'s. In fact, induction
d=0

shows that indeed

t
Ei.=> R, forallc>t. (8)

d=0
The case for t = 0 is true by (7ii). For some t > 0, assume (8) holds. Consider
any ¢ > t+1. It must be the case that ¢ >t and c-1 > t, so by the induction
hypothesis,
Etie = Po(t)-Efc +(1-po(t)-Efey +Ru
t t+1

t t
= po(t)-ZRd +(1—p0(t))~zc;RqI +R,,, = zoRd +R,, = ZRd .
d= d= d=0

d=0
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t+1

t
Therefore, since E;_ =R, and E}, = > R, = E},,. = > R, for the appropriate
d=0 d=0

t
values of ¢, by induction E;_ = > 'R, forallc>t.
d=0

Let y be the rule that accepts a type i customer at time t iff the sum of the
expected number of arrivals of type k customers for k > i is less than the current

capacity. This gives that

s T
Z[ J'kj(t)] <c¢ forc>0, and
Ty

m), = min{i

m{, =s+1,

where A (t) is the arrival rate per time unit of type j customers. Recalling that

AMt) = Zk(t) and that at most one customer arrives per time unit, it is seen that
s T T s T T
Z(jxj(t)dt]= I(ij(t)dt]s [a(tydt< [dt=t.
j=i+ I\ Tt T-t\J=i+1 T-t T-t
Thus, forc>t, m! =1, a!, =p,(t), and b}, =R, +K,,s0 again (8) should hold.

All that is needed to prove this is to show the case where t = 0 since the same

induction proof used above will work here too. By (7ii),

Eé.c =—K0+bé,c =—K0 +Ro +KO =R0 forc > 1,

s0 (8) holds here too.
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In their paper, Bitran and Mondschein defined the quantity

the booking index, to relate the hotel's total capacity to the total expected number
of arrivals. When they tested the heuristics y and z as defined above, they noted
that it seems to be the case that the profit generated using rule z was less than

the profit using rule y, however as the capacity increased and OB decreased, the

difference between the profits decreased (1995). Mathematically, this can be

stated as (I)iEm(y) =z, i.e. as the booking index decreases to one, the heuristic y

approaches the “accept everybody” rule. This is true since
s (T s (T
OP L 1iff for a ﬁxedZ[ | ki(t)dt], c TZ( | ki(t)dt],
=1\ 1 i=1 1

and so mi 1.

Finally, consider the optimal rule z'. As has been seen already,
m?, = min{i{oi > (Ef;m —Ef;,vc_,)} fort>1andc>1,
mZ, = s+1 for all t, and since F;(c,i)=n, forallci=0, m3, =1forc> 1. Thus,

foranyt> 0, mi; depends only on Ef:m and Ef:m_“ SO E:; can be found using

(6) and (7), and the optimal rule z can be found along the way.
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Again, consider the case where ¢ > t. Here, since the values of m{, are

not known at the beginning, it will be proved by induction that

. t
Ei. =D R forallc>t, and (9)

d=0

m? =1 forallc>t (10)
For the case t = 0, it has already been shown that mf,jc =1, and therefore

Egtc =R,. Assume that (9) and (10) hold for some t > 0. For any ¢ > t+1, note

that c >t and c-1 > t. Thus, by the induction hypothesis,

t t
0,2 (Z R, - Rd)}
d=0 d=0

mi,. = min{i > 1|oi 2 (Ef, -Ef. )} = min{i >1
=min{i> 1o, 20} =1, and

z z z z' z z
Et+1,c = —Kt+1 + at+1,<:, : Et,c + (1 - at+1‘c) : Et,c—1 + b

t+1c

. t . t s
= _Kt+1 + atz+1.c ’ sz + (1 - atz+1,c) ' Rd + (pj(t) ’ o})

d=0 d=0 i1
t+1

t
=K+ ZRd +Ry +Kyy = ZRd.
=0 d=0

Thus, the rules z, y, and z all coincide for ¢ > t.

To recap the results of the optimal rule, let E, :=EZ. , a,.:=a%, b,.:=b?,,

tc

and m,.:=m?, . This gives that
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E. =K, +a, -E i, +(1-8,) Eisoq +by, foralit>c>0,

with boundary conditions

t
i) E,=-> K,forallt, and
d=0

t
i) E,, = ) Ryforallc>t.
d=0

The optimal acceptance policy is found to be

m,, = min{i}oi 2 (Eqqe —EHC_,)} forallt>c>0,  (11)

m,, =s+1 forall t, (111)
and m, =1forc>t (11ii)
In order to implement the optimal rule, all one must do is calculate the array m,

as described by (11) and from this array m,, find the time threshold array

-

1, defined in chapter four. To find 1., for a fixed capacity ¢ consider each t for

which i=m, . <m,, . =k. Foralli<j<k, let rj'c:= T-t. This sets the earliest

t+1.c

time for the capacity ¢ at which type i through k-1 customers are accepted. The

array t,., which is of dimension (sx(C+1)), is then stored and must be checked

whenever a customer requests a room.

In order to make daily acceptance or rejection decisions, it is not

necessary to calculate the expected profit. The expected profit need only be
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calculated once, and so the time required to execute an algorithm to calculate the
expected profit is irrelevant (see appendix B). Thus, it seems that it would be
advantageous to develop similar results to those found here for more complicated

cases such as multiple products, reservations, and multiple night stays.

A final note here is that formulas (6), (6i) and (6ii) are actually satisfied by
the expected value of any objective function found by using any acceptance

policy with the following changes in definitions:

e Di. = {i|a type i customer is accepted by policy z} where z is any acceptance

policy.
* atz.c = ij(t)
jDic
e bi.= 2 (p(t)-0)-
ieDie

These definitions for ai. and b, are simply generalizations of the definitions

given before for a, and by, .
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CHAPTER SIX

MULTIPLE ROOM TYPES

This chapter will deal with an expansion of the solution to the single room
type case to the muitiple room type case. To do this, chapter six will be divided
into three sections. Section 6.1 will use the dynamic programming algorithm to
derive a formula for maximum expected profit in the multiple room type case.
Section 6.2 will summarize results that Bitran and Mondschein derived for the
multiple room type case. Section 6.3 will use a right to left technique to describe
an algorithm that will specify the various acceptance thresholds that define the

optimal rule in the multiple room type case.

6.1

Before giving the formula for finding the expected maximal profit, an
important new feature involved in this case must be introduced, the downgrading

of room types. First, each customer type requests only one type of room. With

this, A,:={k|a type k customer requests a type r room}. The room types are

ordered so that room type 1 is the best and room type r is better than room type q
iff r < q. The assumption is made that if a type i customer requests a type r room,
then the customer will be willing to accept any room of type 1 through r if the price
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remains the same. The hotel has the option of downgrading a room of type p to
type r if p < r, which means that if a type i customer requests a type r room then

the hotel may give that customer a type p room but only charge =, the price that

the customer is willing to pay.

The following formula was given by Bitran and Mondschein for the
maximum expected profit from time t onwards (1995):

MaX, g ;) T + EJ»[Ft+1 (c-e, )]

J
| Plifi-c(k) = 0 for some k <,
—Xi +Ej[Ft+1(C'J)]

F.(c,i) = max

F(c.i)= -1 +E[Fui(c)] ifi=0orck) =0forallk<r,

with boundary conditions

F:(ci)=m, ifi = 0 and c(k) # O for some k <r, and
Fr(ci)=—y, ifi=0orc(k)=0forallk<r.

The following definitions are necessary to understand this formula.

e The hotels capacity ¢ is now a vector with as many components as there are
room types.

e ¢(k) is the k-th component of ¢, and it represents the number of available type
k rooms.

e e, is a vector with the same dimension as c. The p-th component of e, is a

1. All other components are 0.
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e risthersuchthatieA

o Bci)={pt<p<r&c(p)>0}.

For all other definitions, refer back to chapter three.

In order to use DP to derive this formuia, the following changes are made
to the DP variables and functions.

e X, is a vector representing the capacity of each room type at time t.
* X =fi(x,u,w,)=x-u,-e,, where p is the type of room given to the

customer if a room is assigned, and p is arbitrary if no room is assigned.
The rest of the definitions given in the relating part of chapter three remain the

same.

Now, beginning the DP algorithm, lett=T.
Jr(%;) = max{EwT [uT (T * Xy ) = Xow, ]} SO

(%) =E, [~Xu, | = Eu, [Fr(xr. Ws)] if x;(p)=0 vi<p<r, and

h(x)

E,. [, | =E.. [Fr(x;,ws)] if x,(p)# 0 for some1<p<r,

where w; € A,. Foranyt<T, finding the maximization requires deciding whether

or not to rent a room and if a room is rented, deciding which room to rent. This

gives
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Jt(xt) = rnaxu, {Ewl [gt(xt'utlwt) + maxpeB(x',w' ) EwM [Ft+1(xt - ut 'ep’ Wt+1 )H} '
This gives that

T, +Mmax g E [Fuxt—u-e,wﬂ]
J(x)=E, |max{ ™ ot B[P0~ U € W) ,or

—Xw‘ + Ew,,1 [Ft+1(xt' Wt+1 )]

Jt(xt) = Ew, [Ft(xtrwt)] :

If x,(k) =0 for all k then

3(%) = Ey [~ %, +Ew, [Fra(XeWer)]] = Eu [Filxa W)

This completes the derivation of the formula found in Bitran and Mondschein for
the muitiple room type case. It is important to note here that the type of room to
be rented has not yet been determined. As will be seen after the proof of

proposition four in section 6.2, the optimal room to rent, if renting a room is the

decision reached, is the room p = maxB(x,,w,). This means that the room to rent

is lowest value room that the customer is willing to accept.
6.2

The formula derived in 6.1 gives that a type i customer is accepted at time

t and capacity c iff

T+ Ej[Ft+1(C_ ep(i)'j)] 2 =X, +Ej[Ft+1(c'j)]
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where p(i).= maxB(c,i). Defining

o, (€ p(i)) = E[Foq(c.)] -E j[FM (c-ey J)] ,

it is clear that a type i customer is accepted at time t and capacity c iff
Ty 2 oct(c, p(i)) .

The following lemmas and propositions are found concerning F and a. The

proofs were given by Bitran and Mondschein (1995). Lemmas 1.1 and 2.1 are

generalizations of Lemmas 1 and 2 given earlier.

Lemma 1.1: The function F,(c,i)is monotonically increasing as a function of the
capacity:
F.(ci)2F(c-e,ijforallc, p,t, i, and
Fi(c-e,i)2F(c-e,i)forallg=pandforalict,i
Proof: Consider the optimal policy to be used starting at time t and capacity
c-e, and customer type i. At each step of this optimal rule, a room to be rented

to a particular customer type at a particular time will be available at that same
time for that same customer type if the beginning capacity was c. Thus, the

optimal rule for capacity ¢ - e, can be used for capacity c, and since this rule

rents to exactly the same customer types with the same room types for beginning

capacities c and ¢ -e,, the value of their objective function will be the same (see
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appendix A), call it X. Now the optimal rule for beginning capacity ¢ by definition
must have an objective function value of at least X, so F,(c,i) 2 Ft(c— ep,i) for ali c,
p. t, i. The same argument holds for beginning capacity c-e, in place of c for all

g = p since a type p room can be downgraded to a type g room B

Lemma 2.1: The objective function satisfies the inequality:
F(c+e +e,i)-F(c+e,i)<F(c+e,i)-F/(ci), foraltic p I (12)
Proof: The proofis by inductionont. Fort=T, foranyi= 0, c, p, and |, there

are four cases:

Case i) Thereis a qsuchthat 1 <q<randc(q)>0. This gives that
F(c+e +e,i)=F(c+e,)=F(c+e,i)=F(ci)=m,

so inequality (12) holds.

Caseii) Forallgsuchthat1<q<r ¢c(q)=0,andr>1 This gives that

Ff(c+e +ep,i) =F(c+e,i)=n,

Jif p<i
Fi(c+e,.i)= g .p >-y,, and
-x, ifp>|
Ft(c, i) = -
This gives that

F(c+e +e,i)-F(c+e,i)=0 and F(c+e,,i)-F(c+e,i)2-x +x =0,

so inequality (12) holds.
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Case iii) Forallgsuchthat 1 <g<r, ¢c(q) =0, and r > p. This gives that

F(c+e+e,i)=F(c+e,i)=m,

n ifl<p
F e,i)=1{" > -y, and
de+en) {—xi if1>p- ©
Fci)=-x-
This gives that

F(c+e +e,i)-F(c+e,)<m+yx and Fc+e,i)-F(c+e,i)=m+x,
so inequality (12) holds.
Caseiv) Forallgsuchthat1<q<r, ¢c(q) =0, r<p,r<| This gives that
F(c+e+e,i)=F(c+e,)=F(c+e,i)=F(ci)=-x,
so inequality (12) holds. Now, ifi =0,
F(c+e +e,i)=F(c+e,i)=F(c+e,i)=F(ci)=-x,,
and so inequality (12) holds. Thus, (12) is true fort = T. Assume (12) is true for
some t+1 < T, and consider the objective function at time t. Assume i= 0. Again,
the four cases shown above should be shown here, however only case i) is

shown since the other cases have fewer options and are similar yet easier. For

capacity ¢ the objective function takes on the maximum of either
(8) m+E[Fq(c-eq j)], or
(b) —x +E[Fus(c)]-
For capacity ¢ +e, the objective function takes on the maximum of either
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(©) m+ EJ[FM(C +e, - eqz,j)], or
d) -y + EJ[FM (c+e,, j)] .

For capacity c + e, the objective function takes on the maximum of either
(e) m + Ej[FM(c +e - eq3,j)] ,or

0 -x +E,’[Ft+1(c+e|-j)]-

For capacity c+e, +e, the objective function takes on the maximum of either
(@) = + EJ-[FM(C +e+e, - eq4,j)], or

(h) -, +EJ.[FM (c+e +e, j)].

To prove that (12) holds, it must be shown that every feasible combination of
choosing one value from (a) & (b), one value from (c) & (d), one value from (e) &

(f), and one value from (g) & (h) satisfies (12). The combinations (a), (c), (e), (g);

(b). (c). (e), (9); (b), (d), (e), (g); (b), (d), (), (9); and (b), (d), (f), (h) all have
similar proofs. Only one will be shown here.

(b), (), (e), (g): This combination gives
Fi(c+e +e,i)-F(c+e,i)= EJ[FM(C— e, +€ +ep,j)]—Ej[Fm(c—eq3 +e,,j)]
= Ej[Fm(c— e, +€+€,j)-F(c-e,+ e,,j)]
and

Fi(c+e,.i)-F(ci) > E[Fui(c- e, +6,.0)|~E[Fui(c - )]
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=E|[Fii(c-eq +8,.))-Fui(c-eq)).

Now, the relationships between q1, g2, g3, g4, p, and | must be established. If g1

>pandqt =1 then q1 = g2 = g3 = g4 = g, and so by the induction hypothesis,
Fu(c-e,+6&+e,i)-F (c-e,+e,i)<F (c-e +e,i)-F.(c-e,i),
which by taking expected values of both sides implies
Fi(c+e +e,i)-F(c+e,i)<F(c+e,i)-F(ci).
Ifq1 <pandql =1 theng2=qg4 = pand g1 =q3 =qwith g <p. This gives that

F(c+e +e,i)-F(c+e,i)= Ej[Ft+1(c+e,,j)—Ft+,(c-— e, +e.,j)] , and

Fi(c+e,.i)-F(ci)> EJ[FM(c,j) ~Fi(c- eq,j)] .
By the induction hypothesis,

Fui(c—e,+€ +e,i)-Fu,(c-e,+e,i) <F (c—e,+e,i)-F.(c-e,i),
which is equivaient to

Fui(C+e,i)-F. (c—e, +&,i) <F.,(ci)-Fu(c-e,i)
which by taking expected values of both sides implies

F.(c+e +e,i)-F(c+e,i)<F(c+e,i)-F(ci).
If g1 < p and q1 < |, then without loss of generality, assume p > |. This gives that
q1=q,92=94 =p,and g3 =Iwhere q<|, and so

F(c+e+e,i)-F(c+e,)=E[F(c+e,j)-Fu(cj)], and

F(c+e,.i)-Fi(ci) > E|[Fui(c.]) - Fuu(c-e,.d)].
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By Lemma 1.1, F,(c+e,i)<F,,(c+e,), which implies that

Fui(C+e,i)-F(ci) sF (c+e ) -Fui(ci).
By the induction hypothesis,

Foa(c—e,+e,+e,i)-F,(c-e, +e,i) <F.(c—e,+e,i)-F.(c-e,i).
which is equivalent to

Fui(C+eqi)—Fyy(Ci) SFes(Ci) - Fi(c— i), sO

Fo.1(C+e,i) = Fy.,(Ci) <F(ci) = Fui(c—eg.i)
which by taking expected values of both sides implies

Fc+e +e,i)-F(c+e,i)<F(c+e.)-F(ci).

Thus, the combination (b), (c), (e), (g) satisfies (12).

The remaining 11 possible combinations all lead to a contradiction of the
induction hypothesis. Only one combination will be shown.

(a), (d), (e), (g): Here, the customer is accepted at capacity ¢, but rejected at

capacity c+e,. Thus,
n + % 2E[Fq(ci [Ft+1 C—€qj ] [F‘+1 ¢.j)-Fua(c—eq j)],and
n +x <E, [Fm(c +€,] ] [Ft+1 C-eg,+ ep,j)]
=E, [Ft c+e,j)-Fu(c-e, +ep,j)] .
Combining these two inequalities gives
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E[Fa(c+e,])-Fulc-e +e, )] > E|[Fur(c.)~Fualc—eq j)]
If g1 > p, then g1 =92 =q, and so
E [Fus(c+ €)= Frr(C — &0 + €,.0)] > E[Fus(6.]) - Fua(c - €4 )]-
However, by the induction hypothesis,
Fo.(c-e,+e, +e,i)-Fu(c-e,+e,i) <F. (c-e +e,i)- Fui(c—eg.i).
This is a contradiction. 1fg1 <p, q1 =qand g2 = p, and so
E[Fu(c+ep0) - Fur(C])] > E[Fus(c]) - Fus(c - €4)].
By Lemma 1.1 and the induction hypothesis,
Fui(C+€,.0) —Fus(Ci) SFs(c+&g,1) - Fy(ci)
=F..(c-e, +e,+e,i)—Fui(c-e,+e,i)
<F..(c-e,+e,i)-F.(c-e.i), so
Fra(C+€,1)—Foa(Gi) SF(ci) - Fa(c - eg.i).
This is also a contradiction, so the combination (a), (d), (e), (g) is infeasible.
Finally, if i = 0,
Fc+e +e,i)-F(c+e.)=E[F.(c+e+e,])-Fulc+ e.j), and
F.(c+e,.i)-F(ci)= Ej[FM(c +e,.j)- FM(c,j)] ,

and so the induction hypothesis implies that (12) is true 1B
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Proposition 3: The function a.(c,p)is nonincreasing as a function of c:

a,(c-e,p)2a,(cp) foralic,p, |t

Proof: By lemma 2.1,
Fui(c-e,i)-F,(c-e, —e,i) >F,(ci)- Fui(C-e,.0).

Taking the expected value of both sides gives
E[Fui(c-e.i)]-E[Fui(c-e, —€.])] 2 E[Frs(c.i)] -E [Fus(c-e,.)]

which is precisely a,(c-e,p)=a,(c,p) B

Proposition 4: The function a.(c,p)is nonincreasing as a function of .

a,(c,p) 2 a.,(cp) foralic, p, |, t.

Proof: Note that a,(c,p)is only defined if c(p) > 0. LeticA,, and assume that
there is some 1 < g <rsuchthatc(q) >0. Letl= max{1 <q< r|c(q) > 0} . flzp

orc(p) > 1,

n,+E [F(c-e.))]

_ and
Xt Ej[Ft+2 (C- J)]

F...(c,i) = max

m+ EJ[Ft+2(C— e, - e,,j)]

F...(c-e,.i) = max
- ’ =X +Ej[Ft+2(C_ ep'j)]

For i # 0, consider the following two cases.
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T+ Ej[Fm(c -e, - e,,j)]

Xt EJ[Ft+2(C - ep'j)] o EJ[FM(C - ep'j)]' This gives

Case 1; assume max{

T+ Ej[Ft+2(c - e,,j)]

-Xit Ej[Ft+2 (C.J)] ) (—Xi " Ej[Fm(c B ep'j)])

Ft+1 (C’ I) - Ft+1 (C - ep, I) = max{

2 =X+ Ej[Fuz(C-j)] - (_Xi + Ej[Ft+2(C - ep:j)])
=E[Fio(c)]-E[Fua(c-e,.0)| = awalcp).

T+ EJ[F‘+2(C ~& - e,,j)]

Xt EJ’[Ft+2(C - ep'j):' oh Ej[FHZ(C ~% e"j)] . Here,

Case 2: assume max{

T+ EJ[Fnz(C - enj)]

Xt Ej[Ft+2 (C,J)] ohT Ej[FHZ(C ~% 8 J)]

Ft+1 (C' ') - Ft+1 (C - ep' l) = max{

>, +E[F. (c-e,))]-m -E[F.,(c-&,- e, )|

j
=E[F..(c-&.)]-E[F.a(c-e, -6, )] = aralc-eup).
By Proposition 3, a,.,(C-€,p) 2 a,,(c,p),s0
Fus(Ci)—Fps(c—e,.i) 2 aq(c,p) foriz0.
Fori=0, F,(c0)-F,.,(c-e,0)=a,,(cp), so
Fur(Ci) - Fea(c—e,.i) 2 a,(c,p) for alli,

so by taking the expected value of both sides and noting that the right hand side

is a constant,
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a,(c,p) 2 am(C.p).

If | = p and c(p) = 1, then either a) there is a 1 < q < p with c(q) >0, or b) for all 1 <
q<p c(q=0.

subcase a) Let k =max{1<q<plc(q)>0}. If

T +Ej[Ft+2(C —& - ek'j)]

= -xi +Ej|Fu2lC)].
X +Ej[Ft+2(C-j)] " J[ ¢ j)]

Fui(c-e,.i) = max{

it has already been seen that o, (c,p) 2 a,,,(c,p). If

m +E[F.,(c-e, - &)

=7 E, F+ - - ,. .th
—Xi +Ej[Ft+2(C.j)] nr j[ tz(c ® = J)] en

Fui(c—e,.i)= max{

7, + Ej[Fm(c ~ ep,j)]

-1, -E[F (c-e -e.]
—Xi +Ej[Ft+2(C,j)] " J[ tz(c ® =S J)]

Ft+1 (C’ l) - Ft+1 (c - ep’ l) = max{

>E[F..(c-e,.])|-E[F..(c-e,-e.i)]
= ay,(c-e,.k).
By Proposition 3, a,,(c,k)> a,,(c-e, k), and by Lemma 1.1, a,,,(c k) 2 a,,(c.P),
so the inequality a,(c,p) > a,,,(c,p) holds. Finally, ifc(q) =0forall1<q<r,
Foe(C) - Fu(© - €41) = 1+ E[Fo0)] 1~ [Fralc - €,.0)] = c(6).

so for all cases, a,(c,p) 2 a,,(c,p) is true @
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It was mentioned at the end of section 6.1 that the optimal room to rent is

p(i) = maxB(c,i). This is a consequence of Lemma 1.1 since for any q < p,
F.(c-e,.i)2F(c—e,i), so the expected profit for renting the better room is no

more than the expected profit for renting the lesser room.

Proposition three gives that for each time t, if a type i customer is accepted
at capacity c, then a type i customer is accepted at any capacity ¢ + b, where b is
a vector of the same dimension as ¢ and each component of b is non-negative. It
is more difficult to define the capacity threshold defined for the single product
case since it would first be necessary to define what is meant by vector c less
than vector ¢’, and since this will play no role in the rest of the paper, no capacity

threshold will be found here.

Proposition four gives that for each capacity c, there is a time threshold

t,:=min{tlo, > a,(c,p)}. For capacity ¢, a type i customer is accepted iff t> 1.

The sequence (ri'c)ws is not necessarily decreasing in i as was the case in

chapter five. This is because a hotel may accept a low value customer because
there are plenty of low value rooms, however, a high value customer could be

rejected because there are no high value rooms left. On the other hand, if

customer types j and k each request the same room type then (ti'c)jSi<k is
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decreasing in i, so the hotel rents to higher valued customers that request a

particular room type before it rents to lower valued customers who request the

same room type.

6.3

Previously, it was defined that for customer types, i < k iff 0, <o,. This

definition might no longer suffice in the multiple product case since a customer
may have a higher opportunity cost than another and yet request a lower value
room. This case would only practically arise in the case with reservations which
is not discussed here, and so the assumption will be made here that if a customer
requests a certain type of room then that customer must have a higher
opportunity cost than any customer who requests a lower value room. This
means that the same order given to the customer types in the single product case

will hold in the muitiple product case without reservations.

Chapter five found a recursive formula for the expected profit the hotel
would receive when using a general rule that obeyed the optimal policy. This
formula was then specialized for three specific rules. This section could be
approached in the same manner, however since the optimal rule is of most
interest, only the formula for the optimal rule will be developed. To do this, the

following definitions will be helpful.
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e E. = Ej[FT—t(C! J)] :

= min{i eAq|oi > a,(c p(i))}, where m,., =maxA, +1 if no customer is

® mmq.

acceptedand m, . > 1.

o x.:=max{ic(r)> 0}, the best type of customer for whom a room is available.

e D, = {iloi > at(c, p(i))} , the set of customer types who are accepted. Note that
D,. ={im,., <i<maxA, orm,, , <i<maxA,_, or--orm, <is<s}.
e a. = Y pt).

jd:)tc

For other definitions, refer back to chapter five.

The objective here is to develop a recursive formula for E,.. In order to do

this, it must first be specified what order the vector ¢ must be considered in.
Here, let the dimension of the capacity vector be n. Consider the two n-

dimensional vectors c = d. Let 1 <v < n be the smallest integer such that c(v) #
d(v). Such av must exist orc =d. Define c <diff c(v)<d(v). Consider any
c=<d=<h. Letv be the smallest integer such that c(v) # d(v), and iet w be the
smallest integer such that d(w) = h(w). If v =w then v is the smallest integer such
that c(v) # h(v) and c(v) < d(v) < h(v) so c<h. If v<wthen v is the smallest

integer such that c(v) # h(v) and ¢(v) < d(v) = h(v) so c<h. If v>wthen wis the
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smallest integer such that c(w) = h(w) and c(w) = d(w) < h(w) so c<h. Thus, the
relation <is transitive. Also, by definition, for any ¢ = d, either c <d or d < ¢ but

not both. This shows that < gives the finite set of possible capacities a well

ordering.

Consider ¢ = 0, where 0 is the n dimensional vector consisting entirely of
zeros. Clearly, 0 <d foralld = 0. Consider

F.(0,i) = -y, so

E, =-3 K, (13)

and this will be proved by induction. Fort = 0, it has already been seen that (13)

is true. Assume that (13) holds for some t > 0. By the induction hypothesis,

t
FT—(t+1)(o’ )=—x+Eo=-2:- ZKd SO
d=0

EW,:ZLL (t+1). (x, ZK D i(p,m( YK D=_§Kd,

Do =0
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and so (13) holds for t+1.
Next, considerany ¢>0. Fort=0,

ifi<x,
. S0
=y, if i>x,

Fr(ci) = {

foranyt> 0,

7Ti + Et—1,c—e

. |max " i< x,
Fr.(ci)= X tEie » SO

. T if i>x,

Ee= X (B0, +Ese))+ 2 (Py(): (7, +Eeemey, )

j@( c jé‘,C
= _Kf + Z(pj(t) ) oj) + Et-1»c ) Z(pJ(t)) + Z (pl(t) ' Et'1'°'°p(1))
jeDy ¢ iy j&Dre

=-K,+ 8- Et—1,c + Z (pj(t) ) (Oj + Et“1'°‘eo(n ))

jé(.c

If c(1) > t, i.e. there are more of the best rooms available than there is time

remaining, it seems that the formula for the multiple room types and single room
t
type case should coincide, that is, it should be the case that E,_ = ZRd ifc(1) >
d=0

t. Although this can be shown to be true, it would save relatively few calculations
since the total number of time units in a day, T, is much larger than the total

number of type 1 rooms, C(1). Thus, this approach will not be taken here.
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With all this said, the recursive formula for the optimal expected profit in

the mulitiple room type case is

Ee =K+, By + 2 (Pi(D: (0;+Evsome,, )) forall ¢>~0,t>0

jd)!,c

with boundary conditions

t
E.o =-> K, foranytand
d=0

Eoe = .Z(pj(O)-Trj)— lZ(pj(O)- x;) forany c# 0.

As in chapter five, in order to implement the optimal rule, one must

calculate the m, _'s as the above recursive formula is calculated. From this, the

tc.q
threshold array 1, is found. For any fixed capacity c, consider each t for which

i=m, . <Mm,.,=k. Foralli<j<k, let ;= T-t. With this done, all a hotel

teq t+1.c.q

must do when a customer arrives is check the time threshold array for the current
capacity and customer type. If the time of arrival is later than the threshold time,

the customer is accepted. Otherwise, the customer is turned away.

The time required to find all E, in the multiple room type case will be

much longer than the single room type case. Let C be the total capacity of a

hotel. In the single room type case, there are T-(C+1) different expected values
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to find. In the multiple room type case, defining C'(q) := C(q) + 1, there are

T-C'(1)-C(2)-...-.C'(n) different expected values to find. However, since these
expected values need to be calculated only once, the time required is not very

important to the applicability of the solution (see appendix B).
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CHAPTER SEVEN

CONCLUSION

This paper has considered the problem of finding the optimal acceptance
or rejection rule for a hotel to follow during the course of a day when customers
request a room from the hotel. This optimal rule maximizes the expected profit
the hotel will receive from the time that the customer arrives until the end of the
day. Assumptions made for this analysis were that there are multiple customer
types, there are multiple room types, room types can be downgraded, customer
|
types arrive independently and in no particular order, time progresses in discrete
units in each of which at most one customer can arrive, no time is required to
process a customer’s request, each customer type has an associated profit for
the hotel if the customer is accepted, each customer type has an associated loss
for the hotel if the customer is rejected, reservations are not allowed, and only

requests for single night stays are considered.

The optimal rule is found by following a recursive formula to calculate the
expected profit at all possible combinations of time and capacity, and finding the
minimal customer types accepted for a time and capacity by taking the difference
of two expected values and comparing this difference to the opportunity costs of

the customer types. From these lists of minimal accepted customers, an array of
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threshold times is calculated which defines the actual optimal rule. For any
capacity and customer type, the customer is accepted if and only if the arrival

time is at least the threshold time associated with the customer type and capacity.

A natural extension of these results would be the case of muitiple room
types and reservations. Another avenue to explore would be the case of multiple
night stays. To improve on these results, one might consider the possibility of
customer type arrival being dependent as has been suggested in previous works
(Brumelle et al., 1990, and Weatherford and Bodily, 1982). Also, one might
investigate the consequences of allowing for time to process a customers request
and considering the possibility of a line forming. Finally, a continuous time

approach similar to the one looked at in chapter one might be informative.

Further extensions of this method might be available to a variety of similar
problems. There has been much work done on the problem of maximizing the
profits of airlines using similar structure and assumptions to the problem
presented here (Alstrup et al., 1986, and Brumelle et al., 1990). Also, it has been
suggested that similar problems arise in the entertainment industry and train
transportation (Alstrup et al., 1986, Brumelle et al., 1990, and Weatherford and
Bodily, 1992). It would be interesting to see if the method presented here could

be adapted for use on these and other similar problems.
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APPENDIX A

In the proofs of Lemma 1 and 1.1, it was stated that if the rule which is the
optimal rule for a given capacity and time is applied to the problem at a capacity
of one more of any type room at the same time then the expected profit achieved
by using that rule in either capacity is the same. This may not be clear upon first

inspection, so the following is a proof of this fact.

Lemma A: For any capacity ¢’ and time t, let z, .. be the optimal rule associated

with t' and c¢’. Let f**(c,i)be the expected profit from time t and capacity c given
a type i customer has arrived at time t while using rule z,... Then for any room
type q and customer type |,

F(ci)=f(c'+e, i) forallt>t. (14)
Proof: This will be proved by induction. Fort' =T, there are two cases.

Case i) If there is no room to satisfy the customers request then F.(c',i) = —x;,
i.e., the rule z,. specifies to reject the customer. Thus, 7'« (c'+e,,i) = —x;, SO
F.(ci) = 7= (c'+e,i).

Case ii) If there is a room to satisfy the customers request then F(c',i)=,, i.e.,
the rule z, . specifies to accept the customer. Thus, frve (c'+eq,i) =T, SO

Fr(c\i)=f7"*(c'+e,i). Thus, fort =T, (14) holds for any ¢’ and i.
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Assume (14) is true for some t'+1 < T. Again there are two cases.

Case i) Assume F,(c'i)= -y, +E[F..(c.])]. i.e., the rule z,,. specifies to reject

the customer. Thus, i< (c'+e,.i) = =, +E|[f; (c*+e,])|, but by the induction

hypothesis, F,.,(c',j) = i (c'+e,,j) for all j, so E[F,.,(c".})] = Ej[ff;'f‘ (c+e,, J)] This
gives that (14) holds.

Case ii) Assume F.(c')i)=m, +EJ.[FM(c', j)], i.e., the rule z, . specifies to accept
the customer. Thus, f;'<(c'+e,,i) =, +Ej[fj;'f' (c’+eq,j)] . As was seen in case i),
EJ.[Ft.+1 (c, J)] = Ej[ft.‘:f' (c‘+eq,j)] . Again, this gives that (14) holds. Thus, for any ¢’

and i, (14) holds and so by induction, (14) holds for all t' B
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APPENDIX B

It was mentioned that the time required to execute an algorithm to
calculate the expected profit is irrelevant. In order to support this argument, a
program was written to calculate both the expected profit and the arrays of
minimal accepted customers in the two room type case. When this program was
run for the case with six customer types, twenty-five type one rooms, and ninety-
five type two rooms, the computer did a little under 300,000,000 floating point
operations. This means that if run on a machine that can handle 20,000,000
floating point operations per second, this would take less than fifteen seconds to
run. Thus, if one was willing to invest twelve hours to run this program, a case of

2880 times the magnitude of the case mentioned here could be handled.
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